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1 Introduction

Arobust implicationof ideabasedgrowthmodels is thatmarket integrationboosts productivity growth.
This is true even in the absence of cross-country knowledge spillovers, and when countries have un-
equal innovative capacity, since specialization in innovation vis-a-vis production accelerates techno-
logical change, see Grossman and Helpman (1991a). The surprisingly weak growth performance of
advanced economies in the aftermath of market integration with emerging markets since the 1990s
appears at odds with models of endogenous technological change. In this paper I develop a semi-
endogenous growthmodel consistent with the growth performance of both advanced economies and
emerging markets after a major globalization shock, which revisits the relationship between market
integration and growth.

The novel feature of mymodel is to embed a technology adoption friction into an otherwise stan-
dard semi-endogenous growth model. The key assumption throughout is that both the invention of
new ideas and the adoption of existing ones require the same scare factor, skilled labor. This creates
a tradeoff between adopting technology vis-a-vis pushing out the technological frontier. This tension
becomes particularly acute during an episode of market integration between advanced economies
and emergingmarkets. In the integrated equilibrium, emergingmarkets adopt advanced economies’
technology. To the extent that there is some patent protection, technology adoption abroad raises
the returns to innovation and induces a reallocation of skilled labor from adoption toward innova-
tion within advanced economies. Since aggregate growth depends on both the technological frontier
and the degree of technology adoption, positive innovation effects can be entirely undone by weak
technology adoption explaining uneven and sluggish growth in advanced economies as emerging
markets join the world economy. Formalizing and exploring this mechanism bymeans of a tractable
general equilibriummodel is the main contribution of the paper.

My analysis proceeds in three steps. In the first step, I develop a closed economy version of
the model. I build on Romer (1990)’s two-sector idea-based growth model where firms in the re-
search sector invent new technology using skilled labor. Firms in the production sector combine
idea-embodying capital goods with production labor to produce goods. My key departure is to intro-
duce a technology adoption friction in the production sector whereby adopting new capital goods at
the firm level is a costly and skill-intensive activity giving rise to an endogenous technology adoption
gap.

The allocation of skilled labor across the two activities is generically inefficient. In addition to
the standard externalities associated with innovation, technology adoption features a spillover as en-
tering firms learn from incumbents’ technology adoption choices.1 Two countervailing forces give
rise to a unique balanced growth path characterized by constants shares of skilled labor devoted to

1I will argue in detail that such a learning spillover is a necessary ingredient to generate a balanced growth path where
productivity growth is partly driven by incumbent firms’ technology adoption.
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innovation and adoption, a constant technology adoption gap, and an ever-expanding technological
frontier. First, the model features a complementarity between adoption and innovation on the mar-
ket for ideas as they become profitable only after they are adopted. Higher adoption effort in the
production sector thus pushes up the net present value of developing an idea. At the same time, by
virtue of modeling both innovation and adoption as skill-intensive activities, a factor market rivalry
arises as innovators and adopters compete for the same scarce resource, skilled labor.

In the second step, I generalize the model to a multi-country version to study economic growth
in an integrated world. Building on Nelson and Phelps (1966), the technology adoption margin gives
rise to a stationary cross-country income distribution. All countries grow at the same rate in the
long-run and countries with greater research productivity, a larger population, or a relatively higher
skilled labor share contribute more to the technological frontier. Even so, a country’s productivity
is unrelated to its size since small countries adopt technology invented elsewhere. There is no size
advantage in adoption, and the skilled labor share is the key determinant of a country’s position on the
global income distribution.2Frictionless trade in undifferentiated final goods takes place whenever
firms in a country adopt technology invented elsewhere to compensate the owner of technology.

In the third step, I quantify the effect of a market integration shock on growth.3 I draw a sharp
distinctionbetweenmarket integration amongst similar countries, like the formationof theEuropean
Commonmarket in the second half of the 20th century, and asymmetric market integration between
emerging markets and advanced economies, which I also refer to as “East” and “West”. Symmetric
integration has no adverse effects on adoption and delivers the standard gains from integration. The
reason is that foreign adoption, which raises the incentive to innovate, and foreign innovation, which
reduces it, exactly cancel.4

This contrasts with the East-West scenario, which I view as the distinct feature of the 1990s/2000s.
I consider a thought experiment where each economy is on a balanced growth path, and an unan-
ticipated liberalization moves each country from autarky to free trade in final goods and technology,
which is meant to capture the fall of the Iron Curtain between advanced European economies and
Eastern Europe, and China’s ascension to the World Trade Organization in 2001. To discipline the
quantitative exercise I combine cross-country data supplemented with micro data from Germany,
which serves as a useful case study.5

The model generates a sizable increase in employment of skilled labor in the research sector and
2A model of this type suggest a negative link between the skill premium and GDP per capita. The link between the relative

supply of skilled labor and the skill premium across countries is rather weak, see Caselli and Coleman (2006). I will address
later how the model can be reconciled with this observation.

3As in Jones (1995) the long-run growth rate is a function of exogenous population growth, hence all growth effects induced
by market integration are transitional.

4The result is reminiscent of Krugman (1980) and Eaton and Kortum (2001) where the equilibrium measure of firms or
research effort is unrelated to trade costs

5The German economy is a major producer of technology, and underwent a sudden globalization shock after the fall of the
Iron Curtain. The focus on Europe is due to data availability and a relatively clean shock, but the mechanism and implications
carry over the relationship between the USA and China in the early 2000s.
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patenting activity, consistent with the data. This drives up the skill premium by 25%, which leads
production sector firms to cut down on skilled labor for adoption purposes, ultimately widening the
technology adoption gap in theWest by 20%. The calibration predicts a cumulative drop in real wages
of production workers of 13%, relative to the counterfactual balanced growth path in autarky. While
skilled labor gains in real terms, after aggregating up worker incomes within advanced economies,
I arrive at a cumulative growth drag of about 9% for the aggregate wage bill. The impact of GDP per
capita is around minus 5%, and the differences is accounted for by the role of asset accumulation
and royalties earned abroad. High innovative activity, and an increase in the valuation of technology
coincideswith sluggishper capita growth as the economy transitions fromone steady state to another.
Even though productivity growth is tied to the evolution of the technological frontier in the long run,
technology adoption dynamics are divorced from frontier growth along this transition path.

It is worth noting that in no way is a growth slowdown hard-wired into the model. The effect of
asymmetric market integration on growth depends on whether the autarky allocation was charac-
terized by an inefficiently low degree of technology adoption, a point emphasized in Perla, Tonetti,
and Waugh (2021). Only if there is a misallocation of resources to begin with, which is then ampli-
fied in the open economy, will a temporary growth slowdown become possible. I show in detail how
the results depend on the externalities in innovation and technology adoption, and the overall gains
from trade. Loosely speaking, if ideas are harder to find (Bloom et al., 2020), and there are learning
externalities in adoption, an inefficient autarky allocation becomes a distinct possibility.6 This inef-
ficiency is amplified when integrating with a foreign economy that adopts technology aggressively
but contributes little frontier technology themselves. A corollary of this is that full convergence of
the East in terms of skill endowment and innovative capacity would restore the powerful pro-growth
effects of market integration, and simultaneously reduce the skill bias in the West.

Lastly, I provide suggestive evidence in favor of the key mechanism, and address related issues
such as skill biased technological change, automation, and alternative explanations for the growth
slowdown. Models of skill-biased technological change and automation are hard to reconcilewith the
growth slowdown, and the endogenous growth literature has almost exclusively focused on frontier
innovation. Little attention has been paid to the role of technology adoption in a globalized world,7

which offers a simple explanation for a broad set of facts.
Relationship to the literature. I build on the literature on endogenous growth (Romer, 1990; Gross-
man and Helpman, 1991b; Aghion and Howitt, 1990), and incorporate a technology adoption margin
into Jones (1995). A large literature uses variants of these models to study the aggregate productivity

6I derive a sufficient statistic for the long-run impact of integration on wages similar to Arkolakis, Costinot, and Rodríguez-
Clare (2012). This statistic is extremely sensitive to how the dynamic knowledge externality is parameterized and how impor-
tant technology adoption is.

7Jovanovic (1997) argues that costs of technology adoption as a share of GDP exceed costs associated with innovation by an
order of magnitude.
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slowdown,8 focusing on falling population growth and declining business dynamics as drivers.9 Rel-
ative to this literature, I focus on the distinction between innovation and technology adoption in the
context of an asymmetric globalization shock.10

Second, a large literature studies the role of technology adoption for cross-country income dif-
ferences, see Parente and Prescott (1994), Lucas (2009a), Comin and Hobijn (2010a), or Comin and
Mestieri (2014). Barro andMartin (1997) and Acemoglu, Aghion, and Zilibotti (2006) study developing
economies’ choice between adoption and innovation.

A small number of papers has modeled innovation and adoption jointly. Konig et al. (2021), build-
ing on König, Lorenz, and Zilibotti (2016), as well as Benhabib, Perla, and Tonetti (2021), Hopenhayn
and Shi (2020), and Sampson (2023) develop heterogeneous firm models where high productivity
firms innovate, while laggard firms imitate high productivity firms. Comin and Gertler (2006) and
Anzoategui et al. (2019) model innovation and adoption jointly over the business cycle. The comple-
mentarity between innovation and adoption on the market for ideas is related to but distinct from
Comin and Hobijn (2007), which focuses on initial implementation of new technologies, as well as
Benhabib, Perla, and Tonetti (2021)’s case of licensing agreements, following Hopenhayn and Shi
(2020). Relative to these works, I draw out an innovation-adoption tradeoff embedded in an other-
wise standard semi-endogenous growth model with realistic scale effects.

Third, I relate to the large literature on trade and growth. Rivera-Batiz and Romer (1991) high-
light the strong pro-growth effect of market integration. Eaton and Kortum (1999) develop a model
of global growth with exogenous diffusion of ideas. Sampson (2016) and Perla, Tonetti, and Waugh
(2021) highlight the role of learning and firm heterogeneity in Melitzian settings. Buera and Ober-
field (2020) model the global diffusion of ideas, while I focus on forward-looking adoption choices.
Relative to the large quantitatively focused trade literature,11 I keep the model simple to draw out the
special role of technology adoption in the presence of an asymmetric market integration shock.

The rest of the paper proceeds as follows: Section 2 presents a model of innovation and adoption.
Section 3 introduces the open economy version. Section 4 quantifies themodel and studies transition

8The productivity slowdown is a robust feature of the data, although its onset differs somewhat across countries. Fernald
(2015) and Cette, Fernald, and Mojon (2016) point out that this slowdown started before the financial crisis.

9See Peters andWalsh (2021), Jones (2020), Engbom et al. (2019), andHopenhayn, Neira, and Singhania (2018) onworks that
highlight the role of population growth on productivity and business dynamics. An alternative explanation for the productivity
slowdown focuses on firm dynamics and biased technology shocks, see De Ridder (2019), Olmstead-Rumsey (2019), Rempel
(2021), Akcigit and Ates (2019), and Aghion et al. (2019), all of which are building on Klette and Kortum (2004). Incorporating
an endogenous technology adoption margin along the lines proposed here should be complementary to the overall agenda in
this subfield.

10The theory shares some predictions withmodels of directed technological change (Acemoglu, 2002; Acemoglu, 2003; Ace-
moglu, Gancia, and Zilibotti, 2015), models of appropriate technology (Atkinson and Stiglitz, 1969; Basu and Weil, 1998; Ace-
moglu and Zilibotti, 2001; Caselli and Coleman, 2006), and models of technological revolutions (Greenwood and Yorukoglu,
1997; Caselli, 1999).

11The steady state of themodel in principal allows for additional sources of differentiation, richer trade costs, and technology
frictions as in Arkolakis et al. (2018). What complicates the analysis are forward-looking innovation and adoption choices off
the steady state. For more quantitatively focused work on the link between trade and growth see Lind and Ramondo (2022),
Cai, Li, and Santacreu (2022), and Somale (2021) building on Eaton and Kortum (1999).
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dynamics. Lastly, I discuss empirical evidence consistent with the key mechanism and conclude.

2 Closed Economy

2.1 Environment

I outline the economic environment next, which is cast in continuous time. All derivations and proofs
are deferred to the appendix.
Households. Arepresentativehousehold supplies their labor inelastically, which leads to aneconomy
wide endowment of L units of production labor and H units of high skilled labor. The household’s
labor endowment grows at rate gH = gL ≥ 0. Factors earn income at wage rates wL,t and wH,t, and
the skill premium is defined as st := wH,t

wL,t
. The household solves a consumption-saving problem

U = max
{ct,Bt}t≥0

∫∞
0
e−(ρ−gL)t log ct dt

s.t.
Ḃt = rtBt + wH,tHt + wL,tLt − Ct,

(1)

with theusual transversality condition inplace. Total assets in the economyaredenotedbyB. Changes
in total assets Ḃ represent net savings while r is the return on assets. Per capita consumption growth
follows from the solution to (1) and reads ċc = rt − ρ.
Production Sector. A competitive final goods producer combines differentiated intermediate goods
using a Benassy (1996)-CES aggregator

Yt =M−δY
t

(∫
y

σ−1
σ

i,t di

) σ
σ−1

, (2)

where M is the measure of intermediate goods and δY = 1
σ−1 .

12 Final output, which serves as the
numeraire, can be consumed or turned into an investment good

Yt = Ct + It, (3)

where Ct is aggregate consumption. Physical capital depreciates at rate δk

K̇ = It − δkKt. (4)

Monopolistically competitive infinitesimal firms i ∈ ΩMt
produce differentiated intermediate

12This assumption ensures that there are no scale effects in the production sector. An alternative setup building on Hopen-
hayn (1992) is presented in the appendix where no such assumption is needed tomaintain a production sector that is constant-
returns-to-scale. The payoff here is that the constant-returns-to-scale production function on the firm level makes the exposi-
tion easier.
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goods using capital goods xij,t ∈ ΩAi,t and production labor li,t according to

yi,t =

(∫
j∈ΩAi,t

(xij,t
α

)α
dj

)(
li,t

1− α

)1−α

. (5)

Production labor is rented at rate wL,t, and differentiated capital goods are rented at rate pxj,t = px,t

since capital goods are assumed to be symmetric. This leads to a simple static cost minimization
problem where the firm takes as given the set ΩAi,t

and factor prices to minimize production cost
given (5). A solution to this problem requires the firm to spread its capital expenditure evenly across
different capital goods

px,txij,t =
px,tXi,t

Ai,t
, (6)

where Ai,t ∈ R+ is the measure of set ΩAi,t
and Xi,t =

∫
xij,tdj. Inserting this back into (5) delivers

the marginal cost of production mci,t = (px,t)
α
(
wL,t

Ai,t

)(1−α)
where Ai,t can be interpreted as firm

productivity. Moreover, given iso-elastic demand for intermediate goods from (2) and monopolistic
competition,13 a constant markup over marginal cost applies pi,t = σ

σ−1mci,t. Firm operating profits,
which are the difference between sales relative to production cost excluding overhead adoption costs,
follow

πoi,t =
Yi,t
σ

(
σ

σ − 1
pαx,tw

1−α
L,t

)1−σ

A
(1−α)(σ−1)
i,t . (7)

Technology adoption in this model is equivalent tomaking new capital goods available to the firm
in the production sector, i.e., expanding the set ΩAi,t

. Relative to the set ΩAF,t , the superset ΩAF,t con-
tains all existing capital goods including recent inventions not adopted yet, and the associated mea-
sureAF,t can be interpreted as the technological frontier. Following Nelson and Phelps (1966), I make
two crucial assumptions. First, technology adoption requires skilled labor. Second, technology adop-
tion features an “advantage of backwardness”. Equation (8) formalizes these concepts

Ȧi,t = νA1−θ
F,t A

θ
i,th

β
i,t − δIAi,t, (8)

where hi,t is the amount of skilled labor hired by firm i for adoption purposes, 1− θ ∈ (0,∞) governs
the advantage of backwardness, and the parameter β ∈ (0, 1) induces diminishing returns to technol-
ogy adoption at a point in time. A random Poisson death shock δI ≥ 0 hits capital goods, and ν > 0 is

13Since technology adoption is costly andfirmsproduce according to a constant-returns-to-scale technology, I have to deviate
from the benchmark competitive production sector. This is, of course, the same argument put forth in Schumpeter (1942)
and Romer (1990) as to why constant-returns-to-scale competitive economies are not consistent with theories of endogenous
growth.
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a constant assumed to be sufficiently small to avoid a corner solution at Ai,t = AF,t.14

I close the production sector by assuming free entry after paying a fixed cost fE in terms of pro-
duction labor ∫

Vt (A) dFt (A|E) ≤ fEwL,t, (9)

where Vt (A) is the value of a production sector firm of productivity A. The expected present dis-
counted value of entry must not exceed the cost of entry, where dFt (A|E) is the conditional probabil-
ity distribution over productivity levels of entering firm. I assume that the distributionFt (A|E) is tied
to the incumbent distribution Ft (A)modeled as a linear function of average incumbent productivity

AE = λE

∫
AdFt (A)

where λE ∈ (0, 1].15 Because incumbents are not compensated for this knowledge spillover, their
equilibrium adoption effort may be too low, which is an issue I will return to. This contrasts with
the standard heterogenous firm model of Hopenhayn (1992) or Melitz (2003) where the distribution
dFt (A|E) is exogenous and fixed. Note that in any growth model where private firms’ technology
adoption is a key ingredient of long-run growth, a learning spillover from incumbents to entrants is a
necessary feature of the environment whenever there is positive firm entry. To see why, imagine that
incumbents improve their productivity at a constant rate by adopting new technology, but entrants
enter at some fixed productivity level. In that scenario the firm size distribution would be ever di-
verging. To obtain a stable firm size distribution, a spillover from entrants to incumbents is needed,
which relates to the recent idea flow literature, especially Luttmer (2007).16

Assumption 1. Let λE = 1.

After imposing this strong knowledge spillover similar to Sampson (2016) or Perla and Tonetti
(2014), the setup collapses conveniently to a homogenous firm model allowing me to drop all i sub-
scripts.17 Since entrants are, on average, as productive as incumbents, and technology adoption in (8)
has no exogenous firm-specific parameters, the only fixed point is one where firms make identical
choices.
Research Sector. Following Romer (1990), innovators produce a flow 1

fR,t
AϕF,t of new ideas with one

14An alternative is to use the original Nelson-Phelps specification Ȧi,t = (AF,t −Ai,t) g (hi,t) for somemonotone function
g, which does not change any qualitative insights of the model but ensures that no matter howmuch skilled labor is used, the
firm never chooses a corner solution. My specification has an additional degree of freedom in θ which allows me to match
the speed of convergence across countries. See Lucas (1993), Parente and Prescott (1994), and Sampson (2023) for similar
formulations of technology adoption.

15Alternatively, one could also use the shifted distribution Ft (A|E) = Ft

(
A
λE

)
where for λE and some lower bound AE,t a

non-degenerate distribution emerges.
16See also Jovanovic and Rob (1989) and Lucas (2009b) for seminal works.
17Even for the case of λE = 1, however, the model is flexible enough to entertain the limiting case of efficient technology

adoption. Since the extent of the spillover is directly related to the amount of entry by new firms, shutting down entry by
changing exogenous parameters like death shocks or population growth will rid the model of the adoption externality.
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unit of skilled labor, where fR is a fixed entry cost, AϕF represents a knowledge spillover with ϕ ∈
(−∞, 1) governing the strength of the spillover as in Jones (1995). Moreover, ideas die at Poisson rate
δI, which leads to the following law of motion of the technological frontier

ȦF,t =
1

fR,t
AϕF,tHF,t − δIAF,t, (10)

whereHF denotes the total amount of skilled labor devoted to innovation. The technological frontier

AF comprises all existing ideas, adopted or not, which are symmetric. The fixed cost fR,t =
(

HF,t
Lt

)1−λ

γ

depends on exogenous research productivity γ, and a congestion externality
(
HF,t
Lt

)1−λ
parameter-

ized by λ ∈ (0, 1]. For λ < 1, innovation becomes harder as the share of labor devoted to innovation
increases.18 After invention, innovators hold on to an infinitely lived patent,19 and rent out differen-
tiated capital goods to intermediate goods producers. I follow Romer (1990) and assume that manu-
facturers of differentiated varieties rent physical capital from households and combine it with their
unique patent to finally rent out differentiated capital goods to production sector firms at price px,t.

To pin down the present discounted value of an innovation, forward-looking innovators take into
account that their ideas become profitable only after they are adopted, which takes time and is the
main difference to Romer (1990). This featurewill generate a feedback between innovation and adop-
tion. For simplicity, I assume that ideas are adopted according to when they were invented, and older
ideas are adopted first.20 This imposes a natural ordering of idea adoption, which leads to a tractable
expression of the waiting time τt ∈ R+ for an idea to be adopted. The waiting time is key as it will
impact the present discounted value of an innovation: if it took forever for an idea to be adopted, the
value of innovation would be zero.

2.2 Solving themodel

I assumemonopolistic competition in both the production sector and the research sector. I first solve
the dynamic problem of firms in the production sector, taking the evolution of the frontier as given. I
then turn attention to the research sector and solve for the evolution of the technological frontier tak-
ing technology adoption choices as given. An equilibrium is defined as a fixed point where forward-
looking profitmaximizing choices in each sector are consistent, andmarkets clear. Additional details
and derivations are deferred to the appendix.
ProductionSector. Firms in the production sector face a dynamic tradeoffbetween the cost of skilled

18The congestion force is slightly different from the one in Jones (1995) where fR,t =
(HF,t)

1−λ

γ
represents the possibility

of useless duplication, i.e., two researchers coming up with the same idea at the same time. The sort of congestion I have in
mind here is better thought of as a reduced form way of taking account of heterogeneity in research talent as in Phelps (1966).
The specification is chosen with an eye toward the open economy, and delivers a well-behaved open economy equilibrium.

19Although note that there are Poisson death shocks so most patents vanish eventually.
20All ideas, already adopted or waiting to be adopted, are subject to the death shocks, which retains tractability.

8



labor today, and the future benefit of adopting technology, which can be formalized using an HJB
equation. When using the HJB equation, it is convenient to to use a normalized level of technology
relative to the technological frontier zt := At

AF,t
, and normalize the firm value function V by the wage

wL,t, i.e., vt := Vt(zt)
wL,t

. This equivalent but potentially stationary dynamic program reads

vt (rt − gwL,t + δX) = max
ht

π0
t (z)
wL,t

− stht + żt∂zv + v̇

s.t.
żt = νzθt h

β
t − (gF,t + δI) zt,

(11)

where gwL
, π

0
t (z)
wL

, ∂zv, v̇, gF represent production wage growth, normalized profits, partial derivative
of the value function with respect to z, time derivative, and growth rate of frontier technology. I now
drop time subscripts for readability. An interior solution of (11) satisfies the first order condition

[
βζzθ∂zv

s

] 1
1−β

= h, (12)

where the skill premiumappears as the key relative price associatedwith the cost of technology adop-
tionwhile the term βζzθi ∂zv captures themarginal benefit. Totally differentiating (12) in combination
with an envelope condition delivers a differential equation governing technology adoption

ḣ

h
=

1

1− β

{
rt − gwL

+ δX + (1− θ) (gF + δI)−
ṡ

s
− βhβ−1νzθ

s

[
πo

wL

(1− α) (σ − 1)

z

]}
, (13)

which summarizes the tradeoff for a firm in the production sector: the left hand side represents an
effective discounting term consisting of interest rate, wage growth, and death shocks, and a less stan-
dard term accounting for the advantage of backwardness (1− θ) (gF + δI). Intuitively, if the advan-
tage of backwardness is strong, delaying investment in technology adoption is beneficial inducing
a higher effective discount factor. Similarly, if there is an anticipated increase in the relative price
of skilled labor ṡ

s , investing in technology adoption is especially advantageous today relative to to-
morrow, pushing down the effective discount factor. The term βhβ−1

i νzθi
s

[
πo
i

w
(1−α)(σ−1)

zi

]
captures the

net present discounted value of an extra unit of skilled labor, which depends on the elasticity of firm
profits with respect to relative productivity, ∂π

o

∂z = πo (1−α)(σ−1)
z , as well as the marginal effect of an

increase in skilled labor on adoption, βhβ−1
i νzθi .

Given assumption 1, the value function admits a closed form solution on and off the balanced
growth path whenever the entry condition is binding

v =
πo

wL
− sh

r − gwL
+ δX

. (14)

Lastly, imposing free entry v ≤ fE pins down entry into the production sector.
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Research Sector. As in Romer (1990), the owner of intellectual property applies a constant markup
to the cost of supplying a unit of the differentiated capital good,21 which equals the rental rate plus
capital depreciation r+ δk, leading to px = 1

α (r + δk). For adopted technology, this leads to a royalty
πI, which, after some simplification and applying the pricing rule px = r+δk

α , read πI = αLPwL

A . The
present discounted value of an innovation thus follows as

VI =
∫∞
t+τt

exp
(
−
∫ u
t
(rv + δI) dv

)
πI (u) du, (15)

where the discount factor, r + δI, runs from t onward although profits accrue only form t + τ with τ
referring to the waiting time until an idea is adopted.

The equilibrium amount of skilled labor devoted to innovationHF is pinned down by a free entry
condition

VI ≤ fRwH

Aϕ
F

. (16)

Whenever the free entry condition in (16) is binding, a closed-form solution for the value of an inno-
vation at time of entry obtains. Differentiating both (16) and (15) with respect to time and combining
them yields

VI =
exp

(
−
∫ t+τ
t

(rv + δI) dv
)
πI,t+τ · [1 + τ̇t]

r − gwL
+ δI − gs − (1− λ) (gHF − gL) + ϕgF

, (17)

where a standard discount factor 1

r+δI−gw−gs−(1−λ)(gHF−gL)+ϕgF
accounts for firm death, time dis-

counting, and appreciation of the value of an innovation implied by free entry into the research sec-
tor. Non-standard is the term exp

(
−
∫ t+τ
t

(rv + δI) dv
)
πI,t+τ · [1 + τ̇t], which accounts for the fact

that profits πI,t+τ arrive with a delay, and the delay itself could change over time τ̇t. An increase in
the waiting time necessitates higher firm profits to respect the break-even condition implied by free
entry.

It is clear from the previous results that innovation depends on adoption through the endoge-
nous waiting time τ , which an innovator needs to forecast to decide whether they should enter the
research sector. The assumption that ideas are adopted according to when they were invented22 in-

21In this model the capital share and themarkup are tied together. One could easily change this bymodeling the production
function of intermediate goods firms using a double-nest with two different elasticities, see Jones and Williams (2000). This
changes the increasing returns on the firm level, and would require different parameters values for λ and ϕ to match the same
long-run TFP series in the data.

22Simply put, innovators wait in line till they are up. And they are up when all innovators that invented before them are
either adopted or disappeared due to the death shock. Implicit in this model is that all firms in the production sector adopt
technology in the same order. A version with stochastic adoption would break this result, which I sketch out in the appendix,
and similarly, in the heterogeneous firm version different technology would arrive in different firms at the same point in time.
I emphasize that whether the adoption is deterministic or stochastic is not central for any of the results in the paper. Since
markets are complete, idiosyncratic risk washes out in the aggregate. What matters for the keymechanism in the paper is that
the average waiting time is a function of adoption effort in the production sector.
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duces a simple law of motion for the waiting time that makes this forecasting problem tractable. For-
mally, define the measure of ideas which stands between the adoption of some cohort t’s innovation
W (t, t) := AF − A, where the first argument refers to the time when cohort t paid the fixed cost to
innovate. The calendar time of adoption for inventor cohort t is, by definition, t+ τt. First, note that
while new ideas may be invented, they will only be adopted after cohort t and are thus irrelevant for
cohort t’s waiting time τt. What matters for cohort t is how quickly the measureW melts away over
time, which depends on two factors: first, ideas die at rate δI, so a flowWδIdt is disappearing every
instant. Second, a flowAt (gA + δI) dt is adopted every instant with gA := Ȧ

A being the net growth rate
of ideas on the firm level.23 The reduction inW over time thus obeys the differential equation

Ẇ = −δIW −A (gA + δI) . (18)

By definition, after waiting for τ years the waiting time is zero, i.e.,W (t, t+ τt) = 0, so τt is implicitly
defined by an initial condition W (t, t) = AF,t − At, a terminal condition W (t, t+ τt) = 0, and a
trajectory of A that depends on technology adoption. The setup leads to a simple solution for τ .

Proposition 1. The endogenous waiting time τt, on and off the balanced growth path, reads

τt = −
log zt∫ t+τt

t
gA(x)dx

τt
+ δI

. (19)

To study a balanced growth path later on, I introduce the normalized variables vI := VI
Aϕ
F wL

, aF :=

A1−ϕ
F
L ,LP

L := lP, hF := HF
L . The normalized value of an innovation simplifies to

vI =
exp

(
−
∫ t+τ
t

(rv + δI + gA − gw − gL) dv
)

rt − gw − gs + δI − (1− λ) (gHF − gL) + ϕgF

αlP,t+τ
zaF

· [1 + τ̇t] (20)

and vI =
sh1−λ

F
γ whenever there is positive entry. The term αlP,t+τ

zaF
captures amarket size effect where a

larger production sector lP,t+τ raises profits, whilemore competition by other innovators (zaF) lowers
them.

Normalized laws of motion for firm creation in the research and production sector read

ȧF = (1− ϕ)
{
γhλF − aF

[
δI +

1

1− ϕ
gL

]}
, (21)

ṁ =
lE
fE
− (gL + δX)m, (22)

23Note that in order to achieve net variety growth gA the intermediate goods firm needs to adoptAt (gA + δI) dt varieties to
make up for the loss of ideas due to the random death shock. A production firmwill never drop ideas on purpose so a negative
growth rate is bounded by−δI when there is zero adoption.
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withm := M
L , and lE := LE

L .
Market clearing. Normalized market clearing conditions are defined as

K = X

Y = C + I

1 = lE + lP

htot = hF + hD,

where hD := HD
L and htot := H

L . I next study the balanced growth path of the decentralized solution in
autarky.

2.3 Balanced Growth Path

EquilibriumDefinition, Existence, andUniqueness. The concept of a balanced growth path is very
similar to Jones (1995). The main difference is that equilibrium in the production sector gives rise to
a constant technology adoption gap, defined as Γ := − log z.

Proposition 2. Along a balanced growth path wages, per capita consumption, productivity, and the tech-
nological frontier grow at rate gA = gwL

= gwH
= gF = 1

1−ϕgL, while population grows at exogenous
rate gL = gH ≥ 0. The endogenous variables z, s, aF,m, lE, lP, h, hD, hF are constant and the interest rate
equals r = ρ+ gF.

With the exception of pathological corner solutions,24 equilibrium is unique, if it exists.

Assumption 2. Existence requires the following inequality to hold

ρ+ δX + (1− θ) (gF + δI) > β (gF + δI) (1− α) (σ − 1) .

This assumption ensures that the benefit of adoption is sufficiently small so that firms’ net profits
πo

wL
− sh are positive. If, instead, varieties were too substitutable (σ →∞), firms will want to upgrade

their technology to capture the entiremarket. Spending on adoption would be so large that no profits
were left to cover the cost of entry, and the equilibrium would unravel.

In a stationary equilibrium I have ż = 0 which implies z =
(
νhβ

gF+δI

) 1
1−θ . Together with (13) and

ḣ = 0, the equilibrium demand of skilled labor of a firm in the production sector becomes a simple
function of the skill premium and operating profits

h =
1

s

β (1− α) (σ − 1) (gF + δI)

ρ+ δX + (1− θ) (gF + δI)

πo

wL
. (23)

24Zero innovation and zero adoption effort would constitute such a case.
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Using the free entry condition, one can show that the flowprofits are a function of exogenous parame-
ters, and I can simply write h = 1

sΛh whereΛh picks up constant parameters.
25 Note that the number

of skilled workers per firm in the production sector is constant and rising demand for skilled labor
devoted to technology adoption stems from the extensivemargin in the case of a growing population.

The equilibrium adoption gap is pinned down by h using ż = 0

z =

(
ν
(
1
sΛh

)β
gF + δI

) 1
1−θ

,

which establishes an immediate link between the skill premium and technology adoption, which is
the key result in the paper on which all other implications hinge.

Proposition 3. An increase in the skill premium, ceteris paribus, leads to an increase in the technology
adoption gap

−∂ log z
∂ log s

=
β

1− θ
.

The endogenous response of the equilibrium adoption gap to a change in the skill premium seems
both obvious and intuitive, yet has received little attention in the literature.26 Note that the solution
h = 1

sΛh, togetherwith free entry,
27 pinsdown thenormalizedmeasureoffirmsm = 1

fE((ρ+δX)(1−α)(σ−1)Λπ+δX+gL)

where Λπ =
(
1− β(1−α)(σ−1)(gF+δI)

ρ+δX+(1−θ)(gF+δI)

)−1

is a constant. Using this, I can derive aggregate normalized
demand for skilled labor devoted to adoption follows, hD := HD

L = m · h, which is downward-sloping
in the skill premium.28

Having understood how equilibrium adoption is pinned down along the balanced growth path, I
zoom in on the complementarity between innovation and adoption on the market for ideas. The two

25Combining (23) with the free entry condition, fE =
πo

wL
−sh

ρ+δX
, and using r = ρ + gw, delivers the equilibrium de-

mand for skilled labor on the firm level as a function of exogenous parameters and the skill premium h = 1
s
Λh where

Λh =
β(1−α)(σ−1)(gF+δI)
ρ+δX+(1−θ)(gF+δI)

fE (ρ+ δX) Λπ with Λπ =
(
1− β(1−α)(σ−1)(gF+δI)

ρ+δX+(1−θ)(gF+δI)

)−1
being the factor by which the operating

profits need to exceed the flow cost of entry to make up for the cost of technology adoption.
26Cummins and Violante (2002) is an important exception, which documents a widening gap between frontier technology

and average technology level. I provide a micro-founded model of technology adoption where the skill premium pins down
the technology adoption gap, consistent with the findings in their paper.

27Note Y σ−1
σ

(1− α) = wLLP due to Cobb-Douglas production, and πo = Y
M

1
σ
, implies πo

wL
= lP

m
1

(1−α)(σ−1)
. Using this

together with free entry fE (ρ+ δX) = πo

wL
− sh, the law of motion of firm creation ṁ = lE

mfE
− (δX + gL) = 0 in the steady

state, and lP = 1− lE, delivers the result.
28The size of the fixed cost of entering the production sector impacts technology adoption since hi is proportional to firm

profits. However, hD, i.e., aggregate normalized demand for skilled labor in the production sector is unrelated to fE. One could
break the link between z and fE by assuming that the parameter ν is proportional to the fixed cost ν = ν0 · f−β

E . The solution
to the share of operating profits devoted to skilled labor remains unchanged, but the fixed cost will not show up in the adoption
gap anymore. A richer model where technology adoption costs are proportional to the size of the firm, measured in workers
or revenue, may be desirable. In such a model, the firm’s static optimality conditions turn into dynamic ones as hiring more
workers would reduce the effectiveness of technology adoption, complicating the setup substantially.
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are tied together through the endogenous waiting time τ , which simply equals − log z
gA+δI

along a bal-
anced growth path following from proposition 1. Substituting out τ when computing the normalized
present discounted value of an innovation from (20) leads to

vI =
1

ρ+ ϕgF + δI

αlP
aF

z
ρ̃

gA+δI (24)

where I use an effective discount factor ρ̃ = ρ− gL. The value of an innovation in (24) makes explicit
the dependence on technology adoption. When there is no adoption (z → 0), the value of an innova-
tion is zero. As ideas are adopted more quickly, the value of innovation increases, and when z → 1

the expression effectively nests the present discounted value in Romer (1990). In a free entry equilib-
rium, and holding everything else fixed, increasing technology adoption leads to rising innovation.
To see this, combine equation (24) with the free entry condition, and the resource constraint for ȧF
to obtain equilibrium demand for skilled labor from the research sector29

hF =
1

s

gF + δI
ρ̃+ gF + δI

αlPz
ρ̃

gA+δI . (25)

Both the positive effect of adoption on innovation, and the negative effect of the relative cost of skilled
workers on innovation, appear in (25). Thenext proposition formalizes the complementarity between
adoption and innovation.

Proposition4. An increase in technology adoption increase themeasure of frontier technology by a constant
elasticity

−∂ logAF

∂ log z
=

λ

1− ϕ
ρ̃

gF + δI
.

The term ρ̃
gF+δI

characterizes the passthrough from adoption to profits, while the term λ
1−ϕ char-

acterizes the passthrough from profits to innovation, which depends on the entry technology in (10).
Both proposition 3 and 4 are partial equilibrium results, and it remains to be seen how they shake out
in general equilibrium.

Imposing market clearing for skilled labor

hF + hD = htot,

and using (23) and (25) leads to an intuitive expression that highlights the role of the skill premium
and technology adoption in balancing the private gains of innovation and adoption across firms and

29Since ȧF = 0 along a balanced growth path, the resource constraint implies γhλ
F

gF+δI
= aF. Inserting this into the free entry

condition, vI =
sh1−λ

F
γ

, yields normalized demand for skilled labor in the research sector.
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sectors
1

s
z
− ρ̃

gA+δI ΛF +
1

s
ΛD = htot, (26)

where ΛF and ΛD only depend on parameters which are constant along a balanced growth path.30 A
simple plot in figure 1 illustrates their interactions. Both adoption activity and innovation activity are
downward sloping in the skill premium. While aggregate labor supply is fixed, it is upward sloping
for each sector individually and equilibrium is reached when the relative price of skill clears both
markets.31

Figure 1. Market Clearing for Skilled Labor

Innovation (hF )

s

sss

Labor supply
Labor supply

Demand

Adoption (hD)

s

Given a solution for the skill premium, the relative share of labor devoted to adoption vis-a-vis
innovation in the decentralized allocation reads

hD
hF

=
β

1− θ
1

α

[
ρ̃

gF + δI
+ 1

]
z
− ρ̃

gA+δI

1 + ρ+δX
(gF+δI)(1−θ)

. (27)

Two aspects of (27) are noteworthy. First, the allocation is unrelated to research productivity γ. Con-
sequently, neither the allocation of skilled labor across sectors nor the skill premium respond to
changes in research productivity in the long run. Second, note that a negative shock to the relative
supply of skilled labor would reduce both innovation and adoption activity, but the effect on the re-
search sector would be larger due to second round effects: an increase in s first makes the key input,

30Throughout the paper I focus on equilibria where htot is sufficiently scarce so that s > 1.
31Note that (26) is a non-linear equation because z itself is a function of s, which is the only aspect of the closed-economy

model requiring a numerical solution.
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skilled labor, more expensive and reduces both activities. Furthermore, a widening technology adop-
tion gap erodes innovators’ profits amplifying the negative effects on innovation. Vice versa, an ex-
pansion in skilled labor will simultaneously reduce the technology adoption gap, and boost the share
of skilled labor devoted to innovation.

To complete the description of the decentralized equilibrium, note that the equilibrium interest
rate, r = ρ+ gF, determines the price of capital goods, px = r+δk

α , and the capital-effective-labor ratio

(
K

zAFLP

)
= Bk ·

 α

ρ+ gF + δk
· σ − 1

σ
· α︸ ︷︷ ︸

markup distortions


1

1−α

, (28)

where I used X = K, and Bk = α− α
1−α (1− α)−1 is a constant.32 Markups on the price of capital

goods and intermediate goods lead to the standard under-accumulation of capital. The production
side aggregates up nicely

Y =

(
zAFLP
1− α

)1−α(
K

α

)α
, (29)

and realwages are proportional to productivitywL = Bw ·zAFwhereBw picks up constant parameters
includingmarkdowns. Moreover, total assetsB in the economy consist of physical capital, ownership
of production sector firms, and ownership of research firms, i.e., intellectual property

B = K +M · V +A · VI + (AF −A) ·
∫ τ

0

VI (τ) dF (τ)

where the second term adds the value of firms in the production sector, the third term includes the
value of adopted ideas, and the final term adds the value of ideas not yet adopted, taking into ac-
count that innovations closer to adoption are more valuable where τ = sup{τj}j∈ΩAF

. I next contrast
the decentralized allocation with the planner solution to understand the normative properties of the
model.

2.4 Constrained Planner Problem
33 The allocation of skilled labor will be generically inefficient, and the inefficiency is essential in or-
der to understand the response of the economy to globalization. The onlymargin the planner decides
on is the allocation of skilled labor between innovation and adoption, which means I take the exter-

32Using total laborH + L instead of production labor engaged in production LP to define capital intensity only impacts the
constant term.

33See Klenow and Rodriguez-Clare (2005) for a related discussion of the externalities inherent to a model with innovation
and adoption.
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nality introduced by endogenous firm entry in the production sector as given. The planner solves

max
{HF,t,ct}t≥0

∫ ∞

0

e−ρ̃t log (ct) dt,

subject to the following constraints

Y =
(
ALP
1−α

)1−α (
K
α

)α
,

K̇ = Y − C − δkK
ȦF = γAϕFL

1−λHλ
F − δIAF

Ȧ = νAθA1−θ
F

(
H−HF
M

)β − δIA
and L̇

L = Ḣ
H = gL.

The constrained efficient allocation of skilled labor across innovation and adoption equals(
hD
hF

)SP
=

β

1− θ
1

λ

[
ρ̃

gF + δI
+ (1− ϕ)

]
(30)

where SP stands for social planner. Recall the decentralized allocation (DC)

(
hD
hF

)DC
=

β

1− θ
1

α

[
ρ̃

gF + δI
+ 1

]
z
− ρ̃

gA+δI

1 + ρ+δX
(1−θ)(gF+δI)

, (31)

which generically differs from the planner solution implying that the allocation of skilled labor to
innovation vis-vis adoption activity is inefficient.

This inefficiency is crucial to understanding the impact ofmarket integration in the openeconomy
version of the model as pointed out in Perla, Tonetti, and Waugh (2021). Only if there is insufficient
technology adoption to begin with, which is then amplified by specialization in innovation in the
open economy, is there a chance for the model to generate sluggish and uneven growth patterns in
the aftermath of market integration. I thus provide a comprehensive discussion of the discrepancy
between planner and decentralized allocation. To do so, I generalize the baseline mode and assume
that the production of intermediate goods also requires skilled labor as a production factor

yi =

(∫
j∈ΩAi

(xij
α

)α
dj

)(
l1−ηi hηp,i
1− α

)1−α

with η ∈ [0, 1), and hP :=
∫
hp,idi
L analogous to the definition of hF and hD. This extension allowsme to

isolate the spillovers that render innovation and adoption inefficient, as I can shut down eachmargin
separately. Without this additional use for skilled labor, the question ismute since after shutting down
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the innovation or adoption margin there would only be one use for skilled labor. Planner and decen-
tralized allocation would then trivially agree that all skilled labor should be devoted to whichever
activity is left.
Inefficient Adoption. I first turn attention to the adoption margin by assuming that frontier growth
is exogenous, which brings the setup close to Parente and Prescott (1994)’s model of technology adop-
tion. The ratio of skilled labor devoted to adoption vis-a-vis production in the decentralized equilib-
rium equals (

hD
hP

)DC
=

β

1− θ
1

η

{
1

1 + ρ+δX
(1−θ)(gF+δI)

}
. (32)

This expression contrasts with the solution to the constrained planner problem in (33)

(
hD
hP

)SP
=

β

1− θ
1

η

{
1

1 + ρ̃
(1−θ)(gF+δI)

}
. (33)

Since ρ̃ < ρ+ δX, the decentralized allocation suffers from underinvestment in technology adoption.
As argued before, this inefficiency is a generic feature of models where incumbent firmsmake costly
adoption choices, and entrants learn from incumbents. Note that I abstract away from any learning
spillovers among incumbents, which would amplify this inefficiency.34 Moreover, the result high-
lights how the efficiency result in Parente and Prescott (1994) constitutes a knife-edge case hinging
on zero population growth (gL = 0) and no churn among incumbents (δX = 0), in which case (32) and
(33) agree. If there was firm entry in Parente and Prescott (1994), one would have to assume some
form of spillover to tie together the productivity of incumbents and entrants so that a stationary firm
size distribution emerges. Vice versa, one can make technology adoption efficient within my frame-
work by setting δX = −gL.35

Inefficient Innovation. To isolate the inefficiencies introduced in the research sector I drop the adop-
tion margin and set z = 1.36 The constrained efficient allocation follows

hp
hF

=
η

λ

{
ρ̃

gF + δI
+ 1− ϕ

}
, (34)

which is virtually identical to the planner solution in Jones (1995). Consequently, the same three
sources of inefficiency arise, which I shall mention only briefly: first, there is a dynamic knowledge
externality parameterized by ϕ, which could be positive or negative. Second, the instantaneous con-
gestion externality λ < 1 raises the private returns above the social returns. Lastly, the research

34There is a large literature suggesting that technology adoption effort may be inefficiently low, see for example Foster and
Rosenzweig (2010) in the context of agricultural production in developing economies.

35Instead of negative death shocks, this would then be amodel where positive “spin-off” shocks restore efficiency by shutting
down entry of new firms not belonging to incumbents.

36This model version combines the two-types-of-labor setup in Romer (1990) using Jones (1995)’s semi-endogenous version.
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sector’s markup 1
α leads to incomplete surplus appropriation.

The decentralized allocation in the model without adoption equals

hP
hF

=
η

α

(
ρ̃

gF + δI
+ 1

)
, (35)

which bears out all three externalities. For the innovation-production tradeoff considered in (35),
Jones (1995) concludes that for reasonable parameter values, the economy is characterized by insuf-
ficient innovation even when there are negative research externalities with ϕ < 0 and λ < 1.

Jones’ conclusion is in part driven by the assumption that the production sector is efficient. In
a model with technology adoption, as I have shown before, this tradeoff becomes more interesting
since technology adoption features externalities aswell. It is ex ante unclearweather the externalities
in innovation vs. technology adoption dominate. I will return to this issue when I quantify themodel
but the takeaway here is that an endogenous technology adoption margin makes it more likely that
there is too much innovation vis-a-vis adoption in contrast to the standard innovation-production
tradeoff that the literature has focused on.

A final remark before I conclude this welfare analysis relates to the fact that the full model with
both technology adoption and innovation features externalities that are absent when considering
the simplified model where I isolated each margin separately. To see this, assume α = λ, ϕ = 0, and
δX = −gL, which renders innovation and adoption efficientwhen considered in isolation. In that case,
it is still true that planner and decentralized allocation disagree, which can be seen by computing the
ratio of the planner and the decentralized allocation(

hD
hF

)SP
(
hD
hF

)DC = z
ρ̃

gA+δI

(
1 +

ρ̃

(1− θ) (gF + δI)

)
. (36)

This ratio could be either smaller or larger one, so it is unclear if the decentralized allocation features
too little or too much adoption. Because of the advantage of backwardness on the one hand, and
the wait-in-line assumption and congestion in bringing ideas to market on the other, the direction
of the bias is ambiguous. Neither do firms which adopt technology internalize the positive effect
on innovators by shortening the waiting time, nor do innovators internalize their positive effect on
adoption operating through the advantage of backwardness.

2.5 Extensions

An important assumption in the baselinemodel is that the entry cost in the intermediate goods sector
is paid in production labor. The downward sloping relationship between the skill premium and the
demand for skilled labor for adoption purposes is directly related to the fact that long-run firmprofits
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are proportional to the cost of entry, which in turn is proportional to production worker wages due
to free entry. A more general version could use an entry cost based on a Cobb-Douglas bundle of
high-skill and production labor, fEwµLw

1−µ
H .37 In that case the effect of an increase in the price of skill

on technology adoption changes to
∂ log z

∂ log s
=

β

1− θ
· µ. (37)

Clearly, the impact of a rise in the skill premium on technology adoption is weaker for µ < 1. There
would, however, be an additional negative effect on firm entry, i.e., ∂ logm

∂ log s < 0 for µ < 1. Since en-
try costs partially depend on high-skilled wages, a rising skill premium simultaneously reduces firm
entry.38 Additional extensions in the appendix consider heterogenous firms with imperfect knowl-
edge spillover,39 introducing skilled labor inputs into innovation, endogenizing skilled labor supply,40

complementary public adoption investment, and skill-biased technological change.

3 Open Economy

In this section, I generalize the setup to a multi-country open economy growth model. Countries
differ in two key dimensions, research productivity γc and skill endowment htot,c where c ∈ C is a
country index of a total of N countries. Preferences, the size of production labor across countries
Lc,41 and non-research related technology including technology adoption are identical across coun-
tries. I assume countries frictionlessly trade an undifferentiated final good. I abstract away from
intermediate goods trade in the production sector.42 Lastly, I assume that capital goods are produced
locally using capital accumulated by the domestic economy, and I impose that the current account is

37Assuming entry cost are paid in labor, as opposed to final goods, is essential to obtain a sensible model of long-run firm
entry, see Klenow and Li (2024).

38I abstract away from this margin here, but it may be of relevance to the literature studying the slowdown of business
dynamics, see Decker et al. (2017), Decker et al. (2020), or Karahan, Pugsley, and Şahin (2019). A rising skill premium will
negatively affect firm entry whenever firm entry is a relatively skill-intensive activity so the framework might be useful to
understand this pattern as well. This point is related to Salgado (2020) where skill-biased technological change leads to less
entry into entrepreneurship.

39See also related work in progress in Trouvain and Violante (2025), which focuses on investment-specific technological
change. In the heterogeneous firm extension, a meaningful distinction between the extensive and intensive margin of tech-
nology adoption can be drawn, i.e., whether a specific technology is used in a country, and whether all firms in a country use
this specific technology, see Comin and Hobijn (2004) on empirical evidence on this issue. Other extensions include a general-
ized adoption technology that allows for the government to make complementary investments for technology to be adopted,
think of automobiles and the construction of the highway system.

40Surely skilled labor supply is somewhat elastic, but not nearly enough to counteract the substantial increase in the skill
premium observed over the past couple of decades.

41I will allow for differences in country size in the quantitative section. All insights in this section remain intact when
allowing for country size heterogeneity but the exposition is slightly less elegant.

42Intermediate goods trade a la Krugman (1980) can be added without complication. Exporting neither raises nor reduces
normalized profits of firms producing differentiated varieties, so this margin would not interact with the incentives to adopt
technology. It would clearly raise the gains from trade.
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balanced. I thus abstract away from offshoring,43 and shut down inter-temporal trade motives. Im-
portantly, even if a domestic idea is embodied in foreign capital abroad, the domestic inventor still
receives profits coming from the markup applied to the capital good.
Equilibrium in the Open Economy. I define the world technological frontier as the sum of all dis-
tinct ideas in each country, AW

F :=
∑
cAF,c. The knowledge spillover AϕF is global in the integrated

equilibrium,44 which induces the following law of motion of ideas in economy k ∈ C

ȦF,k =

(
AW
F
)ϕ
HF,k

fR,k
− δIAF,k, (38)

whereWdenotesworld aggregates, andentry is subject to the familiar local externality fR,k =

(
HF,k
Lk

)1−λ

γk
.

The net present discounted value of an innovation in the steady state combines profits over all
countries, and reads

VI =
1

ρ̃+ gF + δI

αLP
AW
F

∑
c

wcz
ρ̃

gA+δI
c (39)

where I used the assumption that countries have the same amount of production labor. In the ab-
sence of trade cost the value of an innovation is unrelated to where the idea was developed so there
is no country subscript. Consequently, I can use the free entry condition, VI = fR,kwH,k

(
AW
F
)−ϕ,

to derive countries’ relative research effort as a function of relate skilled worker wages and research
productivities

h1−λF,k

γk
wH,k =

h1−λF,c

γc
wH,c ∀c (40)

where I assume λ < 1 so every country is engaged in some innovation.
Next, using the resource constraint (38), the shareχk :=

AF,k
AW
F
of ideas developed in country k along

a balanced growth path reads45

χk =
γkh

λ
F,k

(gF + δI) aWF
(41)

where aWF :=
(
AW
F
L

)1−ϕ
. Combining (41) with (40), and replacing wH,k = s

1−β−θ
1−θ

k · bt, where bt captures

43Theproduction location of capital goods is related to a recent literature onmultinational production and offshoring, see for
instance Antras, Fort, and Tintelnot (2017) or Arkolakis et al. (2018). Since capital goods are assembled using capital, which in
turn is produced using labor, the location of production for capital goodsmatters forwages andwelfare. I avoid this complexity
by assuming capital goods are produced locally.

44See Grossman and Helpman (1991a) for an in-depth discussion of this issue. Global knowledge spillovers seem a natural
assumption in a model of long-run growth.

45Note ȦF,k = γk
(
AW
F
)ϕ

hλ
F,kL − δIAF,k so along a balanced growth path gF+δI

γk
= hλ

F,kL
AW
F

AF,k

(
AW
F
)ϕ−1⇒χk (gF + δI) =

γkh
λ
F

aWF
.
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long-run wage growth, yields

χk =
γ

1
1−λ

k s
− 1−β−θ

1−θ
λ

1−λ

k∑
c γ

1
1−λ
c s

− 1−β−θ
1−θ

λ
1−λ

c

. (42)

Equation (42) expresses the steady state share as a function of exogenous parameters and skill premia,
which motivates the following assumption.

Assumption 3. Assume that β + θ < 1.

This assumption ensures that the share of ideas produced in a country is falling in the skill pre-
mium.46 Once imposed, the model is well behaved. Since the knowledge spillover is global, and the
congestion force local, no one country will capture the entire market for ideas.

Demand for skilled labor in innovation follows from combining free entry with the resource con-
straint, χk(gF+δI)

γkhλ
F,k

= 1
aWF
, which, after some simplification, leads to

hF,k = ΛFO
γ

1
1−λ

k s
− 1−β−θ

1−θ
1

1−λ

k∑
c γ

1
1−λ
c s

− 1−β−θ
1−θ

λ
1−λ

c

∑
c

s
− β

1−θ

(
1+ ρ̃

gA+δI

)
c (43)

where ΛFO picks up terms that are constant along a balanced growth path. Combining this with de-
mand for skilled labor in adoption, and imposing labor market clearing, delivers a system of equa-
tions that pin down skill premia across countries

htot,k =
ΛD

sk
+

ΛFOγ
1

1−λ

k s
− 1−β−θ

1−θ
1

1−λ

k∑
c γ

1
1−λ
c s

− 1−β−θ
1−θ

λ
1−λ

c

∑
c

s
− β

1−θ

(
1+ ρ̃

gA+δI

)
c . (44)

Given a set of skill premia solving (44), each countries’ research share and technology adoption gap
follows directly {χc, zc}c∈C , as well as the normalized world technology aWF =

∑
c γch

λ
F,c

gF+δI
. The rest of

the equilibrium description is identical to the closed economy.47 I next turn to the implications of the
theory regarding cross-country income differences and the impact of market integration on growth.

46I need to ensure that an increase in the skill premium in some country c leads to an increase in the real wage of skilled
workers in country c relative to some alternative country k. If technology adoption is overly sensitive to the skill premium, this
need not be true.

47To pin down the open economy equilibrium, a simple algorithm based on market clearing in equation (44) works well
where the skill premium is raised whenever there is excess demand for skilled labor in a country using

s′k =
ΛD

htot,k
+

1

htot,k

ΛFOγ
1

1−λ s
−λ(1−θ)−β

1−θ
1

1−λ

k,n∑
c γ

1
1−λ
c s

− 1−β−θ
1−θ

λ
1−λ

c,n

∑
c

s
− β

1−θ

(
1+ ρ̃

gA+δI

)
c,n

where the new starting point sk,n+1 uses a simple relaxation scheme sk,n+1 = α̃s′k+(1− α̃) sk,n, α̃ ∈ (0, 1). I verify that this
procedure converges to the same solution for different starting values. I am not aware of a general uniqueness proof for the
multi-country version of this model. After inspecting the market clearing condition in (44), the reader will note that neither
the gross substitutes property used in Alvarez and Lucas (2007), nor uniqueness proofs based on non-homogenous integral
equations as in Allen and Arkolakis (2014) apply.
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Cross-Country Inequality. Embedding a skill-intensive technology adoption choice into an other-
wise standard semi-endogenous growthmodel delivers a coherent theory of cross-country inequality
and growth. First, countries that are part of the global economy adopted technology from the world
technological frontier, AW

F , while their relative productivity is tied to the amount of skilled labor de-

voted to technology adoption, zk ∝ h
β

1−θ

D,k . Countries thus grow at the same long-run rate and income
differences are level effects, consistent with the data (Parente and Prescott, 1993; Jones, 2016). These
income differences would be accounted for by differences in TFP in line with the literature on de-
velopment accounting (Klenow and Rodriguez-Clare, 1997; Caselli, 2005).48 Moreover, TFP gaps are
driven by countries’ lack of technology adoption, which in turn is driven by low skilled labor endow-
ment. This is consistent with the tight correlation between TFP and skilled labor endowments in
the data, and reconciles Mankiw, Romer, and Weil (1992) focus on human capital with Parente and
Prescott (1994) emphasis on TFP and technology adoption.

Second, note that the adoptionmargin helps reconcile scale effects inherent to idea-based growth
models with the seeming lack of scale effects in the data. Scale effects here concern the counter-
factual prediction that larger countries enjoy a higher GDP per capita.49 This is true in most growth
(and international trade) models whenever ideas are a non-rival good. It is easy to see that a coun-
try’s productivity is detached from its size precisely because countries adopt technology developed
elsewhere.

The idea that technology adoption resolve the issue of scale effects is not new, see Klenow and
Rodriguez-Clare (2005). The contribution here is to provide amicro-foundedmodel of firm entry and
adoption that makes precise what assumptions are needed to develop a theory consistent with the
lack of scale effects in the cross-section of countries.50 The key is to construct a technology adoption
margin that features a constant-returns to scale propertywhen aggregated. Onlywhenfirmentry cost
are paid in production labor, and technology adoption uses high-skilled labor will the productivity of
a country be detached from its sizewhilst tightly correlatedwith its skilled labor share. To understand
why this is the case, take account of the firm entry margin. In a more populous economy there are
more firms in the production sector. Since the adoption gap is a function of the number of skilled
workers per firm, a larger economy needs more skilled labor to achieve the same adoption gap as a
smaller one. This extensive margin effect leads to a model where the ratio of skilled labor –and not
the level– is the key determinant of a country’s position in the world. This justifies the assumption
that firm entry in the production sector is intensive in production labor.51 Scale effects do, of course,

48Measuring productivity in the open economy is difficult due to the role of international trade and price effects, see Burstein
and Cravino (2015). Here, I mean productivity as the rate at which production sector firms can turn raw capital and labor into
differentiated varieties. This may not coincide with productivity measured on the country-level due to the confounding role of
innovation and skill prices. It would, however, be the relevant metric to determine production worker wages in each country.

49See Alesina, Spolaore, andWacziarg (2005) for a summary of empirical work on the issue, and Ramondo, Rodríguez-Clare,
and Saborío-Rodríguez (2016) for recent work in international trade.

50SeeGross andKlein (2024) for relatedwork that dealswith the issueof cross-country scale effects bydifferentiatingbetween
global and local ideas.

51If firm entry in the production sector was skill intensive, the model would imply that there are relatively fewer firms in
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matter in innovation, and the theory is consistent with the empirical fact thatmost innovation occurs
in large, skill-rich countries.52

Cross-Country Skill Premia. One serious empirical challenge to models which elevate the role of
skilled labor in explaining cross-country inequality is the counterfactual link between income per
capita and skill premia. If skill is key, and skill is scarce in poor countries, it ought to be true that the
price of skill is high in poorer countries whenever skill groups are imperfect substitutes for another,
see Caselli and Coleman (2006). The weak empirical relationship between skill premia and output
per capita then casts doubt on the elevated role of skilled labor espoused here.

The model addresses this puzzle to some extent. A classic insight from international trade theory
(Stolper and Samuelson, 1941) is that factor price equalization forces can attenuate the link between
skill premium and skill scarcity when innovation is skill-intensive. Skill-rich countries could special-
ize in innovation sustaining a high skill premium despite vastly greater skilled labor endowments
relative to poor countries. In addition to this standard explanations, a model with skill-intensive en-
dogenous technology adoption choice offers a novel perspective on how to reconcile relatively low
skill premia in poor economies with the role of skilled labor in development once one additional as-
sumption is made: suppose it was difficult for production sector firms in developing economies to
scale up consistent with the literature on misallocation and development (Restuccia and Rogerson,
2008; Hsieh and Klenow, 2009; Hsieh and Klenow, 2014). If so, adopting superior technology is less
beneficial since the firm’s technological edge won’t translate into a larger operation and increasing
profits as it would in a frictionless benchmark. This would not only suppress technology adoption
but simultaneously reduce demand for skilled labor, which in turn induces a reduction in the skill
premium in general equilibrium. I do not focus on this margin in this paper, which deserves its on
thorough investigation, but I will introduce a simple firm reallocation friction in the East in the au-
tarky equilibrium to match low skill premia observed in the data.53

Patterns of Trade and Impact of Market Integration. Trade is unbalanced. Countries more spe-
cialized in innovation earn royalties abroad, matched by final goods flows from the net importers of
technology

net_trade_inflowk =
σ − 1

σ
α (1− α)Y W

[
χk −

Yk
Y W

]
where Y W =

∑
Yc is world GDP. The patterns of net trade depend on the vector of fundamental re-

search productivity {γc} and skill endowment {htot,c}, allowing for both Ricardian technology differ-
ences and Heckscher-Ohlin factor endowment forces. In an equilibrium where technology is largely
produced in the West due to higher research productivity or greater skill endowments, final goods

poor countries, which is not true. If unskilled labor could be used for technology adoption, there would be no link between
skill endowments and productivity, and additional wedges as in Parente and Prescott (1994) would be required to generate
cross-country inequality.

52The role of endogenous entry in dealing with scale effects is reminiscent of Young (1998).
53This would then also prevent skilled workers in advanced economies from wanting to migrate to poor countries, which is

an odd but natural implication of a general equilibriummodel where skill matters.
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flow from East to West as compensation for technology usage.
Two points are noteworthy about the relationship between international trade and growth. First,

in this simple model the trade elasticity of the final good is assumed infinite, which implies that final
goods trade is not important in itself. Yet, final goods trade is key in order to access foreign tech-
nology: if there was no trade, it would not be possible to compensate owners of technology across
borders.54 Second, gains from integration can be large even when trade flows are relatively small
because access to ideas doesn’t require (at least in this model) that the entire capital good is shipped
across countries. It suffices to pay a royalty to the foreign country, which constitutes only a fraction
of the value of the capital good.55

The model admits a simple sufficient statistic for the log-run wage effects of market integration,
similar to Arkolakis, Costinot, and Rodríguez-Clare (2012).

Proposition 5. The ratio of production worker wages in the open economy vs. closed economy for some
country k reads

wopenk

wclosedk

=

(
hopenF,k

hclosedF,k

) λ
1−ϕ (

1

χk

) 1
1−ϕ

︸ ︷︷ ︸
Innovation margin

(
sopenk

sclosedk

)− β
1−θ

︸ ︷︷ ︸
Adoption margin

, (45)

where I netted out long-run growth. The effect on skilled worker wages follows wopen
H

wclosed
H

= wopen

wclosed ·
sopen

sclosed
. The key distinction to Arkolakis, Costinot, and Rodríguez-Clare (2012) is that the change of the

skill premium is part of the sufficient statistic.56

The impact of market integration on the technological frontier are captured in increasing inno-

vative effort in the home economy
(
hopen
F,k

hclosed
F,k

) λ
1−ϕ

and gains from ideas developed in other countries,(
1
χk

) 1
1−ϕ , which depend on a constant scale elasticity 1

1−ϕ as well as the share of ideas developed in
the home economy. If this share is small, the gains are large. The logic is the same as in ACR where
a large import share suggest a country has much to lose if it fell back to autarky. The novel feature

in (45) is the endogenous adoption margin which shows up in the skill price ratio
(
sopen

sclosed

)− β
1−θ . An

increase in the skill price ratio, ceteris paribus, hurts production workers. The reason is that a ris-
ing skill premium leads to less domestic technology adoption, which allows for a richer response of
market integrationongrowth. Inparticular, the effects arenowdependent onwhether the country in-

54The way the model is set up, foreign technology owners don’t care about how large trade costs – they gain from foreign
adoption no matter the size of the trade cost. If there were even small fixed cost paid by the owners of technology to set up
shop abroad, theywould become sensitive to the size of trade cost, and the size of themarket. See Burstein andMonge-Naranjo
(2009) or McGrattan and Prescott (2010) for related frameworks where final goods are undifferentiated and traded is required
to compensate owners of technology

55A country in my baseline calibration would have to export 14% of its final output when its entire idea stock is held by
foreigners. In contrast, in a symmetric equilibrium where every country holds an even share of global technology with suffi-
ciently rich financial markets, no goods would have to be shipped whatsoever as net trade flows are zero and trade in financial
asset would make trade in final goods redundant.

56The knowledge spillover is assumed to be local in the autarky equilibrium.
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tegrates with similar or very different trading partners, which for the purposes of this paper concerns
heterogeneity emanating from research productivity and relative skill endowments, {γk, htot,k}.

Consider first integration between symmetric countries with γk = γ, htot,k = htot ∀k. This benign
scenario delivers the standard variety gains from tradewithout negative distributional effects, and no
changes in the adoption gap, summarized in the following proposition.

Proposition 6. Symmetric integration leaves the skill premium and the technology adoption gap unchanged
relative to autarky, but induces gains from integration by a factor ofN

1
1−ϕ .

Theproposition follows fromnoting that for symmetric countries the open economymarket clear-
ing condition in (44) collapses to the closed economy. Consequently, skill premium and adoption gap
don’t respond in the long run. By symmetry, every country produces a fraction 1

N of ideas, and plug-
ging this into (45) completes the proof.57 In the case of symmetric integration, real wage gains accrue
to all workers without adverse inequality effects. The strength of this response depends on ϕ, i.e.,
how much harder ideas are to find. This result contrasts with the case of asymmetric integration
described next.

In the case of asymmetric integration, the impact of market integration is ambiguous. To see
this, consider a two-country case where all ideas in the integrated equilibrium are produced in the
advanced home economy so χ ≈ 1. The modified present discounted value of an innovation in the
open economy equals

VI =

(
1

ρ̃+ gF + δI

)
αLPw

AF
z

ρ̃
gA+δI︸ ︷︷ ︸

same as closed economy

1 +
L∗
Pw

∗

LPw

(
z∗

z

) ρ̃
gA+δI

︸ ︷︷ ︸
additional market size effect

 . (46)

where profits now accrue both at home and abroad. Equation (46) reveals that the strength of the
foreign idea demand shock depends on i) the adoption gap (z∗)

ρ̃
gA+δI in the emerging market, as well

as ii) GDP summarized in L∗
Pw

∗ relative to variables in the advanced economy. Market integration
directly increases the market size of innovators, which raises profits that are arbitraged away by in-
creasing entry into innovation. Moreover, convergence in the emerging market (z∗ ↑) would further
raise the returns to innovation both because the foreign wage rate increase and because the time it
takes for innovation to be adopted abroad is falling. In amodel where technology is endogenous, fast
adoption in emerging markets and rising returns to innovation in advanced economies are two sides
of the same coin.

Rising returns to innovation in the open economy in general equilibrium bring about an reallo-
cation of skilled labor from domestic adoption towards global innovation accompanied by elevated

57This result is reminiscent of Krugman (1980) where trade integration induces variety gains but leaves the measure of vari-
eties in each country unchanged. This result relies on the homogenous firmmodel, and constant markups.
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technological frontier growth and an overall increase in the price of skilled labor. At the same time,
technology adoption recedes following almost trivially from the factor market clearing condition.
While this raises skilled wages, the impact on production workers and the economy as a whole is
ambiguous, and depends on whether technological frontier growth dominates the negative effect of
weakened technology adoption. Figure 2 summarizes the main argument of this paper graphically.

Figure 2. Open Economy Market Clearing for Skilled Labor
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Which effect dominates is a quantitative question, with interest transition dynamics off the steady
state. Before I calibrate themodel in the next section to study this question, it is worthwhile to discuss
why the model allows for a more flexible response of market integration on growth than common
trade models, which allow for unequal effects across worker groups but tend to maintain that there
are aggregate gains.58 The key difference is that much of the trade literature operates in efficient
environments,59 which is not the case here.

58See Wood (1994), Leamer (1994), Feenstra and Hanson (1996) and more recently Galle, Rodríguez-Clare, and Yi (2017) and
Adao et al. (2020) for works on trade and inequality. Relatedly, a literature focused on firm heterogeneity, inequality, and
globalizationhas studied the impact of trade on inequality, seeEgger andKreickemeier (2009), Helpman, Itskhoki, andRedding
(2010), Liu and Trefler (2008), Sampson (2014), or Burstein and Vogel (2017). Helpman (2016) argues that the overall impact of
trade on inequality viewed through the lens of the aforementioned literature appears small.

59Atkeson and Burstein (2010), as discussed in Perla, Tonetti, and Waugh (2021), is a particularly illuminating example for
the role of efficiency on the impact of market integration on growth.
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4 Quantification

I quantify a version of themodel to explain three striking features of global growth since themid 90s,
two of which are depicted in figure 3. First, strong growth in emerging markets, especially Eastern
Europe and China, have lead to a decline in global inequality measured as dispersion in income per
capita across countries. Using PPP-adjusted GDP per capita form the PWT, the cross-country Gini in-
dex declines by around seven pp. from 1995 to 2015 when focusing on a set ofWest and East European
economies.60

Figure 3. Cross-Country Convergence and Within-Country Divergence

The data is based on the World Inequality Database, see Alvaredo et al. (2020). The gini index is computed over the whole
population and uses pre-tax income, split concept. Aggregates are employment-weighted averages within each country group,
where I compute the within-country Gini index using a 3-year moving average. Country income is based on ppp-adjusted
output per capita using PWT V10. Country list for Western Europe: Austria, Belgium, Denmark, Finland, France, Germany,
Iceland, Luxembourg, Netherlands, Norway, Sweden, Switzerland, United Kingdom; Country list for Eastern Europe: Albania,
Bosnia and Herzegovina, Bulgaria, Croatia, Czech Republic, Estonia, Hungary, Latvia, Lithuania, Montenegro, Poland, Roma-
nia, Serbia, Slovakia, Slovenia. I do not consider Southern European countries.

Second, within-country income inequality went up substantially. When measured in terms of
pre-tax per capita income the rise in within-country inequality matches the decline in cross-country
inequality. Third, while per capita growth was exceptional in Eastern Europe and some parts of
Asia, per capita growth in the West was abysmal during this episode of rising market integration.
This has given rise to a large literature on the productivity slowdown. The model constructed here
can account for to all three facts jointly.

60Convergence is not uniform, and many countries, especially in Africa, have seen much less catchup growth, if at all. See
Milanovic (2016) for an in-depth discussion of global convergence. The focus on Europe is simply due to easily comparable
data series.
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To quantify the aggregate implications of the theory I have to pin down a set of parameters
Θ = {ρ, α, δk, σ, fE, δX, {Lc}, {µc}, {γc}, δI, ν, β, θ, λ, {htot,c}, gL} where the inner parentheses and
subscript c indicate that the parameter needs to be set separately for each country, where I now
allow for differences in country size Lc. I will offer a straightforward calibration strategy that serves
as first pass to study transition dynamics in a complex dynamic environment and illustrate the
strength of the key mechanism.

Someof theparameters of themodel requiremicro-data, and I use easily accessible administrative
data on firm and employment dynamics in Germany provided by the IAB. The German economy
provides a good case study as it experiences a major unanticipated globalization shock as Eastern
European economies open up after the fall of the Iron Curtain. The mechanism I study in this paper
is more broadly relevant to advanced economies as a whole.
Externally set parameters. I set the capital share equal to .4, capital depreciation equals 5%, and the
discount rate is 5%, implying a long-run real rate of 6% roughly consistent with stockmarket returns.
I set the elasticity of substitution across varieties equal to 2.5, consistent with evidence from Broda
and Weinstein (2006). I set firm exit rates in the production and research sector equal to 4%, i.e.,
δX = δI = .04. These numbers line up well with German establishment micro data,61 where I split
establishments into research-intensive and production-intensive firms consistentwith the two-sector
structure of the model.62

Adoption. The implications of the theory hinge on the importance of technology adoption, which
in turn is directly related to the ratio β

1−θ . Cross-country inequality and growth patterns are directly
related to the ratio β

1−θ , since real wage differences for production workers across countries in the
steady state read

wc

wk
=

(
hD,c
hD,k

) β
1−θ . (47)

Conditional on a distribution of the relative amount of skilled labor devoted to adoption across coun-
tries {hD,c}, the parameters {θ, β} translate this initial distribution into observed cross country in-
equality.

Taking logs of (47) and adding a measurement error u allows me to back out β by running the
61

Details on the German micro data and more careful empirical analysis can be found in the Job Market Paper version of this
paper, see Trouvain (2023). None of the empirical patterns are controversial, or unique to Germany.

62

Recall that the higher the arrival rate of death shocks in the production sector, the stronger is the adoption externality. I thus
choose conservative values that are lower than the empirical estimates from Garcia-Macia, Hsieh, and Klenow (2019)
(ranging from 8% to 4% depending on firm age and time period) or Peters and Walsh (2019) (5.4%) for the US economy. In a
related model Sampson (2023) uses a firm exit rate of 10%. Subtle differences between firm vs. product/establishment and
unweighted vs. employment weighted vs. revenue weighted measures of exit explain differences in exit rates.
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following regression
log zc,t = α+ δt +

β
1−θ log hD,c,t + uc,t. (48)

The slope coefficient through the lens of the model equals β
1−θ where I proxy for production worker

wages using GDP per capita and I proxy for hD using the relative share of college-educated workers in
each country, i.e. htot. To this end, I combine data fromBarro andLee (2013)with the PWTand run the
regression for the year 2015 to capture the post-integration steady state where more countries have
moved toward amarket-based open economy.63 Figure 4 shows a simple cross-sectional plot between

Figure 4. Relative High-Skill Share and Output p.c.

The plot combines ppp-adjusted output per worker from PWT 9.1 with the Barro and Lee (2013) dataset on schooling for a
cross-section of countries in 2015. I equate high-skilled labor with the share of completed tertiary education of the population,
and low-skilled labor is 1minus this share. The colored dots refer to Congo, Brazil, and Germany in this order from left to right.

the relative share of skilled labor and output per worker, with an R-square of .55. Note, however, that
the mapping between skill share and output per worker is confounded when skilled labor is also
devoted to innovation. I thus run a regression where I drop countries above the 90th percentile in
terms of output per worker, which account for most innovative effort in the world. Moreover, I use
the lagged skill ratio as an instrument in a simple IV regression to deal with measurement error. The
resulting regression coefficient equals 0.74 with robust standard error 0.07 .

This identifies the ratio β
1−θ , but I need to pin down each parameter individually. I build on the

large cross-country growth literature, especially Barro (1991), and chose θ such that themodel is con-
sistentwithmeasured catch-up growth across countries. In particular, Barro’s “Iron law” (Barro, 1991)
suggests countries converge at a rate of 2%, i.e., the coefficient in the cross-country convergence re-

63In a closed economy, the logic of the model does not work since country-specific technological frontiers would confound
the link between relative skill endowments and real wages.
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gression, after controlling for a number of covariates and in particular human capital, is close to
−.02. I linearize the law of motion of z to show that θ is the key parameter governing this speed of
convergence

ż
z ≈ (1− θ) (gF + δI)︸ ︷︷ ︸

=β̂B

(log zss − log zt) + β (gF + δI) (log hss − log ht) .

If δI + gF = 5%were to be the case, a reasonable estimate for θ is 0.55which ensures that β̂B ≈ −.02.
This is consistent with Lucas (2009a)’s calibration of the same advantage of backwardness parameter.
In that case, β = .35 ≈ 45

100 ∗
3
4 . Of course, the previous estimate is contingent on the frontier growth

rate, which I assume is 1%, and discussed next.
Innovation. The long-run frontier growth rate is endogenous, and equals 1

1−ϕgL. To keep the model
simple, I will assume a constant long-run growth rate gL = 2% with fixed high-skill vs. low-skill
shares.64

I assume a dynamic knowledge externality of ϕ = −1 in the baseline calibration. This parameter-
ization is more optimistic than what the evidence in Bloom et al. (2020) suggests, and using a more
negative value will lead to amore painful tradeoff between innovation and adoption. Two aspects are
noteworthy. First, because there is an endogenous technology adoption gap, the mapping between
research effort and productivity is more complicated than in Bloom et al. (2020). In fact, technology
adoption represents an omitted variable in their framework through the lens of the theory. Second,
the sluggish response of overall GDP growth in advanced economies makes it unlikely that this pa-
rameters is large and positive. I will show that calibrating themodel using amore optimistic dynamic
externality leads to counterfactually strong growth for all groups.

I also need to calibrate λ, which does not find an antecedent in the literature.65 I proceed as
follows. Intuitively, cross-country specialization in innovation for similar countries should contain
information on this parameter. If research productivity among innovating countries was identical,
γc = γ, themodelwould imply a log-linear relationship between the share of ideasχ, the total number
of researchersHF, and country sizemeasured in terms of the production labor forceL in steady state

logχc = α0 + λ logHF,c + (1− λ) logLc. (49)
64Slowing population growth and rising educational attainment represent two confounding factors that push in opposite

direction: slowing population growth reduces long-run growth in idea-based growth models (Jones, 1995) while rising edu-
cational attainment is pushing the other way. The model developed here could in principled be used to study this tradeoff,
but one would have to think harder about selection into schooling, and the substitutability between skilled and production
workers in production vs. technology adoption vs. innovation. These are important issues I abstract from.

65In an earlier version I used Jones (1995)’s original setting with fR ∝ H1−λ
F Aϕ

F vs. fR ∝
(

HF
L

)1−λ
Aϕ
F in the setup at hand

where λ is interpreted as static congestion force. The original setup works just as well for symmetric countries. If countries
have different population sizes, however, and the static congestion is local (which is what one would like for a well-behaved
open economy equilibrium), one can show that this would induce a strong counterfactual bias toward innovation in small
countries. There is another subtle distinction in that the growth rate in Jones (1995) is gF = λ

1−ϕ
gL while the long-run growth

rate in my model is gF = 1
1−ϕ

gL.
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I assume that research productivity is equal across advanced economies,66 and I approximate the
share of ideas from country c crudely using average internationally protected patents from coun-
try c over the period 2011–2019.67 Combining these assumptions with data on the total number of
researchers and total employment from the OECD “Science, Technology, and Innovation” database al-
lows me to estimate version of the (49) to obtain estimates for λ. The fit between total number of
researchers and patenting is almost perfect with an elasticity of roughly unity, and a correlation of
.97, see figure 5.68

Figure 5. Specialization in Innovation

The plot uses data from the OECD “science, technology, and innovation” database. I plot patents flied under the PCT (global patents) against
and the total number of researchers similar to Bloom et al. (2020). The set of countries is the same as in the previous plot for the West. Each
dot represents a simple average within each country over the period 2011-2019 to avoid the confounding influence of the financial crisis and the
pandemic.

Running cross-sectional regressions based on (49) with both total employment and number of
66While Sampson (2023) provides evidence that sectoral research productivity differs across countries, he finds that differ-

ences are much larger across emerging vis-a-vis advanced economies, and his focus rests on sectoral heterogeneity. It seems
reasonable that sectoral heterogeneity overstate differences in research productivity relative to an aggregate country-specific
research productivity. I thus view his results as broadly consistent with the spirit of my exercise.

67There is clearly an issue of flow vs. stock, which disappears in steady state.
68The fact that global patents are tightly related to a country’s number of researchers, which, among rich countries, is tightly

correlated with country size, highlights once more why a multi-country semi-endogenous growth model is the right model to
study long-run growth. Scale matters, and scale differs across countries.
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researchers is challenging due to highmulticollinearity. Nonetheless, table 17, and especially column
4, suggest a reasonable value ofλ around .98. Since small differences in researchproductivity and skill
endowments are likely to induce an upward bias, I make a back of the envelope adjustment and use
λ = .9 as my baseline value. Additional details (and shortcomings of this approach) are discussed in
the appendix.69

I am left with the following parameters {fE, {Lc}, {µc}, {γc}, ν, {htot,c}}. I assume that htot in the
advanced economy is .14, roughly consistent with data fromBarro and Lee (2013) over the period 1980
– 2015, and similar to the high skill-low-skill ratio in Acemoglu et al. (2018). I target a skill premium
of 1.6 in the initial equilibrium for the advanced economy based on Buera et al. (2022), and I target
a relative productivity level of z = .75 in autarky, which means that the waiting time for an idea to
be adopted equals 5.7 years.70 I use these two variables to pin down the fixed cost of entry in the
production sector as well as the shifter in the adoption technology {fE, ν} = {1.25, .21}. I normalize
production labor in the advanced economy to unity, and assume that the foreign economy is of rel-
ative size L∗

L = .66.71 Lastly, I normalize research productivity in the West to unity, γ = 1, which is
without loss of generality.

I will consider different values for γ∗ and h∗tot in the quantitative exercise. For the case of asym-
metric integration, I assume γ∗ → 0, h∗tot = .05, which implies that all innovation is produced in the
West. I view this as a central feature of market integration in the 1990s and 2000s, see for instance
the OECD study by Khan and Dernis (2006) which documents a large increase in patenting in Europe
during this period, but with almost no patenting activity in Eastern Europe.72 In an alternative sce-
nario, I will assume skill endowment and research productivity in the East converge to the values in
the West. Before I turn to the quantitative exercise, I have to take a stance on the initial equilibrium.
Initial Equilibrium. The initial autarky equilibrium should be consistent with the wage gap across
East and West, and the skill premium within each block. Having close to zero research productivity,
however, would imply a counterfactually large wage gap. I fix this by assuming that the East’s innova-

69Interestingly, the data do not display a home-market effect in the sense that larger countries among this set of advanced
economies specialize disproportionately into innovation, see Venables (1987) and more recently Arkolakis et al. (2018). Run-
ning a regression of the share of researchers on total or production worker employment delivers a surprisingly precise zero
effect.

70Since I don’t havefirmheterogeneity, the reader should thinkof thiswait timeas themomentwhen theproduct has reached
substantial market penetration, and not the first time the capital good is used somewhere in the economy. The distinction is
explicit in the heterogeneous firm version of Trouvain and Violante (2025).

71In principal, considering the size of Eastern Europe and Asia, this number may seem surprisingly small. Note, however,
that in the two country model I have to lump together countries like Poland and China, which have very different income
levels. In this calibration workers in the East will produced 2/5th of total output as production worker wages of the two blocks
converge in the long run. I abstract away from trade cost, and potential bargaining over innovator rents, which would be
important extensions and allowme to consider a relatively larger East. I show in the appendix how to generalize the model to
include such features. Note that since the East exerts pull on innovation in theWest, the size of the East matters quantitatively,
and the larger the East, the stronger are the uneven effects of market integration that the model generates.

72The contribution of Eastern Europe at the time is so small that it ends up in a residual category. For more recent years,
this assumption may be less appropriate, especially with respect to other emerging markets such like China. Bergeaud and
Verluise (2022) provide evidence frompatent data suggesting that China is contributing asmuch as theUSA to the technological
frontier in recent years.
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tion in autarky is easier as it copies technology already invented in theWest.73 Moreover, since skill is
relatively scarce in the East, ceteris paribus, the skill premium should be relatively high. In the data,
this is not true and I calibrate the model such that the skill premium in East and West are the same
in autarky. To achieve this, I introduce a technology adoption friction similar to Parente and Prescott
(1994). Specifically, suppose that there is a market-share reallocation friction consistent with empir-
ical findings in Hsieh and Klenow (2014) and parameterized by some µD < 1 such that the impact of
technology adoption on profits is suppressed

∂π∗
autarky

∂z
= µD︸︷︷︸

<1

(σ − 1) (1− α) ,

where ∂π
∂z = (σ − 1) (1− α) is the frictionless benchmark that holds in the West. Intuitively, if the

market reallocation friction is such that firms’ sales shares were fixed, there would be no incentive
to adopt technology. This suppresses the demand for skilled labor twofold. Fist, directly through
lower demand for skilled labor in the production sector, and then indirectly through the equilibrium
effect ofweak technology adoption on thepresent discounted value of innovation. Similarly, by taxing
innovators profits at rateµF, I could push downdemand for skill in the research sector. Consequently,
for the right “wedges” any allocation of skilled labor becomes feasible, and the skill premium can
be arbitrarily depressed. Since misallocation in developing economies appears to be large (Hsieh
and Klenow, 2009), this provides a promising candidate explanation for the weak link between skill
scarcity and skill premium. Indeed, Brainerd (1998) summarizes evidence of low levels of inequality
within and across worker groups in the Soviet Union, and I loosely follow this evidence by setting the
autarky skill premium in the East to the same level as in the West.

Lastly, in a world where ideas are harder to find, it is natural to assume that countries develop
the same technology in autarky. While there is no incentive to develop the same idea twice in the
integrated equilibrium, varieties could overlap initially so I need to specify which country holds the
patent to which varieties right after market integration. I assume that the West holds a share ζ of
technology while the East holds 1 − ζ.74 I discipline this initial process of ownership reallocation in

73The problemhere is that the emergingmarket block I consider is small with a relative size of .39, and the initial income gap,
while large, is not nearly large enough. Themodel could be applied without this ad-hoc assumption to China, which is a much
larger economy starting out from a lower income level. Because the allocation of skilled labor across sectors is unrelated to
research productivity in autarky, I simply solve the for allocation in the emerging market using the standard solution routine,
and then I scale wages by some constant factor, which is meant to capture that copying is easier than innovating. Note that no
matter how easy copying is, as long there is some fixed cost associated with it, there is no incentive to do so in the integrated
equilibrium for Bertrand competition would drive profits to zero.

74Amicro-foundation can be readily provided. All ideas only invented by theWest are held by theWest. Ideas that overlap in
the interval [0, A∗

F ] are split across East and West, which can be micro-founded as follows. Suppose that the same idea across
countries differs by some quality-metric q > 0 such that the effective quality is qc = 1 + ϵc + uc. The parameter ϵc > 0 is a
country-specific quality shifter. Let the shockube bounded between [−1, 1], mean-zero, andwith a vanishingly small variance.
Further, suppose that an innovator needs to pay a fixed cost fo for as long as the idea exists. As argued in Acemoglu et al. (2018),
such a setup converges in the limit to the simple baseline monopoly pricing when fo → 0,V [u] → 0, and ϵc → 0 ∀c, but I
assume ratio ϵc

ϵk
→ b > 0 converges to something bounded away from zero at just the right rate. This sustains an ownership
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the integrated equilibrium with the drop in income in the East right after the fall of the Iron Curtain,
which was substantial, and propose a value of ζ =.99 close to one.75 Table 1 summarizes parameters
and key moments used for the calibration.

Table 1. Parameterization

Parameter Value Target/Source
Household
ρ discount factor 0.05 standard value
gL pop. growth 0.02 standard value
htot rel. skill share 0.15 Barro/Lee (2013)
h∗tot rel. skill share 0.05 see text
L∗

L rel. size 0.66 see text
w
w∗ init. wage gap 4.0 see text

Production/Adoption
α capital share 0.4 standard value
δk capital deprecication 0.05 standard value
δX exit 0.04 IAB data
σ substitution 2.5 Broda/Weinstein (2006)
β static curvature 0.35 see text
θ adv. backwardness 0.55 see text
fE entry cost 1.25 skill premium/waiting time
ν adoption tech. 0.21 skill premium/waiting time

Innovation
ϕ dyn. externality −1.0 see text
λ congestion 0.9 see text
δI exit innovation 0.04 IAB data
γ research prod. 1 normalization
γ∗ research prod. 0.01 see text
ζ initial idea share 0.99 initial output drop East

Note: The table provides the parameters used in the baseline calibration, which refers to the case of asymmetric integration.

Long-Run Effects. I first report the long-run effects of market integration before I turn attention
to transition dynamics. Table 6 reports the results in the form of the cumulative effect, i.e., long-run
level effect relative to a balanced growth path in autarky.

In the case of asymmetric integration where all innovation is produced in the West, wages of
production workers in advanced economies fall by about 13% in real terms. This contrasts with
wage gains for skilled labor of around 12%. Even though the technological frontier increases by

structure at time zero where the advanced economy’s share of global patents equals ζ, with ζ being a function of b and the
initial gap AF

A∗
F
.

75Note that the instantaneous change in GDP in the East at time zero equals approximately ∆Y ∗

Y ∗ = −σ−1
σ

α (1− α) for ζ
close to one, which is the share of output paid to the owners of technology in autarky. For the baseline calibration this implies
a drop of 14.4% over night.
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7%, the adoption gap widens by 20% explaining weak wage growth for production labor in advanced
economies. I also provide a measure of changes in GDP per capita y.76 The negative effect of integra-
tion is still there, but somewhatweaker than thewage effects, consistentwithGDPgrowth performing
better thanwage growth data over the past couple of decades, see for instance Autor et al. (2020). The
role of intellectual property accumulation and asset income in the open economy explains this dif-
ference.

Figure 6. Long-Run Level Effects

Asymmetric Integration
West East

χ 1.0 0.0
∆ logwL -0.129 1.276
∆ logwH 0.123 1.448
∆ log s 0.252 0.172
∆ log (y) -0.051 1.22
∆ log z -0.196 1.209
∆ logAW

F 0.067 0.067

Symmetric Integration
West East

χ 0.602 0.398
∆ logwL 0.253 1.639
∆ logwH 0.253 1.584
∆ log s 0.0 -0.056
∆ log (y) 0.253 1.614
∆ log z -0.0 1.386
∆ logAW

F 0.253 0.253
Note. The table summarizes the long-run effect of market integration on income and inequality. The left panel uses the
baseline calibration, while the right panel assume that skilled labor endowment and research productivity in the East
coincide with theWest. Note that the log change in the value of patents is infinite in the case of no innovation in the East
in the integrated equilibrium. The adoption gap is defined relative to the global technological frontier log zc = Ac

AW
F
. For

things to add up, I thus defined frontier technological growth as ∆logAW
F = logAW

F − logAF where AF refers to the
frontier in autarky, which resides in theWest. Note that I net out exogenous long-run growth ∆ logL

1−ϕ
for non-stationary

variables. The effects are smaller than in the job market paper version largely because the size of the foreign economy
was assumed to be larger than in this version.

These negative findings contrast with the growth experience in the East: all workers gain mas-
sively albeit skilled labor gains relativelymore. The gains are entirely accounted for by the adoption of
frontier technology, which raises wages for production workers. Because adoption is a skill-intensive
activity, there is pressure on the skill premium in emergingmarkets in spite of virtually zero research
effort. Importantly, fast technology adoption in the East has a feedback effect on innovation in the
West in the integrated equilibrium. This feedback effect induces increasing innovation at the cost of
lower technology adoption, with overall negative long-run effects for the West as a whole.

To understand this long-run effects, note that in the baseline calibration the autarky equilibrium
in the West is characterized by insufficient adoption. The share of skilled labor devoted to adoption

76Measuring GDP poses conceptual challenges. An issue arises as to where the value of ideas appears when computing
GDP per capita, which itself might depend on firm’s profit shifting. I propose the following measure, which corresponds to
household consumption per capita. Note that with log utility, households will consume a fraction ρ̃ of their assets. I thus
approximate real GDP per capita as y := wLL+wHH+ρ̃B

L+H
where B is the value of total household assets. This total value of

assets does not change much because an increase in intellectual property roughly cancels with the relative fall in assets held
in physical capital and production sector firms. However, because capital income is a substantial share of household income,
including this term weakens the overall negative effect.
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vis-a-vis innovation in the decentralized autarky equilibrium is roughly 40%, whilst a planner would
allocate 2/3rds of the skilled work force to technology adoption.77 This inefficient allocation not only
depends on the learning externality in adoption, but also on the dynamic knowledge externality in
innovation encoded in ϕ. If ideas are harder to find, shifting skilled labor into innovation has only
modest effects on frontier growth,which are dominatedby thenegative impact of reduced technology
adoption.78

Could it be, then, that all that is needed to reconcile the effects of the recent globalization wave
on growth is a model where ideas are harder to find? Not quite. Using Jones (1995)’s model, which
is a simplified version of the theory developed here,79 the impact of integration on long-run wages
are a log-linear function of the size of the population L

1
1−ϕ . In the integrated equilibrium, special-

ization in innovation and production across countries delivers an increase in productivity and wages
of the advanced economy by a factor of (1 + b∗)

1
1−ϕ , which is strictly positive. The assumption that

ideas are harder to find is necessary but not sufficient condition, and need to be combined with a
model where technology adoption complements frontier innovation. Only if there is too little adop-
tion to begin with, and market integration with emerging market further amplifies this inefficiency,
is there a chance for the model to generate sluggish growth in the aftermath of market integration.
An implication of this is that subsidizing innovation in this model would be counterproductive for
production workers in advanced economies: the skill premiumwould widen further, andmore labor
is reallocated away form domestic technology adoption, which was under-supplied to begin with.

In the case of symmetric integration, the gains frommarket integration are positive for all worker
groups across all countries. Specifically, wages in advanced economies go up by 25%. This is, of
course, just an instance of proposition 6: symmetric integration leaves the allocation of skill across
sectors unchanged but delivers desirable scale effects as more skilled workers are engaged in idea
production. The intuition is that while technology adoption abroad raises the incentive to innova-
tion, foreign innovation reduces the incentive to innovate, and the two forces exactly cancel. The
pro-growth effects of symmetric integration without adverse inequality effects paint a more realis-
tic and complex picture of the link between growth and globalization. The model is consistent with
the beneficial role of increasing integration across advanced economies in driving strong post-WW2
growth, while simultaneously allowing for the possibility of uneven and sluggish growth in the after-

77An important assumption underlying this welfare analysis hinges on the planner taking a national perspective. A planner
that cares about world output instead faces a different trade-off. Intuitively, pushing out the frontier helps both the domes-
tic and foreign economies, so more labor is devoted to producing frontier technology. Any welfare statement thus crucially
depends on whether the scope of the analysis is global or national.

78I find that at a ϕ ≈ 0, all workers gain, and skill workers gain a lot resurrecting the strong pro-growth effect of integration.
Again, the predictions of the theory are directly tied to howmuch harder ideas are to find.

79If I drop the adoption margin, and make the production sector perfectly competitive by letting fE → 0, σ → ∞, and I
further assume λ = 1 and consider only one type of homogenous labor that can produce output or innovate, then the model
coincides exactly with a version of Jones (1995) with log utility and λ = 1. Interestingly, the benevolent predictions of the
benchmark model of Jones (1995) are virtually identical with the case of symmetric integration in a model with endogenous
adoption.
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math of market integration among asymmetric countries. The analysis so far has been restricted to
long-run effects, which are slow-moving and mask important transitional dynamics, which I turn to
next.
Transition dynamics. To simplify the transition dynamics, I make two assumptions. First, sup-
pose households reinvest a constant fraction χsav of the final output good in each country where
χsav =

(
σ−1
σ α

)
· α gL+gF+δk

ρ+gF+δk
is set such that the saving rate is consistent with the long-run supply of

savings from the household sector. This assumption is convenient as I don’t have to solve the forward-
looking household consumption-saving problem.80 The second simplification is that I keep the nor-
malized measure of firms in the production sector fixed at its long-run levelm, which is the same in
closed and open economy and across rich and poor countries.81

Figure 7 plots the transition dynamics in the case of asymmetric integration regarding wages and
technology. Non-stationary variables are normalized by the long-run growth rate.

Figure 7. Wages & Technology along the Transition Path

Note. Based on baseline asymmetric calibration. Wages are plotted in logs, and the frontier level of technology is normalized
by L1−ϕ to net out exogenous long-run growth. Grey lines indicate the evolution of the variable in autarky from the point of
view of advanced economies.

80In principal, one can solve a model with forward-looking household consumption, which would introduce consumption
smoothing and inter-temporal trade. I prefer to simplify, which gives rise to a subtle issue: foreigners now hold domestic
physical capital. Note that this has no impact on the long-run allocation but will allow for a temporarily higher interest rate in
the emerging market along the transition path, which is a realistic feature of convergence growth.

81The response of endogenous entry in theproduction sector is both computationally taxing, andmatters little quantitatively.
I plot the value of firms in the production sector, v, which does not fluctuatemuch suggesting that the channel is unimportant.
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The left upper panel highlights that innovation responds quickly to a larger global market as the
technological frontier expands quickly. The overall modest increase in the technological frontier is a
consequence of ideas becoming harder to find. Technology adoption slows in advanced economies,
leading to a widening adoption gap and a declining relative technology level z. In contrast, fast catch-
up growth in emergingmarket is evident by the increase in the relative technology level z∗.The upper
right panel plots a jump in the normalized value of an idea, vI, driven by the initial impact of an
increase in market size. This value displays non-monotone dynamics. The slight initial decline is
explained by weak adoption in advanced economies, which is a drag on innovator profits. At the
same time, the positive impact of the emerging market is growing over time as it travels closer to
the technological frontier. Note that technology adoption matters twofold here. First, a rising the
real wage makes the foreign market more attractive. Second, the waiting time τ∗ is falling over time,
further raising the net present discounted value of an innovation.

The lower two panels plot out the wage effects in each country. Production worker wages grow
below trend for a long time in advanced economies as technology adoption is relatively slow-moving.
In contrast, production workers in emerging markets experience exception wage growth driven by
the advantage of backwardness. A sufficiently high skill endowment and a relatively large distance to
the technological frontier allows for this exceptional growth spurt. Turning attention to high-skilled
worker wages, they jump up in both countries. If one were to plot out the skill premium for each
country, that skill premium would be falling over time for the emerging market as high returns to
technology adoption when far away from the technological frontier drive up the skill premium be-
yond its long-run value along the transition path. The dynamics in the advanced economy are more
subtle, and non-monotone. The skill premium initially spikes, then eases slightly due to sluggish
adoption in the advanced economy, but eventually climbs again as technology adoption in the East
continues to increase demand for skilled labor in the advanced economy’s research sector. In this
case of asymmetric integration, technology adoption in the East and rising returns to innovation in
the West are two sides of the same coin.

Akey statistic in themodel is the relative share of labor devoted to research, defined as HF
H+L , which

is plotted in figure 8. The left panel plots the share of employment in the research sector against to-
tal employment in the economy in the model, while the right panel plots the actual employment in
research-intensive establishments broadly defined in Germany to gain a sense of whether the empir-
ical magnitudes make sense. Details on the German micro data and more careful empirical analysis
can be found in the Job Market Paper version of this paper, see Trouvain (2023). None of the empirical
patterns are controversial, or unique to Germany, but I find it helpful to consider the German case
as a case study since the country produces frontier technology and underwent a major globalization
shock after the fall of the Iron Curtain. The model predicts an increase of research employment by
roughly one percentage point, with the now familiar non-monotone pattern. If we contrast that with
a broadly-defined notion of research employment, including headquarter services and finance, the

39



magnitude is somewhat comparable to but still understates the large increase in research employ-
ment in Germany. While long-run structural change frommanufacturing to services ought to matter
for this finding, note that the research share really takes off in the mid 90s, in tandem with rising
globalization and market integration with Eastern Europe.

Figure 8. Expanding Research Sector

Note. Author’s calculation based on BHP of the IAB. Narrow vs. Broad refers to 3 and 5 digit sectors, respectively. Additional
details are in the appendix of Trouvain (2023).

A feature of the theory is its ability to reconcile rising innovative activity against the backdrop
of stagnant real wages and weak TFP growth, as seen in figure 9. Wages grew at a rate above 2% up
until 1995. From then onward, Germany experienced its worst two decades of economic growth since
WW2, where per capita income growth fell to a meager 0.55% annually despite strong patent growth,
a proxy for innovation, as can be seen in figure 9. Van Ark, O’Mahoney, and Timmer (2008) provide
careful evidence showing that productivity growth slowed down dramatically. German TFP growth
from 1995-2004 is estimated to be .3%, an all time low in post war history.82

The overall weak wage growth hides a great deal of heterogeneity across worker types with es-
sentially zero growth for low-skilled workers, and robust growth for high skilled workers. Figure 9
shows the evolution of the skill premium, and the Gini Index, both of which shoot up in the mid
1990s, consistent with the model and the impact of market integration on the returns to innovation.
This pattern of robust innovative activity, weak productivity growth, and a divergence in real wages
across workers is not unique to the German economy but seems to hold across a number of advanced
economies. This is a puzzle for benchmark models of endogenous growth, but the decoupling of in-
novation and wage growth visible in figure 9 is naturally accounted for by amodel that acknowledges
the importance of technology adoption, and considers the impact on globalization on the returns to
“local adoption” vis-a-vis “global innovation”. Similarly, rising profits and stock market valuations of

82See table 4 in Van Ark, O’Mahoney, and Timmer (2008).

40



Figure 9. Growth, Patents, and Inequality in Germany

Data for patents comes from the Crios Patstata database, see Coffano and Tarasconi (2014). Wage data is computed based on the PWT version 09, combining real national gdp (not PPP) with their measure
of the labor share and dividing thorough by the total population. Patents are normalized so that the wage level and patent level coincide in 1984. GDP per capita growth does better than wages, but still
grows substantially below trend, leading to an overall growth slowdown. Data for the skill premium, denoted as log

(wH
w

)
where the wage rates are the price of one hour of skilled or production

labor, comes from the KLEMS data version 07. Skill here refers to college-educated workers, group 3 in the Klems data. I do not make additional adjustments for efficiency units within skill group, which
does not change the broad pattern. See the discussion and adjustments made in Buera et al. (2022) who also use the Klems data.The Gini index is pre tax and taken from the World Inequality Database
of Alvaredo et al. (2020).

multinational companies are perfectly consistent with the increasing value of innovation in a global-
ization world.

This bleak scenario contrasts with the benevolent implication of symmetric market integration
as I have argued before. I next plot the transition dynamics for the case when emerging markets
converge in terms of fundamental research productivity and skill endowment to the level of advanced
economies.

Interestingly, initially symmetric and asymmetric integration do not look very different initially:
it takes time for the emerging market to improve their research productivity and skilled labor supply
so in the early stages of convergence the emerging market largely adopts technology, which drives
up the return to innovation and raises the skill premium, reducing technology adoption in the West.
However, in the long-run it becomes apparent that the impact on production labor is fundamentally
different. Innovation abroad pushes out the technological frontier, while simultaneously pushing
skilled labor back into domestic technology adoption. This is good news for production workers, and
even skilled workers are better off in this scenario as the fall in the skill premium is dominated by
overall technological growth.
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Figure 10. Wages & Technology along the Transition Path

Note. Based on symmetric integrationwhere convergence in innovative capacity and skilled labor endowment takes roughly 30
years, see appendix. Wages are plotted in logs, and the frontier level of technology is normalized byL1−ϕ to net out exogenous
long-run growth. Grey lines indicate the evolution of the variable in autarky from the point of view of advanced economies.

Discussion & Empirical Evidence. The model is consistent with a number of empirical facts
that have so far only considered in isolation: rising innovative effort and an increasing skill pre-
mium against the backdrop of sluggish productivity growth and overall wage stagnation in advanced
economies. The key mechanism that accounts for the puzzling evolution of these secular trends is
that innovation in a globalizedworld potentially comes at the cost ofweakened local technology adop-
tion, which is essential forwage growth of productionworkers in the framework. While a clean causal
identification strategy for a theory of global growth is not available, I aim to make the theory more
compelling in twoways. First, I address alternative explanations and will argue that it will be difficult
to explain the growth patterns we have observed in the data. Second, I consider distinct microeco-
nomic implications of themodel that one could test using regional variation, and cite other empirical
studies whose findings are consistent with the theory proposed here.
Alternative Hypotheses. Skill-biased technological change is perhaps the most influential explana-
tions to account for the rise in the skill premium, andwage stagnation of productionworkers, seeKatz
andMurphy (1992) and Bound and Johnson (1992). While the evidence in favor of skill-biased techno-
logical change is strong, it is difficult to square it with overall wage stagnation because even though
skill-biased technical change may favor of one worker group over another, it ultimately raises every-
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one’s wage, see Acemoglu and Autor (2011) and Autor (2019) for a discussion of this point. A related
literature has focused on the task-content of work and automation, which can generatemore adverse
effects of technological change on specific worker groups, see Autor, Levy, and Murnane (2003) and
Acemoglu and Restrepo (2021). Even so, it is difficult to understand overall stagnant wages and slow
productivity growth: while automation may reduce wages for some workers, it should raise overall
GDP growth.83 In contrast, in a model with endogenous skill-intensive adoption, rising inequality
and weak productivity growth go hand in hand.

Similarly, a large literature has explored the link between globalization and inequality finding
mixed results, see Helpman (2016) for an overview. Note that standard trade models predict gains
from trade, and overall stagnation does not sit quite right with this implication. It may be, of course,
that there strong pro-growth effects of market integration dominated by the some other forces like
fading competition84 or declining population growth to induce weak productivity growth. Interest-
ingly, a slowdown in population growth through the lens of a model where ideas are harder to find
(Jones, 1995) predicts a declining share of labor devoted to innovation. The fact that we seem to pour
more andmore resources into an activity that is getting harder and harder is puzzling. Taking the role
of globalization serious resolves this tension as technology adoption abroad can sustain innovation
in advanced economies even as ideas are getting harder to find.

Clearly, all of the aforementioned explanations must feature in any coherent account of growth
around the turn of the 21st century. However, little attention has been paid to the role of technology
adoption in a globalized world, which offers a simple explanation for a broad set of facts. I next turn
to micro-econometric evidence in favor of the key mechanism.
Cross-Sectional Implications. The model has distinct implications for the uneven impact of global-
ization on innovation and technology adoption. The work of Andrews, Criscuolo, and Gal (2015) and
Andrews, Criscuolo, andGal (2016) seems largely in linewith this interpretation as laggard firms, here
firms in the production sector, seem to be loosing out. The main bottleneck to make the interpreta-
tion more compelling is that it is hard to come by comprehensive measures of technology adoption,
which tends to be restricted to case studies of specific technologies.85 I thus turn to regional variation
within advanced economies, based on the logic that specialization in innovation vis-a-vis production
is extremely uneven across space. If high-income regions have a persistent advantage in innova-
tion, then market integration ought to further raise growth in innovative regions within advanced
economies. This effect would be accompanied by a reallocation of skilled labor away from relatively

83See Aghion, Jones, and Jones (2017) for the powerful pro-growth effects of automation in endogenous growth model.
84The role of fading competition is hard to assess quantitatively as this strand of the literature has largely used models with

strong scale effects where market size shocks have extreme predictions for long-run growth.
85See Griliches (1957)’s classic study of the diffusion of hybrid seeds in the US, Comin and Hobijn (2010b) combine a number

of technologies and study their diffusion across countries over time. Anzoategui et al. (2019) use survey data on the diffusion
of specific technologies in the US and the UK. The latter study is consistent with the important role of technology adoption in
accounting for the growth slowdown although their focus is ultimately transitory and driven by cyclical variation, in contrast
to my framework where a globalization-induced increase in the skill premium creates persistent level effects.
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poorer regions and coincide with weak growth in production-focused regions as technology stalls. I
make this argument more carefully in the working paper version (Trouvain, 2023), and focus on the
simple cross-regional growth patterns for Germany in this version of the paper.

Figure 11 plots averagewage growth, defined as the total wage bill of full-time employees over total
full-time employment, against the log of the initial average real wage for a local labor market inWest
Germany,86 following Baumol (1986). While wage growth in the early period from 1986 – 1994 was,
on average, higher for laggard regions. These growth patterns are turned upside down in the 2000s,
where high-income places grew relatively fast while laggard regions stagnated.87 To the extent that
laggard regions aremore focused onproduction, and frontier regions hostmost of the innovation, the
changing growth patterns are consistent with rising returns to innovation in the aftermath of global
market integration.

Figure 11. Regional Convergence in Germany

Using data from the BHP establishment sample, the figure plots average wage growth against initial the initial average wage in real terms. The
plot shows how growth pre 1994 was biased towards lagging regions, while from 1994 onwards growth was biased towards high income regions.
I stop short of the financial crisis, but have looked at convergence patterns from 206 - 2015 as well which are mostly neutral with a regression
coefficient statistically indistinguishable from zero at standard levels of significance. See the appendix for plots for high, middle, and low skilled
wages separately. A common concern is that international trade, and in particular import exposure following Autor, Dorn, and Hanson (2013),
fully explains weak growth in laggard regions. To consider the effect of import exposure on wage growth, I run a convergence regression with
an additional import exposure variable as control. Import competition accounts for virtually none of the stagnation in laggard regions.

These changing regional convergence patterns aremore broadly true across advanced economies
including the USA (Berry and Glaeser, 2005; Ganong and Shoag, 2017; Giannone, 2017; Rubinton,
2020), and thus should be uncontroversial. The important difference to this spatially-focused litera-
ture is that their explanations arebasedon skill-biased technological change,which, as arguedbefore,

86Clearly, German integration poses econometric challenges. However, note that internal integration, at least through the
lens of the model, does not generate a bias towards innovation as skilled labor would earn a high return in Eastern Germany
to help adopt technology.

87It is likely that fast growth in high income places is still an understatement due to top-coding issues in the German data.
The IAB provides average wages on the establishment level that use the imputation procedure in Card, Heining, and Kline
(2013) to deal with the fact that as much as 10% of wage observations are top coded. This procedure relies on a log normal
model of the wage distribution which is conservative considered against the thick right tail of the income distribution.
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induces relatively fast GDP growth. In contrast, in a model with endogenous technology adoption, a
meaningful tradeoff emerges. For my baseline calibration, frontier growth does not compensate for
weak technology adoption in the hinterlands, consistent with the aggregate growth slowdown and
figure 11 when paying attention to the scale of the y-axis: the growth drag from laggard regions is too
large and dominates.

Weak technology adoption in the cross-section of regions is ultimately driven by a reallocation
of skilled labor, which is born out in the data. Figure 12 displays the uneven evolution of the skilled
labor share across regions in Germany. The general equilibrium structure of the model makes clear
that the acceleration in skill growth in innovative centers comes at the cost of production-focused
regions, which could appropriately be described as brain drain.

Figure 12. Share of College Workers across Regions

These plots compute skill share and employment in innovation across high and low income regions in Germany by grouping regions into wage deciles and computing simple averages. The plots are
purely cross-sectional in the sense that I assign labor markets into bins each year so that for example the set of places in the top bin can change every year. In practice, whether one fixed the income
ranking in 1994 instead does not change the broad patterns. There is substantial sampling variation within each region, however, and the cross sectional plots is smoother, which is why I prefer it.

The final piece of evidence in favor of the role of skilled labor in technology adoption, which is at
the heart of themechanism, comes from seemingly unrelated studies. Usingmicro data and a causal
estimation design based on cross-regional variation, Lewis (2011), Beaudry, Doms, and Lewis (2010),
and Imbert et al. (2022), provide compelling evidence that a change in the local skill mix towards less
skilled workers reduces a local labor market’s adoption of new technology. Similarly, classic argu-
ments related to growth at the eve of the industrial revolution highlight the role of skilled labor and
labor scarcity as drivers of growth, see Mokyr (2009) and Allen (2009), respectively. Recent work of
Voth, Caprettini, and Trew (2023) provides evidence in favor of both views. The theory I have pro-
posed is consistent with these accounts: skill is key for adoption, and shocks that push down the skill
premium, be it because of a skilled labor supply shock, or a negative shock to production labor, raise
the incentives to adopt technology.
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5 Conclusion

Global market integration across advanced economies and emerging markets changes the returns to
innovation vis-a-vis technology adoption. The research sector in advanced economies expands, while
domestic technology adoption stalls. Imake this argument precise by generalizing themodel of Jones
(1995) to include an endogenous technology adoption gap. The theory highlights how innovation and
technology adoption are complementary on the market for ideas, but at the same time compete for
skilled labor on factormarkets. This leads to anovel role for the skill premium,whichdirectly impacts
productivity through its effect on equilibrium adoption effort.

Inmy calibration, weak domestic technology adoption entirely erases gains from additional inno-
vation in the aftermath of market integration between advanced economies and emerging markets.
The mechanism can generate sizable real wage losses for production workers in rich countries, and
explains weak aggregate growth in advanced economies despite rising innovative efforts. In spite
of this dire prediction, openness and globalization can play a powerful role in sustaining long-run
growth due to the inherent non-rivalry of ideas when emerging markets converge all the way and
start to contribute to the technological frontier. Concerns about the adverse effects of the ability of
emergingmarkets to competewith advanced economies in the research sector aremisplaced through
the lens of the model: innovation in emerging markets would push out the technological frontier,
and simultaneously induce a reallocation of skilled labor toward adoption activity within advanced
economies generating broad-based wage growth for all workers.

Much work remains to be done to discipline the innovation-adoption tradeoff that is the focus of
the paper, not least for a lack of comprehensivemeasures of technology adoption. Yet, I hope that the
framework’s simplicity and ability to explain several patterns in the data all at once will contribute
toward a better understanding of the nexus of technological change, inequality, and globalization.
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A Theory Appendix

A.1 Production Firm

A.1.1 Static minimization problem of firm in production sector

Optimality can be split into a number of steps, where first I begin by deriving the efficient demand
for each capital good, xz, holding A fixed. Without loss of generality, one can think of the capital
goods xj as contained in the interval [0, A]where

∫ A
0
dj = A. Given total expenditure on capital goods∫

pjxjdj = pjxwhere
∫
xjdj = x, I can ask howmuch expenditure is spend on each particular variety.

The problem reads

max
∫ A
0

(xj

α

)α
dj

s.t.
∫
pjxjdj ≤ I.

(50)

This well-known problem (Dixit and Stiglitz, 1977) leads to the following first order condition

xj

xz
=

(
pj
pz

)− 1
1−α ,

and since the capital goods are homogeneous it follows that xj = xk ∀j, k. As a consequence, the total
quantity of each individual capital good variety must read pjxj = pxx̃

A where the last equality holds
because of the symmetry assumption.

Now I can substitute this into the firmproduction function and find theminimal cost of producing
one unity of output, given factor prices. This leads to the following cost minimization problem

min wl + pxx̃

s.t.
(∫ A

0

(
x̃
α

1
A

)α
dj
)(

l
1−α

)1−α
≥ 1

The problem further simplifies to

min wl + pxx̃

s.t.
(
x̃
α

)α ( Al
1−α

)1−α
≥ 1

which has the convenient Cobb-Douglas structure with labor-augmenting technological change. The
first order conditions lead to the constant ratio of expenditure shares on labor and capital

pxx̃
wl = α

1−α

Together with the binding constraint,
(
x̃
α

)α ( Al
1−α

)1−α
= 1, the cost-minimizing bundle of labor and
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capital leads to a marginal (and average) unit cost of

mc = (px)
α (w

A

)1−α
.

Average andmarginal cost coincide since the production function features constant returns in capital
and labor, conditional on A.

This constant-marginal cost results is important as it simplifies the firm’s price setting problem,
taking aggregate variables as given. Formally, the problem reads

maxp Y p−σ [p−mc]

which leads to the well-known constant markup over marginal cost,

p =
σ

σ − 1
mc.

This constitutes a solution to the static firm problem. Since profits are strictly decreasing inmarginal
cost, it is indeed optimal to achieve lowest cost and then charge a constant markup over marginal
cost.

A.1.2 Dynamic Firm Problem and adoption Gap

The firms’ adoption problem is summarized in the following HJB equation

V (rt + δX) = max
hi,t

π0 (Ai,t)− wH,thi,t + Ȧi,t∂AV + V̇

s.t.
Ȧi,t = νA1−θ

F,t A
θ
i,th

β
i,t − δIAi,t,

(51)

where δX is an exogenous firm death shock and ∂AV := ∂V
∂A denotes the partial derivative

To solve theproductionfirm’s adoptionproblem, it is useful to rewrite theproblemusing anormal-
ized value function v = V

wL
, as well as normalizing the state variable A by AF , i.e. the state becomes

z. With these assumptions, I obtain a system that is stationary in the steady state. In the log utility
case with r = ρ+ gF along a balanced growth path, this leads to the following recursive formulation
of the firm adoption problem,

v (ρ+ δX) = maxh
πo
t (z)
wL
− sh+ ż∂zv + v̇

s.t.

ż = νzθhβ − (gF + δI) z.

(52)
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A solution to the program (52) needs to satisfy the following first order condition

{
βνzθ∂zv

s

} 1
1−β

= h . (53)

Equation (53) captures the tradeoff of the effect on firm value of amarginal increase in h relative to its
cost s. In anticipation of the solution, I derive the derivative of hwith respect to z and t, which yields

∂zzv
∂zv

+ θ
z = (1− β) ∂zhh

∂z v̇
∂zv
− ṡ

s = (1− β) ∂thh .

Next, derive the envelope condition of the HJB equation to get

(∂zv) (ρ+ δX) = ∂zπ
wL

+ ż (∂zzv) +
(
θzθ−1νhβ − (gF + δI)

)
(∂zv) + ∂z v̇

(∂zv) (ρ+ δX + (1− θ) (gF + δI)) = ∂zπ
wL

+ ż (∂zzv) + (∂zv)
θ
z

(
zθνhβ − z (gF + δI)

)
+ (∂zv)

{
(1− β) ∂thh + ṡ

s

}
(∂zv) (ρ+ δX + (1− θ) (gF + δI)) = ∂zπ

wL
+ (∂zv)

(
∂zzv
∂zv

+ θ
z

)
ż + (∂zv)

{
(1− β) ∂thh + ṡ

s

}
ρ+ δX + (1− θ) (gF + δI) = ∂zπ

wL

1
∂zv

+ (1− β) ḣh + ṡ
s .

Now I can substitute in the first order condition and use the fact that I know the derivative of the
profit function to get

ḣ
h = 1

1−β

{
(ρ+ δX + (1− θ) (gF + δI))− 1

∂zv

[
πo

wL

(1−α)(σ−1)
z

]
− ṡ

s

}
ḣ
h = 1

1−β

{
(ρ+ δX + (1− θ) (gF + δI))− βνzθhβ−1

s

[
πo

wL

(1−α)(σ−1)
z

]
− ṡ

s

}
Moreover, recall that the law of motion of relative technology reads

ż
z = νzθ−1hβ − (gF + δI) .

In the steady state, we have that

h1−β = 1
s
β(1−α)(σ−1)(gF+δI)
ρ+δX+(1−θ)(gF+δI)

[
πo

wL

]
νzθ−1

(gF+δI)
(54)

z1−θ = νhβ

gF+δI
(55)

If we combine these two equations one can see that a constant spending on learning activity follows

hs = β(1−α)(σ−1)(gF+δI)
ρ+δX+(1−θ)(gF+δI)

[
πo

wL

]
.
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This leads to an inequality that needs to be satisfied for the equilibrium to be well-defined, namely

β (1− α) (σ − 1) < ρ+δX
gF+δI

+ (1− θ) .

The left hand side represents the additional benefit of improving your productivity, which combines
the diminishing returns in learning (β) with the elasticity of the profit function ((σ − 1) (1− α)). The
right hand side consist of effective costs in steady state, which is related to effective discounting as
well as the advantage of backwardness. The firm needs to take into account that as it climbs up the
technological ladder, the pull force introduced through the advantage of backwardness diminishes.
This gives rise to an endogenous adoption gap as a function of the relative price of skill. Moreover,
climbing up the ladder is costly when discounting is high since the benefits only accrue in the future.

A.1.3 Firm value function off and on the balanced growth path

Suppose that free entry into innovation and production holds. In that case, it must be that fE =

v (t, z) . Now the value function solves the HJB

(r + δX − gwL
) v = maxh

πo

wL
− sh+ ż (∂zv) + v̇.

This dynamic HJB equation is tied to the free entry condition in a useful way, see the discussion in
Peters andWalsh (2019), which I leverage in thenext steps. Note that totally differentiating fE = v (z, t)

with respect to time t implies ż (∂zv) = −v̇. I use this relationship to simplify the HJB equation where
it must be understood that h solves the dynamic adoption problem. Rearranging yields

v =
πo

wL
−sh

rt+δX−gwL

where I did not assume anything about the stationarity of any of the variables.
Care must be taken for the case when the free entry condition does not hold. In that case, I can

compute the firm value by piecing together the part of the problemwhere no entry occurs (so I know
exactly what the measure of firms is and hence can back out profits and the optimal adoption de-
cision) plus the value when free entry is again binding. This is relevant because entry is going to
be responsive to learning activity, which pushes down current profits and might thus command a
smaller measure of firms in equilibrium.
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A.2 Research Sector

Long-run growth rate. To see why the long-run growth rate equals gL
1−ϕ , rearrange the resource con-

straint in innovation

ȦF = γAϕF

(
HF

L

)λ−1

HF − δIAF ⇒

(gF + δI) = γAϕ−1
F hλ−1

F HF

(gF + δI) = γ
L

A1−ϕ
F

hλ−1
F

HF

L
⇒

aF =
γhλF
gF + δI

where I used the definitions aF =
A1−ϕ
F
L and hF = HF

L . It is easy to see now that along a balanced growth
path with positive population growth and ϕ < 1, it must be that gF = gL

1−ϕ .
88

Similarly, the law of motion of normalized ideas follows from noting that by definition

ȧF
aF

= (1− ϕ) gF − gL

and after substituting out gF = γAϕ−1
F

(
HF
L

)λ−1
HF − δI,

ȧF
aF

= (1− ϕ)

[
γAϕ−1

F

(
HF

L

)λ−1
HF

L
L− δI

]
− gL

= (1− ϕ)
[
γhλF
aF
− δI

]
− gL

= (1− ϕ)
[
γhλF
aF
−
(
δI +

gL
1− ϕ

)]
which implies

ȧF = (1− ϕ)
[
γhλF − aF

(
δI +

gL
1− ϕ

)]
as in the main text.

88Note that if I had chosen the congestion force using fR = H1−λ
F , the link between aggregate per capita growth and pop-

ulation growth would be gF = λ
1−ϕ

gL. In an earlier version, I used this exact formulation, which works well in the closed
economy. In the open economy, small countries would have a large incentive to specialize in innovation to the extent that this
congestion externality is “local” as opposed to global.
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Decentralized equilibrium. Assume free entry holds

VI = fRwH

Aϕ
F

. (56)

Totally differentiating (56) with respect to time t yields

V̇I = VI ((1− λ) (gHF − gL) + gw + gs − ϕgF) (57)

where I used the fact that fR =
(HF

L )
1−λ

γ .
Recall the expression for the net present value of an idea

VI =
∫∞
t+τ

exp
(
−
∫ u
t
(rv + δI) dv

)
πI,udu . (58)

Totally differentiating (58) with respect to time yields

V̇I = − exp

(
−
∫ t+τ

t

(rv + δI) dv

)
πI,t+τ · [1 + τ̇t] + (rt + δI)VI, (59)

whichexpresses the valueof an innovation in termsof its properly discountedflowprofits, exp
(
−
∫ t+τ
t

(rv + δI) dv
)
πI,t+τ ·

[1 + τ̇t], taking into account changes in the waiting time τ̇ , as well as appreciation V̇I. Combining (57)
and (59) yields

VI =
exp

(
−
∫ t+τ
t

(rv + δI) dv
)
πI,t+τ · [1 + τ̇t]

rt − gwL
− gs + δI − (1− λ) (gHF − gL) + ϕgF

which is identical to the expression in the paper.
In anticipation of solving for a balanced growth path equilibrium, I normalize the value function

using wL

Aϕ
F
as normalizing factor so that vI = VI

wL
AϕF , and by free entry vI =

s
γh

1−λ
F . Using this normal-

ization

vI =
AϕF,t
wL,t

exp
(
−
∫ t+τ
t

(rv + δI) dv
)

rt − gwL
− gs + δI − (1− λ) (gHF − gL) + ϕgF

πI,t+τ (1 + τ̇t)

vI =
AϕF,t
wL,t

exp
(
−
∫ t+τ
t

(rv + δI) dv
)

rt − gwL
− gs + δI − (1− λ) (gHF − gL) + ϕgF

αwL,t+τLP,t+τ
AF,t+τzt+τ

(1 + τ̇t)

vI =
exp

(
−
∫ t+τ
t

(rv + δI − gwL
+ ϕgF) dv

)
rt − gwL

− gs + δI − (1− λ) (gHF − gL) + ϕgF

αLP,t+τ

A1−ϕ
F,t+τzt+τ

(1 + τ̇t)

vI =
exp

(
−
∫ t+τ
t

(rv + δI − gwL
+ ϕgF) dv

)
rt − gwL

− gs + δI − (1− λ) (gHF − gL) + ϕgF

αlP,t+τ
aF,t+τzt+τ

(1 + τ̇t)
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where hF := HF
L and aF =

A1−ϕ
F
L are normalized variables that are constant along a balanced growth

path.
Given log utility, the real rate equals r = ρ+ gF. Along a balanced growth path, vI simplifies to

vI =
exp

(
−
∫ t+τ
t

(ρ̃+ gF + δI) dv
)

ρ̃+ gF + δI

αlP
aFz

=
exp

(
ρ̃+gF+δI
gF+δI

log z
)

ρ̃+ gF + δI

αlP
aFz

=
1

ρ̃+ gF + δI

αlPz
ρ̃

gF+δI

aF

where I used ṡ = τ̇ = 0, and gWL
= gA = gF =

gL
1−ϕ , and the definition ρ̃ = ρ− gL.

Using free entry and in particular s
γh

1−λ
F = vI I can derive normalized equilibrium demand for

skilled labor

hF =

{
γ

s

1

ρ̃+ gF + δI

αlPz
ρ̃

gF+δI

aF

} 1
1−λ

.

Combining this with the resource constraint for ideas in the steady state, aF = γhλ
F

gF+δI
, leads to

hF =

{
1

s

gF + δI
ρ̃+ gF + δI

αlPz
ρ̃

gF+δI

}
,

which is the same expression as in the main part of the paper.

A.2.1 Waiting time for innovator

The waiting time τ for an innovator’s idea to be adopted can be derived as follows. Recall equation
(18). Use an integrating factor and note that on the balanced growth path with a constant adoption
gap, gA = gF . Normalizing the time of entry to zero (tE = 0) so that calendar time t coincides with
waiting time, I can derive the waiting time as a solution to the following differential equation

Ẇt = −δIWt −At (gA + δI) .
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Using an integrating factor eδIt∫ t
0
∂ exp(δIu)Wu

∂u = −
∫ t
0
exp (δIt)Au (δI + gA) du

exp (δIt)Wt −W0 = −A0

∫ t
0
e
∫ u
0
gA(x)+δIdx (δI + gA) du

exp (δIt)Wt −W0 = −A0

∫ t
0
e
∫ u
0
ζxdx (ζu) du

exp (δIt)Wt −W0 = −A0

(
e
∫ t
0
gA(x)+δIdx − 1

)
Wt −W0 exp (−δIt) = A0 exp (−δIt)−At

Wt − (AF,0 −A0) exp (−δIt) = A0 exp (−δIt)−At
Wt − (AF,0) exp (−δIt) = −At

(AF,0) exp (−δIt)−A0e
∫ t
0
gA(u)du = Wt

(AF,0) exp (−δIt)
(
1− z0e

∫ t
0
gA(u)+δIdu

)
= Wt.

Now set W (0, t) = 0, which is the point in time when the waiting time is zero. From the previous
derivations it is clear that this happens when

1 = z0e
∫ t
0
gA(u)+δIdu, (60)

i.e., the waiting time is implicitly defined by (60). Taking logs and rearranging yields

− log z0∫ t
0
gA(u)+δIdu

t

= t.

In general, instead of starting at time zero, entering cohorts start in calendar time t andhit themarket
at t+ τt, so the expression generalizes to

τ = − log zt∫ t+τ
t

gA(u)+δIdu

τ

, (61)

in line with the claim in the main text.
This waiting time is an endogenous object that depends on inventors’ and adopters’ choices, not

just in t but also in periods going forward. In the steady state, however, the expression collapses to a
simple statistic

τ = − log z

gA + δI
.

Next, I derive the time derivative τ̇ which is important to compute transition dynamics. Note that
(61) implies

τδI = logAF,t − logAt+τ
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I totally differentiate this expression to obtain

dτδI = gF (t) dt− gA (t+ τ) (dt+ dτ)⇒
dτ

dt
=
gF (t)− gA (t+ τ)

gA (t+ τ) + δI
.

One might be concerned whether 1 + τ ′ > 0, i.e., if τ ′ > −1. To see that this concern is immaterial
take account of the following fact. Because β < 1, the marginal benefit of adopting technology are
infinite so that I can safely assume gA > −δI (if there was no adoption the two would be equal). Then,
I prove by contradiction that τ ′ < −1 cannot be the case. Suppose τ ′ < −1. Then,

gF − gA (t+ τ)

δI + gA (t+ τ)
< −1 ⇒

gF − gA (t+ τ) < −δI − gA (t+ τ) ⇒

gF < −δI.

However, even if there is no research effort whatsoever, the worst frontier growth rate must be at
least as high as−δI. Thus by contradiction it must be that τ̇ > −1.

A.3 Planner Problem

The planner takesM and LP as given. Set up the present value Hamiltonian and solve the program.

H = max
HF,C

e−(ρ−gL)t log (c) + µK

[
(ALP)

1−α
Kα − C − δkK

]
+ µA

[
νAθA1−θ

F

(
hD
m

)β
− δIA

]
+ µAF

[
γAϕFLh

λ
F − δIAF

]

dC : µKL = e−(ρ−gL)t 1

c

dk : − µ̇K
µK

= α

(
ALP
K

)1−α

− δk

dhF :
µA
µAF

=
λγAϕFLh

λ
F

βνAθA1−θ
F

(
hD
m

)β hF
hD

dA : − µ̇A
µA

=
µK
µA

(
1− α
A

)
(ALP)

1−α
Kα +

[
θνAθ−1A1−θ

F

(
hD
m

)β
− δI

]

dAF : − µ̇AF

µAF

=
µA
µAF

[
(1− θ) νAθA−θ

F

(
hD
m

)β]
+
[
ϕγAϕ−1

F LhλF − δI
]
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where the equation (dA) implies a link between the marginal utility of an extra unit of capital (µK)
and the multiplier (µA), and after rearranging

− µ̇A
µA

=
µKLP
µA

(1− α)
(

K

ALP

)α
+

[
θνAθ−1A1−θ

F

(
hD
m

)β
− δI

]

it becomes clear that in a steady state µ̇A

µA
= µ̇K

µK
+ gL since

(
K
ALP

)α
+
[
θνAθ−1A1−θ

F
(
hD
m

)β − δI] is
stationary, and L̇P

LP
= gL as the relative share of labor devoted to production is constant.

The usual link between marginal product of capital, discounting, and per capita consumption
growth emerges, which pins down the ratio of physical capital to effective labor used for production
(as opposed to entry)

K

ALP
=

(
α

ρ+ gF + δk

) 1
1−α

.

Next, note that µ̇A

µA
=

µ̇AF
µAF

. Combining (dAF ) with (dhF), and recall ρ̃ = ρ− gL, yields

− µ̇AF

µAF

=
µA
µAF

[
(1− θ) νAθA−θ

F

(
hD
m

)β]
+
[
ϕγAϕ−1

F LhλF − δI
]

ρ− gL + gF =
µA
µAF

[
(1− θ) νAθA−θ

F

(
hD
m

)β]
+
[
ϕγAϕ−1

F LhλF − δI
]

ρ̃+ gF =
λγAϕFLh

λ
F

βνAθA1−θ
F

(
hD
m

)β hF
hD

[
(1− θ) νAθA−θ

F

(
hD
m

)β]
+
[
ϕγAϕ−1

F LhλF − δI
]

ρ̃+ gF =
λγAϕFLh

λ
F

βνAθA1−θ
F

(
hD
m

)β hF
hD

[
(1− θ) νAθA−θ

F

(
hD
m

)β]
+
[
ϕγAϕ−1

F LhλF − δI
]

ρ̃+ gF =
λγAϕ−1

F LhλF
β hFhD

(1− θ) +
[
ϕγAϕ−1

F LhλF − δI
]
.

Using aF =
A1−ϕ
F
L and in the steady state aF = γhλ

F
gF+δI

, and gF = 1
1−ϕgL,

ρ̃+ gF =
λ (gF + δI)

β hFhD
(1− θ) + [ϕ (gF + δI)− δI] .

Rearranging yields the final result

hD
hF

=
β

1− θ
· 1
λ

[
ρ̃

gF + δI
+ (1− ϕ)

]
.
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A.4 Planner Problemwith Skilled Labor in Production

The planner takesM and LP as given, and chooses the allocation of skilled labor across sectors, and
consumption to take account of the inter-temporal dimension of the problem. The difference to the
previous setup is that skilled labor is also used in production so setting the skilled labor share in
production equal to zero restores the original. I set up the present value Hamiltonian and solve the
following program

H = maxHF,C e
−ρ̃t log (c) +µK

( l1−ηP hηP
1− α

)1−α(
K

AL

)α
AL− c · L− δkK


+µA

[
νAθA1−θ

F

(
hD
m

)β
− δIA

]
+µAF

[
γAϕFLh

λ
F − δIAF

]
.

The first order conditions read

dc : µKL = e−ρ̃t
1

c

dh : µk
η (1− α)

hp

(
l1−ηP hηP
1− α

)1−α(
K

AL

)α
AL = µA

βνAθA1−θ
F

hD

(
hD
m

)β
= µAF

λγAϕFLh
λ
F

hF

and the optimality conditions associated with the co-state variables read

dC : µKL = e−ρ̃t
1

c

dh : µK
η (1− α)

hp

(
l1−ηP hηP
1− α

)1−α(
K

AL

)α
AL = µA

βνAθA1−θ
F

hD

(
hD
m

)β
= µAF

λγAϕFLh
λ
F

hF

dk : −µ̇K = µK

α( l1−ηP hηP
1− α

)1−α

kα−1 − δk

 (with k :=
K

AL
)

dA : −µ̇A = µK

(
1− α
A

)(
l1−ηP hηP
1− α

)1−α(
K

AL

)α
AL+ µA

[
θνAθ−1A1−θ

F

(
hD
m

)β
− δI

]

dAF : −µ̇AF = µA

[
(1− θ) νAθA−θ

F

(
hD
m

)β]
+ µAF

[
ϕγAϕ−1

F LhλF − δI
]
.
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Equation (dA) implies a link between the marginal utility of an extra unit of capital (µK) and the
multiplier (µA), and after rearranging

− µ̇K
µK

= α

(
l1−ηP hηP
1− α

)1−α

kα−1 − δk (62)

− µ̇A
µA

=
µK
µA

(1− α)

(
l1−ηP hηP
1− α

)1−α(
K

AL

)α
L+

[
θνAθ−1A1−θ

F

(
hD
m

)β
− δI

]
(63)

− µ̇AF

µAF

=
µA
µAF

[
(1− θ) νAθA−θ

F

(
hD
m

)β]
+
[
ϕγAϕ−1

F LhλF − δI
]
. (64)

Focus first on the case with exogenous innovation, so I can ignore all terms that involve the co-state
variable µAF . Note that from (dc) I have − µ̇K

µK
= ρ+ gF along a balanced growth path. Next, note that

the only way for µ̇A

µA
in (63) to be constant is for µ̇A

µA
= µ̇K

µK
+ gL to be true. This implies

ρ̃+ gF + δI =
µK
µA

(1− α)

(
l1−ηP hηP
1− α

)1−α(
K

AL

)α
L+ θνzθ−1

(
hD
m

)β

ρ̃+ gF + δI =
µK
µA

(1− α)

(
l1−ηP hηP
1− α

)1−α(
K

AL

)α
L+ θ (gF + δI)

ρ̃+ gF + δI =
µK
µA

(1− α)

(
l1−ηP hηP
1− α

)1−α(
K

AL

)α
L+ θ (gF + δI) (65)

where the second lines uses the link between hD and z in the steady state. Next, note

µk
µA

η (1− α)
hp

(
l1−ηP hηP
1− α

)1−α(
K

AL

)α
L =

βνzθ−1

hD

(
hD
m

)β
µk
µA

=
hP
hD

β (gF + δI)

η (1− α)
(
l1−η
P hη

P
1−α

)1−α (
K
AL

)α
L

which can be used in (65) to get

hD
hP

=
β

1− θ
1

η

{
1

1 + ρ̃
(1−θ)(gF+δI)

}

which characterizes the efficient allocation of skilled labor in the case without innovation but with
skilled labor as a factor of production in the intermediates good sector.

Next, suppose firms are automatically at the technological frontier, and set µA to zero while z = 1.
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This scenario is almost identical with Romer (1990). In that case,

dh : µAF

λγAϕFLh
λ
F

hF
= µk

η (1− α)
hp

(
l1−ηP hηP
1− α

)1−α(
K

AL

)α
AL

dAF : − µ̇AF

µAF

=
µK
µAF

(1− α)

(
l1−ηP hηP
1− α

)1−α(
K

AFL

)α
L+

[
ϕγAϕ−1

F LhλF − δI
]
.

The same logic as before implies µ̇AF
µAF

= µ̇K

µk
+ gL so

ρ̃+ gF + δI =
µK
µAF

(1− α)

(
l1−ηP hηP
1− α

)1−α(
K

AFL

)α
L+

[
ϕγAϕ−1

F LhλF − δI
]

ρ̃+ gF + δI =
γL

A1−ϕ
F

hλF

(
λ
hp
hF

1

η
+ ϕ

)
.

Now using aF =
A1−ϕ
F
L and γhλF = aF (gF + δI) I get the ratio of skilled labor in production vis-a-vis

innovation.
hp
hF

=

{
ρ̃

gF + δI
+ 1− ϕ

}
η

λ
.

This expression is extremely similar to the result in Jones (1995).
Taking out inefficiencies in research and adoption. First, using planner and private solution note(

hD
hF

)SP
(
hD
hF

)DC =

β
1−θ

1
λ

{
ρ̃

gF+δI
+ (1− ϕ)

}
β

1−θ
1
α

{
ρ̃

gF+δI
+ 1
}

z
− ρ̃

gA+δI

1+
ρ+δX

(gF+δI)(1−θ)

⇒

(
hD
hF

)SP
=

(
hD
hF

)DC
α

λ

ρ̃
gF+δI

+ (1− ϕ)
ρ̃

gF+δI
+ 1

z
ρ̃

gA+δI

(
1 +

ρ+ δX
(gF + δI) (1− θ)

)
,

which, after using α = λ, ϕ = 0, and δX = −gL, collapses to

(
hD
hF

)SP
=

(
hD
hF

)DC
z

ρ̃
gA+δI︸ ︷︷ ︸
≤1

1 +
ρ̃

(1− θ) (gF + δI)︸ ︷︷ ︸
≥1

 .

The bias is ambiguous and I conjecture that search externalities in either activity play a role. It would
be desirable to understand this results more carefully.
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A.5 Open Economy

Derivation of the share of ideas originating from country k.
You start with the free entry condition into research, and because the value of innovation is the same
no matter where you innovate (because ideas are sold to the same world market frictionlessly), and
assuming all countries innovate (which is always true for λ < 1), I have

(hF,c)
1−λ

wH,c

γc
(
AW
F
)ϕ =

(hF,k)
1−λ

wH,k

γk
(
AW
F
)ϕ ⇒ (66)

(hF,c)
1−λ

wH,c
γc

=
(hF,k)

1−λ
wH,k

γk
.

Next, use the fact that by the resource constraint, a link between share of ideas and skilled labor
devoted to innovation emerges

(gF + δI)χca
W
F = γch

λ
F,c.

Substituting this in (66) and rearranging yields

(
χc

γc

) 1−λ
λ

wH,c

γc
=

(
χk

γk

) 1−λ
λ

wH,k

γk
⇒

χc
χk

=

(
γc
γk

) 1
1−λ

(
wH,c
wH,k

)− λ
1−λ

.
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Next, note that thehigh-skilledwage ratio is a functionof the skill premiumalone wH,k

wH,c
=
(
si
sc

) 1−(β+θ)
1−θ

.

Summing over all k implies

∑
c

χc
χk

=
∑
c

(
γc
γk

) 1
1−λ

(
wH,c
wH,k

)− λ
1−λ

∑
c

χc
χk

=
∑
c

(
γc
γk

) 1
1−λ

( sc
sk

) 1−(β+θ)
1−θ

− λ
1−λ

1

χk
=

∑
c γ

1
1−λ
c

(
s

1−(β+θ)
1−θ

c

)− λ
1−λ

γ
1

1−λ

k

(
s

1−(β+θ)
1−θ

k

)− λ
1−λ

⇒

χk =

γ
1

1−λ

k

(
s

1−(β+θ)
1−θ

k

)− λ
1−λ

∑
c γ

1
1−λ
c

(
s

1−(β+θ)
1−θ

c

)− λ
1−λ

.

This establishes the result in the main part of the paper.
Derivation of the keymarket clearing condition in the open economy.

wH,k
γk

h1−λF,k =
1

ρ̃+ gF + δI

αLP(
AW
F
)1−ϕ ∑

c

wcz
ρ̃

gA+δI
c

wH,k
γk

h1−λF,k =
1

ρ̃+ gF + δI

αlP(
aWF
) ∑

c

wcz
ρ̃

gA+δI
c

wH,k
γk

h1−λF,k =
gF + δI

ρ̃+ gF + δI

αlP
γkhλF,k

χk
∑
c

wcz
ρ̃

gA+δI
c

zkskhF =
gF + δI

ρ̃+ gF + δI
αlPχk

∑
c

z
1+ ρ̃

gA+δI
c

zkskhF,k =
gF + δI

ρ̃+ gF + δI

γ
1

1−λ

k s
− 1−β−θ

1−θ
λ

1−λ

k∑
c γ

1
1−λ
c s

− 1−β−θ
1−θ

λ
1−λ

c

αlP
∑
c

z
1+ ρ̃

gA+δI
c .

Note that z = s−
β

1−θ κz, same as in the closed economy, and collect terms that are constant along a
balanced growth path so

hF,k = ΛFO
γ

1
1−λ

k s
− 1−β−θ

1−θ
1

1−λ

k∑
c γ

1
1−λ
c s

− 1−β−θ
1−θ

λ
1−λ

c

∑
c

z
1+ ρ̃

gA+δI
c .
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Combine this with the market clearing condition

htot,k =
ΛD

sk
+ ΛFO

γ
1

1−λ

k s
− 1−β−θ

1−θ
1

1−λ

k∑
c γ

1
1−λ
c s

− 1−β−θ
1−θ

λ
1−λ

c

∑
c

z
1+ ρ̃

gA+δI
c .

Generalized ACR Formula. Recall the expression for real wages in the open economy relative to the
closed economy reads

wopenk

wclosedk

=

(
hopenF,k

hclosedF,k

) λ
1−ϕ (

1

χk

) 1
1−ϕ

·
(
sopenk

sclosedk

)− β
1−θ

and
wopenH

wclosedH

=

(
hopenF,k

hclosedF,k

) λ
1−ϕ (

1

χk

) 1
1−ϕ

·
(
sopenk

sclosedk

) 1−(β+θ)
1−θ

.

Toderive this expression, startwith the resource constraintwhich implies a link between equilibrium
research effort and the share of ideas invented by country k

aWF =
γkh

λ
F,k

(gF + δI)χk
.

Now the ratio of frontier technology in theopenandclosedeconomy is givenby AW,open
F

AW,closed
F

=
(
aW,open
F

aW,closed
F

) 1
1−ϕ

=(
hopen
F,k

hclosed
F,k

) λ
1−ϕ

(
1
χk

) 1
1−ϕ where I used the fact that χclosedk = 1.

To study the realwage effects I have to account for the adoptionmargin since wopen
k

wclosed
k

=
AW,open
F

AW,closed
F

zopenk

zclosedk

.

Note that zopenk

zclosedk

=
(
sopenk

sclosedk

)− β
1−θ

,which delivers the result. For skilledwages the skill premiumneeds

to be added, wopen
H

wclosed
H

=
AW,open

F

AW,closed
F

zopen

zclosed
sopen

sclosed
.

These wage ratios reflect the long-run differences in wages after all temporary adjustments have
taken place. In particular, since the long-run supply of capital is perfectly elastic, the capital-effective
labor ratio is the same in the open and closed economy and is thus netted out in the ratio. This con-
cludes the derivation.
OpenEconomywithcountry sizedifferences. I next generalize the framework to allow for countries
of heterogenous sizes, which helps me to take the framework to the data. I use the “home economy”
aka the West as baseline for the normalizations. This means that the definition of the normalized
world technological frontier is unchanged. Define bc = Lc

L ∈ R+ as a weight attached to country c
relative to the home economy. You could as well pick LW =

∑
c Lc or any other normalizing factor

that grows as the same rate as the labor force.
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The growth of the technological frontier now reads

ȦW
F

AW
F

=
∑
c

ȦF,c

AW
F

=
∑
c

χc
ȦF,c

AF,c

=
∑
c

χc

(
γc
χc

(
AW
F
)ϕ−1

Lch
λ
F,c − δI

)
=
∑
c

χc

(
γc
χc

1

aWF
hλF,cbc − δI

)

=
∑
c

χc

(
γc
χc

hλF,cbc

aWF
− δI

)

=
∑
c

γch
λ
F,cbc

aWF
− δI.

This result of course coincides with the previous result when countries are equal-sized and bc = 1.
Consequently,

gaWF = (1− ϕ)

{∑
c

γch
λ
F,cbc

aWF
−
(
δI +

1

1− ϕ
gL

)}
and in the steady state

aWF =

∑
c γch

λ
F,cbc

gF + δI
.

By free entry, I have
h1−λF,c wH,c

γc
=
h1−λF,k wH,k

γk

and by the resource constraint I have
χc
χk

=
γch

λ
F,cbc

γkhλF,kbk
.

Combining free entry and resource constraint delivers

χk =
γ

1
1−λ

k s
− λ

1−λ
1−θ−β
1−θ

k bk∑
c γ

1
1−λ
c s

− λ
1−λ

1−θ−β
1−θ

c bc

where I used wH,k = bts
1−θ−β
1−θ .

71



I next derive the demand for skilled labor as before, using

sk
γk
h1−λF,k =

1

wk

1

ρ̃+ gF + δI

α(
AW
F
)1−ϕ ∑

c

LP,cwcz
ρ̃

gA+δI
c

sk
γk
h1−λF,k =

1

wk

1

ρ̃+ gF + δI

αlP
aWF

∑
c

wcz
ρ̃

gA+δI
c

Lc
L

skzk
γk

h1−λF,k =
1

ρ̃+ gF + δI

αlP
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∑
c

z
1+ ρ̃

gA+δI
c bc

skzk
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h1−λF,k =
1

ρ̃+ gF + δI

αlP
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∑
c

z
1+ ρ̃

gA+δI
c bc.

Next, use χk =
γkh

λ
F,kbk

aWF (gF+δI)
to obtain

skzk
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h1−λF,k =
1

ρ̃+ gF + δI

αlP
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∑
c

z
1+ ρ̃

gA+δI
c bc

skzk
γk

h1−λF,k =
gF + δI

ρ̃+ gF + δI

χkαlP
γkhλF,kbk

∑
c

z
1+ ρ̃

gA+δI
c bc

skzkh
1−λ
F,k =

gF + δI
ρ̃+ gF + δI

χkαlP
hλF,kbk

∑
c

z
1+ ρ̃

gA+δI
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skzkhF,k =
gF + δI

ρ̃+ gF + δI

γ
1

1−λ

k s
− λ

1−λ
1−θ−β
1−θ

k bk∑
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1
1−λ
c s

− λ
1−λ

1−θ−β
1−θ

c bc

αlP
1
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∑
c

z
1+ ρ̃

gA+δI
c bc

skzkhF,k =
gF + δI

ρ̃+ gF + δI

γ
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1−λ

k s
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1−λ
1−θ−β
1−θ

k∑
c γ

1
1−λ
c s

− λ
1−λ

1−θ−β
1−θ

c bc

αlP
∑
c

z
1+ ρ̃

gA+δI
c bc

κzs
1−θ−β
1−θ

k hF,k =
gF + δI

ρ̃+ gF + δI

γ
1

1−λ

k s
− λ

1−λ
1−θ−β
1−θ

k∑
c γ

1
1−λ
c s

− λ
1−λ

1−θ−β
1−θ

c bc

αlP
∑
c

z
1+ ρ̃

gA+δI
c bc

hF,k = ΛFO
gF + δI

ρ̃+ gF + δI

γ
1

1−λ

k s
− 1

1−λ
1−θ−β
1−θ

k∑
c γ

1
1−λ
c s

− λ
1−λ

1−θ−β
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αlP
∑
c

z
1+ ρ̃
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Note that for the symmetric country case with all endogenous variables and exogenous productiv-
ity shifters identical across countries, the expression would coincide with the solution to the closed
economy setup since the term

∑
c bc appears in both nominator and denominator.

Inserting this expression into themarket clearing condition and iterating over a set of skill premia
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across countries delivers the long-run steady state allocation

ΛD

sk
+ ΛFO

gF + δI
ρ̃+ gF + δI

γ
1

1−λ

k s
− 1

1−λ
1−θ−β
1−θ

k∑
c γ

1
1−λ
c s

− λ
1−λ

1−θ−β
1−θ

c bc

αlP
∑
c

z
1+ ρ̃

gA+δI
c bc = htot,k.

A.5.1 Trade cost and bargaining in open economy

I will next show to to extend the open economy model to include trade cost and bargaining. These
extensions are potentially important in taming the impact of the East on innovation in the West. In
a model where innovation happens in the West, and the East is a relatively large country that adopts
Western technology, the pull force can become so strong that the skill premium in the West shoots
up so much that Western workers are left impoverished. Two reasonable assumptions to avoid this
outcome relate to the role of trade cost, and bargaining over innovator rents, which I consider in turn.
Trade cost. Recall the flow profits of innovation in the steady state are proportional to

πI ∝
∑
c

αLPc wcz
ρ̃

gA+δI

AF zc
.

One could easily introduce ice berg trade cost from innovator i to technology user c

πI ∝
∑
c

1

τic

αLPc wcz
ρ̃

gA+δI

AF zc

where τic ≥ 1 and τii = 1.
The trade cost is somewhat non standard because themodel differs from, for instance, fromKrug-

man (1980) where the trade elasticity σ−1 shapes the importance of trade cost. The reason is that the
only good that is traded is the royalty associatedwith innovator profits. The locally optimalmarkup is
applied onto domestic cost, whichmaximizes total domestic revenues, and there is no way to further
raise profits. However, the profits need to be shipped back to the holder of the patents, and trade
costs apply so only a fraction 1

τij
of the value of the idea arrive at home.

One could envision that financial markets can help overcome this trade cost when both countries
hold ideas. That is, instead of shipping the royalty back one could simply trade it for the royalty that
accrues to foreign firms in the domestic economy. The extent to which this is possible depends on
the degree of specialization and would not work if all ideas are held in the West.
Bargaining over royalties. An alternative interpretation for the wedge parameter τ could be micro-
founded by considering explicit bargaining over innovator profits. For example, one could imagine
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that the Chinese government could try to extract rents from foreign innovators’ ideas. This would
help reduce the impact of foreign adoption on innovation in the West. If the (corrupt) government
wastes this income, the model coincides exactly with the previous extension. Alternatively, one can
rebate the profits to households.
Elastic skill supply. I reiterate that generalizing the supply of skilled labor, or using both high skilled
and production labor in innovation, would help deal with the impact of a large emerging market on
Western adoption by softening the blow to production workers.

A.5.2 Total Asset Stock in Open Economy

I derive the total value of assets in the open economy, which depends on the value of domestic capital,
domestic production sector firms, and global intellectual property. Note that ideas are adopted at
different points in time in different countries, which I need to keep track off. I focus on the two-
country case, and I focus on the value of an idea, which is the complicated object when constructing
the total value of assets held by the home economy. I focus on the case where all intellectual property
is held in the home economy (West).

It is easy to see that the value of an innovation V W
I can be split into home and foreign component

V W
I = VI + V ∗

I .

Next, note that along a balanced growth path a simple expression for the value of an innovation of
ideas that are already adopted, denoted by VA, obtains

VA =
1

ρ− gL + gF + δI

αLPwt
A

V ∗
A =

1

ρ− gL + gF + δI

αL∗
Pw

∗
t

A∗ .

Conveniently, changes in the real wage for a fixed long-run interest rate have no bearing on the value
of an innovation since theydirectly cancelwith the total numbers of adopted ideas in thedenominator
(recall w ∝ A).

The forces that do matter are i) changes in the waiting time, and ii) an extensive margin effect in
the form of another country using ideas. I focus on the first issue first, and introduce the following
notation. Let VI,t (k) denote the value of an innovation at time t that is k years away from adoption.
Clearly, this asset has value, but its value ought to be below ideas that are already in use at time t.
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Using the HJB equation (r + δI)VI = 0 + V̇I, and noting VI,t+k (0) = VA,t+k, I have

VI,t (k) = VI,t+k (0) e
−(r+δI)k

= VA,t+ke
−(r+δI)k

= VA,te
−(r+δI−gL)k

where the last line follows from using VA,t+k

VA,t
= egLk.

Next, note that if we knew the distribution of k, i.e., the waiting time of non-adopted ideas, we
could already compute the total value of intellectual property using

At · VA,t + (AF,t −At) ·
∫ τ

0

VI,t (k) dF (k) +A∗
t · V ∗

A,t + (AF,t −A∗
t ) ·
∫ τ∗

0

VI,t (k
∗) dF (k∗)

where dF (k) is the appropriate marginal distribution over wait times ranging from zero to τ .
The distribution of k can be derived as follows. Note that the share of ideas close to adoption

among all unadopted ideas depends on how much entry there is, which is directly proportional to
the gross entry rate gF + δI. In fact, the distribution k follows a truncated exponential distribution

f (k) =
(gF + δI) e

(gF+δI)k

e(gF+δI)τ − 1
, k ∈ [0, τ ],

where the distribution in the foreign economy features a different τ . Putting the pieces together, and
focusing on the value of innovation in the advanced economy, yields
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At · VA,t + (AF,t −At) ·
∫ τ

0

VI,t (k) dF (k) = At · VA,t
(
1 +

(
AF,t

At
− 1

)
·
∫ τ

0

VI,t (k)

VA,t
dF (k)

)
= At · VA,t

(
1 +

(
1− z
z

)
·
∫ τ

0

VI,t (k)

VA,t
dF (k)

)
= At · VA,t

(
1 +

(
1− z
z

)
·
∫ τ

0

e−(r+δI−gL)kdF (k)

)
= At · VA,t

(
1 +

(
1− z
z

)
·
∫ τ

0

e−(r+δI−gL)k (gF + δI) e
(gF+δI)k

e(gF+δI)τ − 1
dk

)
= At · VA,t

(
1 +

(
1− z
z

)
gF + δI

e(gF+δI)τ − 1
·
∫ τ

0

e−(r−gF−gL)kdk

)
= At · VA,t

(
1 +

(
1− z
z

)
gF + δI

e(gF+δI)τ − 1
·
∫ τ

0

e−(ρ−gL)kdk

)
= At · VA,t

(
1 +

(
1− z
z

)
gF + δI

e(gF+δI)τ − 1
· (ρ− gL)

[
e−(ρ−gL)k

]0
τ

)
= At · VA,t

(
1 +

(
1− z
z

)
1− e−(ρ−gL)τ

e(gF+δI)τ − 1
· (gF + δI) (ρ− gL)

)

= At · VA,t

(
1 +

(
1− z
z

)
1− z

ρ−gL
gF+δI

1−z
z

· (gF + δI) (ρ− gL)

)
= At · VA,t

(
1 +

(
1− z

ρ−gL
gF+δI

)
· (gF + δI) (ρ− gL)

)
where I substituted out τ = − log z

gF+δI
. Now adding the value of intellectual property across both coun-

tries yields

Tot_pat_value =
αLPw

ρ̃+ gF + δI


(
1 +

(
1− z

ρ−gL
gF+δI

)
· (gF + δI) (ρ− gL)

)
+
z∗b∗

z

(
1 +

(
1− z∗

ρ−gL
gF+δI

)
· (gF + δI) (ρ− gL)

)
︸ ︷︷ ︸

value of patents abroad


where b∗ keeps track of the relative country size b∗ =

L∗
P
LP
. Using this expression it is easy to com-

pare the total value of ideas to the counterfactual autarky equilibrium. In the counterfactual autarky
equilibrium, the value of patents abroad would be gone, and I evaluate adoption gap and wages at the
counterfactual autarky level.

76



Next, I add up all assets in the economy and normalize by L to get

Assets =
Tot_pat_value

L
+
K

L
+mVM

= w

(
Tot_pat_value

Lw
+

α2

1− α
lP

ρ+ gF + δK
+m · fE

)
.

I can construct this expression and compare it conveniently across different counterfactual scenarios
where all elements inside the parentheses are stationary. Lastly, note that one can simply apply the
factor χ to the value of patents when both countries are innovation, and one can use the wage of the
emerging market as normalizing factor to perform the same analysis.

A.5.3 Computing the Effect of an Increase in Research Productivity on Skill Premia.

I show how to compute the effect of an increase in a country’s research productivity on skill premia
everywhere. Consider the casewith equal-sizedproduction labor endowments across countries. Start
with the market clearing condition and simplify without loss of generality by setting γ̃k = γ

1
1−λ

k ,

hk,tot =
ΛD

sk
+

ΛFOγ̃ks
− 1−β−θ

1−θ
1

1−λ

k∑
c γ̃cs

− 1−β−θ
1−θ

λ
1−λ

c

∑
c

s
− β

1−θ

(
1+ ρ̃

gA+δI

)
c . (67)

Differentiate (67) respect to the set of endogenous skill premia s and exogenous technology shifter
γ̃k = γ

1
1−λ

k (I change only this one technology parameter so dγ̃c = 0∀c ̸= k) follows from noting

d

(
ΛD

sk

)
= −ΛD

sk
d log sk

d

(∑
c

s−κc

)
= −κ

∑
c

s−κc d log sc

d

(
γ̃ks

− δ
λ

k∑
c γ̃cs

−δ
c

)
= − δ

λ

γ̃ks
− δ

λ

k∑
c γ̃cs

−δ d log sk + δ
γ̃ks

− δ
λ

k

∑
c γ̃cs

−δ
c d log sc(∑

c γ̃cs
−δ
c

)2
+

γ̃ks
− δ

λ

k∑
c γ̃cs

−δ
c

d log γ̃ −
γ̃ks

− δ
λ

k∑
c γ̃cs

−δ
c

γ̃ks
−δ
k d log γ̃∑
c γ̃cs

−δ
c

= − δ
λ

γ̃ks
− δ

λ

k∑
c γ̃cs

−δ d log sk + δ
γ̃ks

− δ
λ

k∑
c γ̃cs

−δ
c

∑
c

χcd log sc + (1− χk)
γ̃ks

− δ
λ

k∑
c γ̃cs

−δ
c

d log γ̃
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where δ = 1−θ−β
1−θ

λ
1−λ and κ = β

1−θ

(
1 + ρ̃

gA+δI

)
. Putting the pieces together and totally differentiating

the market clearing, after using dhc,tot = 0 since the relative skill share is fixed, yields

0 = −hD,kd log sk − hF,k
δ

λ
d log sk

+ δhF,k
∑
c

χcd log sc − κhF,k
∑
c

s−κc∑
c s

−κ
c
d log sc

+ hF,k (1− χk) d log γ̃

where I substituted out ΛFOγ
1

1−λ s
− 1−β−θ

1−θ
1

1−λ∑
c γ

1
1−λ
c s

− 1−β−θ
1−θ

λ
1−λ

c

∑
c s

− β
1−θ

(
1+ ρ̃

gA+δI

)
c = hF,c.

Rearranging and noting that I only shock the research productivity of country k leads to

d log sk =
δhF,k

hD,k + hF,k
δ
λ

∑
c

χcd log sc −
κhF,k

hD,k + hF,k
δ
λ

∑
c

s−κc∑
j s

−κ
j

d log sc +
hF,k

hD,k + hF,k
δ
λ

(1− χk) d log γ̃k

for country k, while for any other country I have

d log sj =
δhF,j

hD,j + hF,j
δ
λ

∑
c

χcd log sc −
κhF,j

hD,j + hF,j
δ
λ

∑
c

s−κc∑
j s

−κ
j

d log sc −
hF,j

hD,j + hF,j
δ
λ

χkd log γ̃k.

I few observations are noteworthy. First, a country j′s exposure to an improvement in research pro-
ductivity in k hinges on whether country j performs frontier research, i.e., whether hF,j > 0. This
happens for two reasons. First, improving research productivity of a foreign country reduce the home
economy’s relative competitiveness in innovation, and causes a decline in research activity, captures
in the term hF,jχk. This effect also matters indirectly through δhF,j

hD,j+hF,j
δ
λ

∑
c χcd log sc, i.e., changes

in foreign skill premium impact the domestic economy’s specialization in innovation, which in turn
impacts their own skill premium. Second, an additional effect emerges due to the technology adop-
tionmargin: as skill premia change, technology adoption changes, which in turn impacts the returns
to innovation.

To solve the system I rewrite it in Matrix form

dlog s = [A (s)−B (s)]dlog s+C (χ)d log γ̃ (68)

where small bold letters are vectors and large bold letters denote matrices.
One can further simplify this system by noting that matrixA andB can be written as the product

of two vectors. Define ζj := κhF,j
hD,j+hF,j

δ
λ

, and πj := δ
κχj−

s−κ
j∑
j s

−κ
j

where πj is bounded, i.e., πj ∈ (−1, δκ ].
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Using two vectors ζ, π ∈ R1×N , the system can be written as

dlog s = [ζπ′]dlog s+C (χ)d log γ̃ (69)

which is convenient as the solution to (69) follows from computing the inverse of I−ζπ′ where I is the
identity matrix. This solution can be derived in closed form using the Sherman-Morrison formula

(I− ζπ′)
−1

= I−1 +
I−1ζπ′I−1

1 + π′I−1ζ

(I− ζπ′)
−1

= I+
ζπ′

1 + π′ζ

where a sufficient condition for this inverse to be well-defined is for |π′ζ| < 1, i.e., the sum should lie
within the unit circle.89 Since 0 <

∑
j ζj

δ
κχj ≤

∑
j χj = 1, one only has to show that−

∑
j

s−κ
j∑
j s

−κ
j

ζj ≥

−1. Since −
∑
j

s−κ
j∑
j s

−κ
j

= −1, it suffices to show that ζj ≤ 1. It is easy to see that for κ < δ
λ , which in

turn implies

1− θ − β > (1− λ)β
(
1 +

ρ̃

gA + δI

)
.

I emphasize that these are sufficient conditions, and the derivative should bewell-behaved for amuch
broader set of parameter values.

In a symmetric equilibrium, the expression simplifies to

d log sk =
hF

hD + hF
δ
λ

(
N − 1

N

)
d log γ̃k

> 0

where I used the fact that χ = 1
N by symmetry. For any other country, I have

d log sj = −
hF

hD + hF
δ
λ

1

N
d log γ̃k

< 0.

Thismeans that a small increase of a country’s research productivity around a symmetric steady state
leads to an increase in the skill premium, while the skill premium falls in every other country. This
contrasts with the autarky equilibriumwhere the skill premium is unrelated to research productivity.

89By the rank-nullity theorem, zero is an eigenvalue with multiplicity n-1, and the only eigenvalue left determining whether
the system converges is given by the scalar product of the two vectors.
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A.6 Hopenhayn Version

A.6.1 Static Problem

I solve the static problem of the firmfirst. I ignore the overhead adoption cost for now but it will show
up in the dynamic problem, of course. Recall the production function

yi =

(∫
j∈ΩAi

(xj
α

)α)( lζi
ζ (1− α)

)1−α


where the reader should take account of the curvature induced by ζ < 1. Note that
(
1
α

)α ( 1
ζ(1−α)

)1−α
is a normalizing constant for beautification purposes only. 90

The firm solves the static problem –abstracting away from the technology adoption margin for
now– where the price of the final good is normalized to unity, Py := 1.

max
xj,li

yi − wli +
∫
px,jxjdj (70)

I solve this problem in two stages. First, consider a givenexpenditure on intermediate goods px
∫
xjdj :=

RX and solve for the optimal demand for each intermediate good

xDj =
RX

P
α

α−1

X

p
1

α−1

x,j

where the ideal price index reads PX =
(∫

p
− α

1−α

x,j dj
)− 1−α

α . Given symmetry, all prices are identical
so the firms optimally spreads total capital expenditure evenly across intermediates

xj =
X

Ai
∀j.

Now I plug this solution back into (70), and solve the following static maximization problem

max
Xi,li

(Xi

α

)α(
Ai

(
li

ζ (1− α)

)ζ)1−α
− wli − pxXi

90One could easily put the curvature on the outer brackets as well without changing the economics of the paper, i.e., yi =(
1
ζ

(∫
j∈ΩAi

(
xij

α

)α
dj
)(

li
1−α

)1−α
)ζ

. This formulation, however, leads to slightly less elegant solutions.
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which leads to the following first-order conditions

yiα = Xipx

yiζ (1− α) = liw.

Factor payments are constant shares of revenue, due to the Cobb-Douglas assumption, so firm oper-
ating profits equal πo = y − liw − Xipx = (1− ζ) (1− α) y. Moreover, after inverting the first order
conditions and plugging them back into the production function, output appears as a function of of
input prices, and importantly, of the productivity of the firm Ai

yi =

(
Xi

α

)α(
Ai

(
li

ζ (1− α)

)ζ)1−α

=

(
yiα

pxα

)αAi

(
yiζ(1−α)

w

)
ζ (1− α)

ζ


1−α

=

(
yi
px

)α(
Ai

(yi
w

)ζ)1−α

= y
α+ζ(1−α)
i (px)

−α
(
wζ

Ai

)−(1−α)

= y
α+ζ(1−α)
i (px)

−α
(
wζ

Ai

)−(1−α)

⇔

yi =

{
(px)

−α
(
wζ

Ai

)−(1−α)} 1
(1−α)(1−ζ)

.

Take account of the partial derivative of output with respect to productivity

∂ log y

∂ logA
=

1

1− ζ
, (71)

which will become relevant for the dynamic problem considered next. Since π = (1− ζ) (1− α) y, it
follows that ∂π∂A = (1− α) yA = 1

1−ζ
π
A .

A.6.2 Dynamic Adoption Problem

I first solve the problem of an incumbent firm, i.e., the technology adoption problem, before I turn
attention to the free entry condition. The dynamic problem reads
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(r + δX)V = πo + V̇ + VAȦ− wHh

s.t.

Ȧ = νAθA1−θ
F hβ − δIA.

Tomake the problem stationary, I normalize the value function by the real wage of production labor,
and I focus on the state variable z := A

AF
, which will be constant in equilibrium while A and AF will

be continuously growing. Define v := V
w , and z := A

AF
, and note that this change of variable has no

effect on the underlying economics, which can now be studied in the stationary system

(r − gw + δX) v =
πo

w
+ v̇ + vz ż − sh

(72)

s.t.

ż = νzθhβ − (δI + gF ) z.

An interior solution to the system (72) satisfies the first-order condition

h =

{
vzβνz

θ

s

} 1
1−β

, (73)

which captures the trade-off between the cost of adoption in terms of the price of skilled labor, and
the benefit of improving the firm’s productivity.

To derive the differential equation that governs optimal skilled labor investment choices, I differ-
entiate (72) with respect to z, and after using the Envelope theorem, I arrive at

(r − gw + δX) =
πoz
wvz

+
v̇z
vz

+
vzz ż

vz
+ νθzθ−1hβ − (δI + gF ) . (74)

Now taking logs of (73) and differentiating with respect to time yields

ḣ

h
=

1

1− β

{
v̇z
vz

+
vzz
vz
ż + θ

ż

z
− ṡ

s

}
. (75)
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Now plug (74) into (75) to get

ḣ

h
=

1

1− β

{
(r − gw + δX)− πoz

wvz
− θνzθ−1hβ + (δI + gF ) + θ

ż

z
− ṡ

s

}
ḣ

h
=

1

1− β

{
(r − gw + δX)− πoz

wvz
− θνzθ−1hβ + (δI + gF ) + θ

[
νzθ−1hβ − (δA + gF )

]
− ṡ

s

}
ḣ

h
=

1

1− β

{
r − gw + δX + (1− θ) (δI + gF )−

ṡ

s
− πoz
wvz

}
ḣ

h
=

1

1− β

{
r − gw + δX + (1− θ) (δI + gF )−

ṡ

s
− βhβ−1νzθ−1

s

πozz

πo
πo

w

}
.

The final piece to derive the dynamic investment equation involves deriving the partial elasticity of
profits with respect to productivity, which is 1

1−ζ as can be seen in equation (71), which yields

ḣ

h
=

1

1− β

{
r − gw + δX + (1− θ) (δI + gF )−

ṡ

s
− βνzθhβ−1

s

[
1

1− ζ
πo

w

1

z

]}
. (76)

For now, assume that awell-defined steady state exists, which Iwill prove later, togetherwith stability
and uniqueness properties, and assume that in such a steady state the adoption gap is constant and
firms higher a constant number of skilled workers to adopt technology, i.e., ż = 0 and ḣ = 0 so that

z∗ =

(
ν

δI + gF

) 1
1−θ

(h∗)
β

1−θ (from resource constraint ż)

Using this link, one can further simplify (76) to derive h∗ in the steady state, which is inversely related
to the skill premium,

r − gw + δX + (1− θ) (δI + gF ) =
(δI + gF )

h∗s

β

1− ζ
π

w

⇔

h∗ =
1

s

(δI + gF )
β

1−ζ

r − gw + δX + (1− θ) (δI + gF )

π

w
. (77)

One can verify that the following inequality is necessary for a well-defined balanced growth path

β

1− ζ
<
r − gw + δX
δI + gF

+ (1− θ) . (78)

Proof. By contradiction, suppose that β
1−ζ ≥

r−gw+δX
δI+gF

+ (1− θ). In that case, spending on learning
in the steady state, h∗s, is weakly larger than total operating profits πo

w , so that the net profits
π
w =
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(
πo

w − sh∗
)
are non-positive. However, firms need to make positive profits to cover the initial fixed

cost of entry. Thus, any well-defined balanced growth path requires (78) to hold.

A.6.3 Free Entry

To close the model, Hopenhayn (1992) introduces a free entry condition such that the cost of entry,
paid in labor, equals the present discounted value of the firm

fEwL,t =

∫
V dFt (A|E) . (79)

In the main part of the paper I assume that F (A|E) = F (A) where F (A) refers to the incumbent
productivity distribution (expressing this in terms of total productivity A or relative productivity z is
inconsequential since the firm takes the frontier AF as given). The remaining steps are extremely
similar to the baseline model.

A.7 Heterogenous Firmswith Partial Knowledge Spillovers

A simplifying assumption in the paper is the complete knowledge spillover from incumbents to en-
trants. An alternative specification is one where the entrant only obtains a fraction λEE [z] where
λE < 1. This tweak turns the setting into a heterogeneous firmmodel where entrants learns from the
most sophisticated incumbent, but imperfectly so. A well-defined equilibrium is characterized by a
distribution f (z) with support z ∈ [λEE [z] , zmax]. This leads to a normalized free entry condition

fE = v (λEE [z]) .

Building on Hopenhayn (1992) andMelitz (2003), the profit ratio of any two firms can be expressed as
πi

πj
=
(
zi
zj

)(1−α)(σ−1)

, and normalized profits for firm i are given by π(zi)
w = (zi)

(1−α)(σ−1)

E[z(1−α)(σ−1)]
lP

m(σ−1)(1−α) .
Instead of using i subscript, I now index firms by z.

Next, consider the problem of some firm with productivity z in the steady state (so v̇ = 0)

(ρ+ δX) v (z) = max
h

π (z)− sh+ (∂zv) ·
[
νzθhβ − (gF + δI) z

]
.

The first order condition still reads

h (z) =

{
(∂zv)βνz

θ

s

} 1
1−β

.

I assume for simplicity that ṡ = 0 and derive a similar dynamic investment equation as for the homo-
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geneous firm case

ḣi
hi

(1− β) = (ρ+ δX + (1− θ) (gF + δI))−
βνzθhβ−1

s

[
π

w

(1− α) (σ − 1)

z

]
.

It is useful to rewrite this expression relative to the firms with the maximum productivity

ḣi
hi

(1− β) = (ρ+ δX + (1− θ) (gF + δI))

− β (1− α) (σ − 1) (zmax)
θ−1

hβ−1
maxν

s

πmax

w

(
zi
zmax

)θ−1+(1−α)(σ−1)(
hmax

hi

)1−β

which helps to pin down the equilibrium dynamics. By construction, the most productive firm hires
a constant amount of skilled labor with the only difference to the homogenous firmmodel being that
the steady state profits are larger. This is a direct consequence of starting out with an initially lower
productivity. Higher long-run profits have tomake up for low profits after the firm just entered, since
the entry cost are the same in both cases.

For this equilibrium to be well-defined, I need it to be true that entering firms improve their pro-
ductivity so that they converge to the more profitable incumbents in the long-run. This is not trivial.
One way to see this is to sue a phase-diagram in the h-z space assuming a stationary equilibrium ex-
ist for some zmax. Since there is no risk the differential equation I have derived beforehand applies.
Slightly rewriting and ignoring a a scalar 1 − β (which does not matter for the issue of existence but
surely matters for the speed of convergence) leads to

ḣ

h
= κ1

(
1−

(
z

zmax

)θ−1+(1−α)(σ−1)(
hmax

h

)1−β
)
.

Assuming ḣ = 0 implies h =
(

z
zmax

) θ−1+(1−α)(σ−1)
1−β

hmax. Moreover, assume θ−1+(1−α)(σ−1)
1−β > 0 so the

ḣ locus is upward-sloping in z. Moreover, note that the ż locus implies a positive link between h and

z as well, h =
(
gF+δI
ν z1−θ

) 1
β

.When

θ − 1 + (1− α) (σ − 1)

1− β
<

1− θ
β

,

one can show that the z-locus cuts the h-locus once from below. The associated stability analysis
suggests convergence from below, see figure 13.
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Figure 13. Phase Diagram

z

h

ż = 0

ḣ = 0

This structure gives rise to ameaningful stationary distribution whereby firms start out small and
improve their productivity over time. Several features are noteworthy. First, the firm size distribution
is independent of the relative price of skill s. What this suggests is that a new stationary equilibrium
with a higher price of skill produces an identical wave but shifted to the left, i.e., a permanently lower
level of adoption across all firms. This traveling wave property is not surprising in light of recent
work onheterogeneousfirms, seeLuttmer (2007), König, Lorenz, andZilibotti (2016), Sampson (2016),
Benhabib, Perla, and Tonetti (2021) and Perla and Tonetti (2014). Crucially, the partial equilibrium
elasticity ∂ log E[z]

∂ log s = − β
1−θ computed in the main text still applies. Second, demand for skilled labor

in the production sector can be derived by integrating over all productivity levels

hD = m

∫ zmax

λEE[z]
f (z)h (z) dz.

Third, the innovator problem in the steady state needs to be updated as follows

V = Ez [V (z)] (80)

where V (z) =
∫∞
t+τ(z)

exp
(
−
∫ s
t
[ru + δX] du

)
πI (z, s) ds is a function of the firm-specific z-level which

matters both in terms of firm size and how long it takes for an idea to be adopted by a firm of type z.
Theproblem is conceptually the sameas before except nowoneneeds to keep track of the distribution
of firm-specific adoption gaps. Of course, equation (80) is also conceptually very close to the value
function of an innovator in the open economy in the main text, which is a discretized version of (80)
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where z’s pertain to different countries.

A.8 OtherModel Extensions

Stochastic Adoption. Since asset markets are complete and there are no stochastic shocks, risk
plays no role when potential innovators consider entry into innovation. It is thus not surprising that
stochastic adoption does not change any of the results qualitatively.

For example, a different version that I have experimented with is to let un-adopted ideas to be
uniformly sampled at Poisson rate A(gA+δI)dt

AF−A = z
1−z (gA + δI) where 1

AF−A is the uniform density
andA (gA + δI) dt is the flow of new ideas that are adopted at each instant. The probability density is
then simply the product of the two, given statistical independence. On a balanced growth path with
constant relative technology level z, it is again true that a z close to unity makes the adoption friction
vanish. In contrast, as z approaches zero, the net present value of an innovation falls to zero as well
since the adoption probability converges to zero as well.

Using this alternative functional form, one can follow the same steps as in themain text and com-
pute the expected present discounted value of a patent. The insight that adoption and innovation are
complementary on themarket for ideas are robust to this alternative functional form. While stochas-
tic adoption is more realistic in the sense that most innovators do not know when, if ever, their idea
becomes profitable, this version of the model would be slightly less tractable regarding the market
clearing condition for skilled labor.

The value function of an innovator would now look as follows

(r − gV + δI)VI = 0 + λ (z)
(
V
adopted
I − VI

)
(81)

where gV = V̇
V is pinned down by the free entry condition, λ (z) = z

1−z (gA + δI), and V adopted
I =∫∞

t
e−

∫ u
t
rv+δIdvπI (u) du. The zero in (81) is meant to highlight that there are no flow profits up until

the idea is adopted.
Production Labor in Innovation and Upward-Sloping Skilled Labor Supply. Another natural ex-
tension is to allow production labor to be used in the research sector as well, i.e., suppose that the
entry cost combine each labor type according to a Cobb-Douglas production function with skilled la-

bor share κ, so the entry cost becomes fR
(
wH

κ

)κ ( w
1−κ

)1−κ
. In that case, an expansion of the research

sector will simultaneously raise demand for production labor.91 It will still be true, though, that the
impact on production worker wages can be characterized by the evolution of frontier technology AF

and the relative technology level z alone. Instead of making additional assumptions on the factor
intensity in each sector, one can capture these considerations by allowing the supply of skilled labor
to be upward sloping in the skill premium. To this end, suppose that an exogenously growing popu-

91See Helpman (2016) for a summary of the large literature on factor-biased trade and inequality.
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lation of workers split between production and skilled labor N = L + H where ψ (s) is the share of
workers that are skilled, which is now an upward sloping function of the skill premium. The market
clearing condition for skilled labor now reads

1

s
z
− ρ̃

gA+δI ΛF +
1

s
ΛD =

ψ (s)

1− ψ (s)
.

I assume ψ(s)
1−ψ(s) = ψ0 (s− κ)η where the baseline case refers to η → 0. As η → ∞ and skilled la-

bor supply becomes perfectly elastic,92 the skill premium is exogenously fixed at s = κ > 1. In that
scenario, the adoption margin is mute, and the implications of the theory with respect to a market
integration shock are extremely similar to the simplermodel of Jones (1995) without adoptionmargin
and one type of labor. I highlight the role of skill scarcity in driving weak technology adoption. Surely
skilled labor supply is somewhat elastic, but not nearly enough to counteract the substantial increase
in the skill premium observed over the past couple of decades.
Government & Complementary Infrastructure. A classic theme in the growth literature is govern-
ment capacity, and the important role of complementary pubic infrastructure investment. For exam-
ple, the adoption of motorized vehicles will not occur unless the government builds roads. An easy
way to incorporate this aspect into themodel is to generalize the adoption technologywith a notion of
public infrastructure AG,t so that the net flow of ideas reads Ȧi = A1−θ

F A
(1−ϕ)θ
G Aϕθi − δIAi. A normal-

ized version simplifies to żi = νz
(1−ϕ)θ
G zϕθi hβi − (δI + gF) zi where the firm takes zG as given. Without

complementary government investment zG will be zero and the returns to adoption are zero as well.
If the government invests in A(1−ϕ)θ

G at a rate consistent with a balanced growth path, then all of the
previous derivations go through after updating the term θ by a factor of ϕ. Note that capable govern-
ment employees are likely to be instrumental in building up complementary public infrastructure.
The role of skilled labor remains pivotal.
Skill BiasedTechnological Change. A common explanation for rising inequality is based on theories
of skill-biased technological change, seeKatz andMurphy (1992). Goldin andKatz (2010) present com-
pelling empirical evidence from a number of studies covering almost two centuries that show how
skill-biased technological change has shaped labor market outcomes. It is thus useful to consider
how my model relates to this large literature. I generalize the model to include allow for changing
task-content of work by modeling intermediate goods production as y =

(
(Ax)

α
l1−α

)1−β̃
hβ̃ so that

both production and skilled labor enters the production function (β̃ = 0 is the baseline case in the
paper).93 Themodel remainsmostly unchanged except for an additional term Λ̃β̃ in the labormarket
clearing condition,

1

s

(
Λ̃F z

ρ̃
gF +δI + Λ̃D + Λ̃β̃

)
= htot. (82)

92I do not model the actual investment cost, see for instance Acemoglu (2009) for a model with explicit schooling choice.
93Acemoglu and Restrepo (2020) showhow tomicro-found this Cobb-Douglas production function in amodel of automation.
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A changing task content is captured in an increase in β̃ (or Λβ̃) and would raise the overall price of
skill. This would push down aggregate growth as less skilled labor is available for innovation and
adoption. As production requires more skill, less is available to invest in innovation and adoption.

As pointed out in Acemoglu and Autor (2011), skill-biased technological change generates wage
growth for all workers. The reason is the strong complementarity between high and low skilled work-
ers which ensures that technological change benefits everyone, even if it is biased. The theory pro-
posed here is complementary to this literature by pointing out that a reallocation of skill across space
or sectors can create real wage losses whenever skill is an important input to technology adoption.
If so, the skill premium takes on a new role where an increase in the relative price of skilled labor
reduces equilibrium adoption effort and thus hampers economic growth.

Note, however, that an increase in the relative price of skill driven by a changing task content of
work will hit the innovation sector the hardest due to the second round effects through a rising adop-
tion gap as z

ρ̃
gF +δI falls. A changing task content of work is thus consistent with sluggish growth and

rising inequality in this model, but it will not allow innovative activity to take off. The effect of global-
ization on the returns to innovation will resolve this tension and helpmake sense of rising innovative
activity in advanced economies.
Immigration. A fully integrated equilibrium with free migration behaves differently from the base-
line model. Unskilled migration in the baseline model reduces production worker wages in the ad-
vanced economy in two ways. First, a direct negative effect on the unskilled wage as their factor
becomes relatively more abundant. Second, since there are more production workers, more skilled
labor needs to be devoted to technology adoption, further hurting innovation and reducing frontier
innovation.

Skilled labor inflows, on the other hand, are extremely beneficial for unskilled workers as they
lead to both heightened adoption and innovation. Interestingly, the effect on skilled labor is ambigu-
ous and likely positive as well. Even though their relative wage has to fall, greater adoption and rising
innovation can lift up the high skilled workers’ wages.

Figure 14 helps us assess the relevance of immigration intoGermany as a potential reason forweak
wage growth. It turns out that the foreign employment share is falling since themid 1990s, leading to
an all-time low in the 2000s. This figure suggests that trends in immigration are unlikely to account
for wage stagnation in Germany at the turn of the century. This is not to say that immigration doesn’t
matter – it seems hard to think about technological frontier growth, especially in the US, without the
input of foreign researchers and entrepreneurs. The model can in principal be used to explore this
issue, and consider the effect of brain drain and innovation gains in a global integrated equilibrium
with realistic scale effects. I do not want to take up this task in this paper.
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Figure 14. Immigration

The figure plots the share of foreign workers in West Germany, using the BHP of the IAB.
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B Computational Appendix

Here I show how to compute the solution and solve for transition dynamics based on the finite differ-
ence method in Achdou et al. (2022).

B.1 Closed Economy

B.1.1 Production Sector Firms’ Problem

The normalized firm problem reads

(rt + δX − gw) v (z,X) =
π (z)

w
− sh+ ∂zv ·

[
νzθhβ − (δI + gF) z

]
+Av

subject to the law ofmotion for zi and the evolution of aggregate state variables captured inX, includ-
ing the equilibrium measure of firms, among other things. The framework can be readily extended
to include stochastic productivity shocks inA, but I drop this term here.

The first-order condition reads {
(∂zv)βνz

θ

s

} 1
1−β

= h,

and I use the following boundary conditions

(
∂zv

f
)
=

s

βνzθ

{
(δI + gF) z

1−θ

ν

} 1−β
β

(
∂zv

b
)
=

s

βνzθ

{
(δI + gF) z

1−θ

ν

} 1−β
β

for forward and backward difference, respectively, where z and z represent the highest and lowest
value of z over the grid space.

Rewrite the problem as follows

(rt + δX − gw) v (z) = Btz
(1−α)(σ−1) − sh+ ∂zv ·

[
νzθhβ − (δI + gF) z

]
(83)

and note thatBt captures, among other things, the equilibriummeasure of firms as well as the prop-
erly weighted average productivity level z̃ =

{
E
[
z(1−α)(σ−1)

]} 1
(1−α)(σ−1) , where the heterogeneity

arises only for the case of imperfect spillover at entry, λE < 1.
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Note that BtMz̃(1−α)(σ−1) = Y
σ , which can be rearranged to

Bt =
lP

mz̃(1−α)(σ−1)

1

(1− α) (σ − 1)
.

Moreover, in the steady statem = 1−lP
(gL+δX)fE

. If I had a value forBt, and a solution to (83), I could infer
all endogenous variables. To findBt, I solve (83) for a guess ofBt and check if the free entry condition
holds

fE = EzE [v (zE)] .

I raise the value ofBt if the cost of entry is higher than the present discounted value using a bisection
method.

The density of incumbents gz and entrants gzE follows from the KFE equation

ġz = AT (gz) gz

where Imake clear that the infinitesimal generatorAT (gz) is itself a function of the stationary density
since entrants’ productivity is assumed to be a function of the average zE = λEE [z] . Note that a flow
of gL + δX firms enters at productivity zE, accounting for both net entry rate (which is the same as
long run population growth) and exogenous firm death. In matrix form, this means I have to add
− (gL + δX) on the diagonal, and (gL + δX)1z=zE in each column ofAT .94

Having solved for Bt and gz, values for lP andm follow as a function of the skill premium

lP =
Btz̃

(1−α)(σ−1)

(gL+δX)fE
(1−α)(σ−1) +Btz̃(1−α)(σ−1)

m =
1− lP

(gL + δX) fE

which in turn imply aggregate demand for skilled labor from the production sector

hD = m ·
∫
h (z) gzdz.

B.1.2 Research Sector Problem

An alternative approach uses the following normalization

vI :=
VI

wLA
−ϕ
F
,

94If zE falls between two grid points, I turn the entry draw into a probabilistic one according to how close zE is to either grid
point.
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which leads to the following recursion

vI (rt − gwL
+ δI + ϕgF) = e−

∫ t+τ
t (rt−gwL

+δI+ϕgF)dv αlP,t+τ
zt+τaF,t+τ

· [1 + τ̇t] + v̇I,

and in discretized form

vI,t (rt+∆ − gwL,t+∆ + δI + ϕgF,t+∆) = e−
∫ t+τ
t (rt−gwL

+δI+ϕgF)dv αlP,t+τ
zt+τaF,t+τ

· [1 + τ̇t]

+
vI,t+ ∆ − vI,t

∆
.

For a free entry equilibrium, I want to make sure at all times that

vI ≤
1

γ
h1−λF s

holds. This recursive representation can be used to compute equilibrium in the research sector off
the balanced growth path.

B.1.3 Transition Dynamics

Production sector. Taking the sequence {st, gF,t, Bt}t∈[0,T ] as well as initial and terminal conditions
as given, I solve the production firms’ problem along the transition path. The first order condition
now reads {

(∂zvn+1)βνz
θ
n+1

sn+1

} 1
1−β

= h,

where each n is a step in time. Given a solution, the value function in vn follows recursively.
Firm entry in production. In principal, the entry margin responds to technology adoption along
the transition path. In particular, when the knowledge spillover at entry is strong high technology
adoption effort coincides with lower firm entry so as to respect the free entry condition.

Given a solution for {vE}, I can asses whether the value of entry equals the entry cost fE, and
update labor devoted to firm entry accordingly. Computationally, this is inconvenient because the
linear entry technology leads to bang-bang solutions, which are avoided in general equilibrium but
cumbersome to solve for during the transition.

I simplify themodel by assuming that lP,t = lP,ss, i.e., a constant amount of labor is devoted to entry
consistent with the long run steady state level, which itself is only a function of constant exogenous
parameters. We will see that this simplifying assumption, which also makes capital accumulation
easier since the effective number of production workers won’t jump around during the transition, is
quantitatively innocuous in that the value of entry into the production sector deviates less than 1%
from its long-run steady state.
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TechnologyAdoptionandWaiting time. Themodel is hard, in part, because innovators need to keep
track of changes in τ , and multiple τ ’s in the open economy version. Note that τ0 is a jump variable
that is implicitly defined by

τ0 = − log z0∫ τ0
0 gA(x)+δIdx

τ0

,

and for a given evolution of A (t) one can use a simple bisection to get τ0. Once the initial wait time
is determined, one can use the law of motion of the waiting time

τ̇t =
gF,t − gA,t+τ
δI + gA,t+τ

,

which can be inverted, and using the discrete time step approximation, yields next periods wait time
as a function of frontier growth, productivity growth, and the previous wait time

τt+∆ = τt +∆ · gF,t − gA,t+τ
δI + gA,t+τ

.

Research Sector. Note that for a guess {st}, and adoption choices in the production sector, the recur-
sion derived beforehand implies a sequence {vI}. Togetherwith the entry technology into innovation,
this sequence implies a sequence of skilled labor devoted to innovation so as to ensure that free entry
holds.
General Equilibrium. Key inputs in solving the research and production sector’s forward-looking
problems are wage growth and interest rate. Note that wages equal

wL,t =

(
1− α
α

)α
σ − 1

σ
Atk

α
t

where kt = Kt

AtLP,t
is effective capital per production worker. Wage growth equals

gwL
= gF + gz + αgk,

where gz and gk are zero in the steady state.
Similarly, the interest rate equals

rt =

(
α

1− α

)1−α
σ − 1

σ
αkα−1

t − δk.

To proceed, I need to pin down the evolution of the normalized capital stock kt, which follows from
the capitalists’ problem.
Simplified Physical Capital Accumulation. I simplify by assuming that a constant fraction χs of
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domestic final output is reinvested in physical capital. I pick χs such that the autarky steady state is
consistent with the solution to the representative household problem in the steady state in Autarky.
Given this assumption, the law of motion of physical normalized capital k = K

ALP
reads

k̇

k
= χsα

−α (1− α)−(1−α)
kα−1 − (gL + glP + gF + gz + δk) .

In discretized form, I have

kt+∆ = kt · e∆[χsα
−α(1−α)−(1−α)kα−1−(gL+glP+gF+gz+δk)]

where initial capital is given, and growth rates are computed as
log

(
At+∆

At

)
∆ . Based on the previous

assumption, lE is assumed to be constant. But note that even in the case of endogenous entry in the
production sector, lE only jumps at the very first moment, and is a smooth function of time for any
t > t0.This initial jump should be incorporated in the normalized starting value k0. In the simplified
case, k0 is fully predetermined, and initial and long-run value coincide.

Given this law of motion of capital, together with optimal firm entry, the equilibrium interest rate
follows

rt =

(
σ − 1

σ
α

)
α−α (1− α)−(1−α)

αkα−1
t − δk

where the normalized capital stock in steady state reads

kss =

{
χs

gL + gF + δk

} 1
1−α

α− α
1−α (1− α)−1

.

When the saving rate,which is kept constant along the transitionpath, equalsχs =
(
σ−1
σ α

)
·α gL+gF+δk

ρ+gF+δk
,

I get kss =
{(

σ−1
σ α

)
· α
ρ+gF+δk

} 1
1−α

α− α
1−α (1− α)−1, which coincides with the normalized capital

stock in the steady state when the saving rate is endogenous.
Algorithm. Note that I have simplified the problem so that the key endogenous object we are after
is the sequence of skill premia {st}, which clear the market for skilled labor, and are consistent with
forward-looking technology adoption and innovation choices in both production and research sector.

An algorithm that I have found to work well proceeds as follows.

1. Guess {s}.

2. Guess {aF}, solve optimal adoption choice backward, and {z̃t,}, {rt} forward. Iterate until con-
vergence. Compute {τ}, which depends on {z} and {aF}.

3. Solve innovator’s problem holding {z, r} fixed
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(a) Holding τ fixed, solve the innovator problem backwards (there is not much to solve here
other than computing the value of an idea recursively). Get a sequence of {vI}.

i. Givena sequenceof {s} and {vI}, derive skilled labordevoted to entryhF,t =
{
γ·vI,t
st

} 1
1−λ

ii. Use {hF} to derive new sequence {anewF } using the resource constraint related to the
creation of new ideas

iii. Update anextF = relax ∗ {aF}+ (1− relax) ∗ {anewF }
iv. Go back to a) until convergence occurs, aF ≈ anewF .

(b) Update {τ} (I am still holding {z} fixed but {τ} changes nonetheless because the frontier
aF is moving) and go back to a), stop when τnext ≈ τ , i.e., τ has converged to previous
guess.

4. Go back to 2. using a new updated guess {aF}. Keep iterating from 2. – 4. until convergence.

5. Now you have two sequences {hD, hF} that are consistent with optimization and resource con-
straints in each sector. The only thing that remains to be checked is whether the sequences are
consistent with market clearing for skilled labor. Most likely they are not and so we compute
excess demand functions and update the sequence of skill prices gently in the right direction

snext = relax ∗ s+ (1− relax) ∗ s ∗ eθs[(hD+hF)−htot]

6. Go back to step 1. and start all over again for the new skill price guess up until convergence, i.e.,
snext ≈ s, which coincides with skilled labor market clearing htot = hD + hF

The figure below computes transition dynamics for a closed economy that is calibrated as in themain
text. I shock the relative skilled labor supply from .15 to .18 by raising the skilled labor supply in the
form of an unanticipated persistent shock at time zero. The transitions are then computed using the
previous algorithm under perfect foresight. Figure 15 plots the results.

Three points are noteworthy. First, note that innovation responds quicker than technology adop-
tion in the sense that convergence to its long-run steady state is faster. This is explained by the advan-
tage of backwardness, which naturally leads to a lagged response of technology adoption. Second, the
dynamics of the skill premium are non-monotone, and a fast initial fall in the price of skill is followed
by slow but small rise in the price of skill later on. The increase in the price of skill, which ultimately
is a function of the demand for skilled labor in this general equilibrium model, is directly related to
increasing and lagged technology adoption effort. Third, the value of entry in the production sector
is hardly moving, and deviates from its long-run value by less than 1% highlighting that the simplifi-
cation is unlikely to matter quantitatively for the transition dynamics. The evolution of the value of
entry into the research sector roughly follows the skill premium, and the difference in the two series
is due to congestion whenever λ < 1.
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Figure 15. Skilled Labor Expansion in Autarky

In this exercise I increase the relative skilled labor supply from .15 to .18. All of this increase occurs at time zero.

B.2 Open Economy

To solve for transition dynamics in the open economy, I follow similar steps. Note that the problem
of production sector firms is unchanged. Firms in the research sector now need to take into account
both opportunities abroad and competition at homewhen they considerwhether to pay the fixed cost
of producing an idea.

B.2.1 Innovation

The value of an innovation generalizes as follows in the open economy where I focus on the case
of differences in size captured by country-specific production labor endowments Lc. I consider a
version where I use L from the home economy as the normalizing factor so bk = Lk

L relative to the
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home economy. The value of an idea reads

VI (r + δI) =
∑
c

e−
∫ t+τc
t

(rv+δI)dvπI,c,t+τ · [1 + τ̇c,t] + V̇I

=
∑
c

e−
∫ t+τc
t

(rv+δI)dv
αLP,c,t+τcwL,c,t+τc
AW
F,t+τczc,t+τc

· [1 + τ̇c,t] + V̇I

=
∑
c

e−
∫ t+τc
t

(rv+δI)dv
αlPwL,c,t+τcbc
AW
F,t+τczc,t+τc

L · [1 + τ̇c,t] + V̇I,

where I used the fact that the allocation of production labor in production vis-a-vis entry is kept con-
stant.

Next, use the normalization vI,k,t := VI

wL,k(AW
F )

−ϕ . Note that the normalization is country-specific

because wages are. The normalized value of an idea reads

vI,k,t
(
rk − gwL,k

+ δI + ϕgF
)
=
∑
c

e−
∫ t+τc
t

(rk+δI)dv

wL,k,t

(
AW
F,t
)ϕ

AW
F,t+τczc,t+τc

αLP,c,t+τcwL,c,t+τc · [1 + τ̇c,t] + ˙̃vI

=
∑
c

e−
∫ t+τc
t

(rk+δI)dv

wL,k,t

(
AW
F,t

AW
F,t+τc

)ϕ
Lt+τcαlPwL,c,t+τc(
AW
F,t+τc

)1−ϕ
zc,t+τc

bc · [1 + τ̇c,t] + ˙̃vI

=
∑
c

e−
∫ t+τc
t (rk−gwL

+δI+ϕgF)dv

(
αlP

aWF,t+τczc,t+τc

wL,c,t+τc
wL,k,t+τc

)
· bc · [1 + τ̇c,t] + ˙̃vI

where the second line uses the fact that I assumed that firm entry in production stays at its long-run
steady state value, i.e., lP,t = lP.

The reader will note that the expression is almost identical to the closed economy one, except I
have to sum over all countries and take into account that wages wc, waiting times τc, adoption gaps
zc, and weights bc are country specific.

A country-specific free entry condition holds

ṽI,k,t =
1

γk
h1−λF,k,tsk,t,

where a binding inequality is guaranteed as long as λ < 1.
The evolution of the technological frontier follows from the free entry equilibrium and the entry
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technology

ȦW
F

AW
F

=
∑
c

AF,c

AW
F

ȦF,c

AF,c

=
∑
c

χc

{
γc
(
AW
F
)ϕ
LhλF,cbc

AF,c
− δI

}

gWF =
∑
c

γch
λ
F,cbc

aWF
− δI.

The normalized technological frontier aWF :=

(
AW
F

L
1

1−ϕ

)1−ϕ

thus evolves according to

gaWF = (1− ϕ) gWF − gL

= (1− ϕ)

{∑
c γch

λ
F,cbc

aWF
−
(
δI +

gL
1− ϕ

)}
.

Note that this law of motion in the open economy is independent of the split of ownership of patents
assumed at time zero, i.e., the share ζ does not show up.
Initial Conditions. In contrast, the evolution of country-specific normalized technology depends on
ζ as follows. Note that at time t→ 0 where 0 demarcates the time when markets become integrated,
the normalized frontier technology level in the West reads

(
AF,0+∆

L
1

1−ϕ

)1−ϕ

=

(
ζAF,0−∆

L
1

1−ϕ

)1−ϕ

= (ζ)
1−ϕ

aF,0−∆,

and similarly thenormalized level of frontier technology in the foreign country reads (1− ζ)1−ϕ aF,0−∆where
∆→ 0. Note that both countries lose some of their ideas due to duplication.

Recall that I define the autarky frontier level relative to an initial real wage gap ω := w0−∆

w∗
0−∆

, I use
the following relationship to pin down the implied level of frontier technology in the East

A∗
F,0−∆ =

z∗0−∆

z0−∆
AF,0−∆

where z∗0−∆ follows from solving the autarky equilibrium in the emerging market. Because I assume
the emergingmarket has such a small research productivity in the integrated equilibrium, a counter-
factually low level of income is implied. To fix this, I simply assume that copying works exactly like
innovation except the fundamental productivity is higher than in innovation γ∗,copy > γ∗. It is easy
to see that the allocation and the skill premium are unrelated to γ∗, which means I can simply solve
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the model for the low research productivity, and scale the frontier technology and real wage by the
appropriate factor to obtain a wage gap ω. Some high level of γ∗,copy will be exactly consistent with
this wage gap.

Next, note that while the adoption gap in the advanced economy does not jump, the adoption gap
in the emerging market changes discretely since it is defined relative to the frontier, which shifts out
from the point of view of the emerging market. Formally,

z∗0+∆ =
z∗0−∆A

∗
F,0−∆

AW
F,0+∆

.

The evolution of this normalized technology level for either country over time changes slightly due
to the global research externality

ȦF,c

AF,c
=
γch

λ
F,cbc

χcaWF
− δI,

where AF,c
AW
F

= χc =
(
aF,c
aWF

) 1
1−ϕ so χcaWF = (aF,c)

1
1−ϕ

(
aWF
)− ϕ

1−ϕ . In terms of normalized frontier growth
rates I have

gaF,c = (1− ϕ)

[
γc
χc

hλF,cbc

aWF
−
(
δI +

gL
1− ϕ

)]
.

Capital Accumulation. Finally, note that the problem is simplified by assuming that a share of do-
mestic final goods production is re-invested at a constant rate χs, which is the same across countries
and consistent with the long-run equilibrium interest rate. Thismeans that 1−χs is the share of final
output consumed.

Note that this share is sensitive to the initial allocation of patent ownership in the integrated equi-
librium, ζ. At time zero, a share Y ∗ σ−1

σ α (1− α) ζ (1− χs) of output in the East is consumed by the
West, and vice versa a share Y σ−1

σ α (1− α) ζ (1− χs) of output in the West is consumed by the East.
This also means that some domestically used capital is now held by other countries. However, for
the equilibrium dynamics of innovation and technology adoption this split is irrelevant. After under-
standing this simplification, the following algorithm applies.
Algorithm.

1. Guess {sc,t} for each country, holding {aWF,t} fixed.

2. Solve optimal adoption choice backward, and {{z̃c,t}, {rc,t}} forward. Iterate until convergence
for both countries.
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(a) Compute {τ, τ∗} and {w,w∗} taking {z, z∗, k, k∗} as given for each country.

(b) Solve innovator’s problem

i. Compute the value of innovation in each country recursively {vI, v∗I }
ii. Implies equilibrium research effort based on free entry into research in each country
{hF, h∗F}

iii. Compute evolution of aggregate technological frontier using {hF, h∗F}.
iv. Go back to i) and iterate up until

(
aWF
)n+1 ≈

(
aWF
)n where n stands for nth iteration.

Update the new guess gently
(
aWF
)next

= relax ∗
(
aWF
)old

+ (1− relax) ∗
(
aWF
)new

.

(c) Go back to a) and update {τ, τ∗} and {w,w∗} gently. Note that while I treat {z, z∗, k, k∗} as
fixed for now, waiting times and wages change since they also depend on the evolution of
the technological frontier. Iterate till convergence. This always involves the inner loop i) –
iv) and the outer loop a) – c).

3. Given a new solution for the evolution of the technological frontier, return to 2. and iterate on
all previous loops up until convergence in {z, z∗, k, k∗, aWF }.

4. Finally check skilled labormarket clearing in each country, and use the excess demand function
to update the skill premium in the right direction. Iterate over all loops up until the sequence
of skill premia has converged in each country.

Full convergence. In the case of full convergence I let the research productivity and skill endow-
ment of the poor country converge to the level of the rich country, i.e., ,γ∗ → γ, h∗tot → htot. I as-
sume that the emergingmarket fully converges to the fundamentals of the advanced economywithin
30 years. I impose a process that mimics convergence in the Solow model, and uses the formula

h∗tot,t =
{
h1−αconvtot

(
1− e−(1−αconv)t

)
+
(
h∗tot,0

)1−αconv
e−(1−αconv)t

} 1
1−αconv where αconv governs the speed

of convergence, and an analogous expression applies to γ∗t . I assume αconv = .87, which induces
convergence patters as depicted in figure 16.

The previous computational algorithm applies almost unchanged. Changes in skilled labor en-
dowments shows up in the market clearing condition. And the free entry condition into research
needs to be updated slightly ṽI,k,t = 1

γk,t
h1−λF,k,tsk,t where the exogenous research productivity is now

time varying for the emerging market. Laws of motion of idea creation also need to be updated to
take account of the changing research productivity.
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Figure 16. Full Convergence in East

C Extensions

C.1 Immigration

C.1.1 EmergingMarket Contributing to theWorld Technological Frontier

The scenario considered here is arguably too bleak, and the most benevolent development would be
one where the emerging market eventually contributes to the technological frontier. To formalize
this scenario, suppose that γ = γ∗ and h = h∗ but z > z∗ i.e. the emerging market starts out of steady
state but is otherwise identical to the advanced economy. I know the steady state solution provides
productivity gains to both economies according to the constant elasticity d logw = 1

1−ϕd logL, so a
doubling of market size raises wages relative to trend by 2

1
1−ϕ − 1 ≈ 40% for ϕ = −1.

Initially, research takes a backseat in economy that is out of steady state, since returns to adop-
tion are higher. In the long run symmetric equilibrium with same amount of research. Transition
dynamics to be completed soon.
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C.1.2 Different Sectoral Factor Intensity and Endogenous Labor Supply

In the baseline model I assume that production only requires capital and production labor, while
adoption and innovation only requires skilled labor. This should be viewed as a simplified limiting
case of amodel where innovation requires a composite labor inputGI (H,L) that is produced accord-
ing to a constant returns to scale production function. Differentiating the cost function that pertains
to GI with respect to H leads to the amount of skilled labor needed to produce one unit of the com-
posite good, denoted by bI , see Feenstra (2015)’s introduction to the Heckscher-Ohlin theory of inter-
national trade. Assuming that bI > bD > bP is a useful generalization of the benchmarkmodel so that
each activity, innovation, adoption, and production, requires a mix of different labor types. I impose
a strict ranking in terms of their factor intensity. Note that Heckscher-Ohlin theory and in particular
the Rybczynski theoremwould suggest an even stronger contraction in the production sector, but the
gains from trade will be more broadly shared across worker types. Intuitively, this setting allows low
skilled workers to benefit from gains in specialization in innovation.

Similar to the adjustment patterns in the model with composite labor goods, one can allow for an
endogenous labor supply that will increase reallocation into innovation and ease the pressure on the
skill premium. It would be easy, however, to extend the model by allowing workers to choose their
education. One can incorporate this effortlessly into the market clearing condition for high-skilled
labor (??) simply by letting the relative supply of skilled labor htot be a function of the skill premium
htot = h (s) s.t. h′

(s) > 0, h
′′
(s) ≥ 0, and h (1) = 0.95 Again, such a model offers more scope for

production labor to gain frommarket integration.

95Micro-foundations to obtain an upward-sloping relative supply of skilled labor are plentiful, see for instance Acemoglu
et al. (2018).
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D Calibration

Calibrating λ. To calibrate the model I have to pin down λ,which does not have a direct antecedent
in the literature. As explained in the main body of the paper the parameter calibrated in Jones (1995)
is slightly different. In principal, cross-country research specialization among a set of countries with
similar research productivities γ allowsme to identify λ since the theory implies that the steady state
share of ideas is a function of specialization in research, and total country size measured in terms of
production labor

logχc = α0 + λ logHF + (1− λ) logL.

I use data from the OECD, and combine it with Barro and Lee’s skill measure. I proxy the steady state
patent share (a stock) with average patents over the period from 2011-2019 (a flow). Note that patents
are an imperfect proxy that likely understate innovative activity and technological change. As long
as the paten share is a linear function of the larger share of actual ideas develop in some country, the
approach works nonetheless.

Themeasure of patents is based onpatents capturedby thePatent CooperationTreaty (PIC),which
are global patents that simultaneously protect intellectual property among several countries. This se-
lection helps make patents comparable across countries, and is closest to the notion of “global ideas”
in the paper. Clearly, patents are a crude measure of innovative activity, and there is no reason to
believe the economy is exactly in steady state. Nor should we think that there is no heterogeneity in
innovative productivity among rich countries in Europe. Overall, the approach is imperfect.

Perhaps surprisingly, the empirical results are extremely sensible without any massaging by us-
ing just a simple simple linear regression. After making an ad-hoc adjustment for the bias induced
by unobserved heterogeneity in patenting productivity,96 I arrive at an estimate λ = .9 which is a
reasonable value for a first pass.

I provide robustness results next where I use total employment instead of production labor but
the estimation is otherwise unchanged.

96Sampson (2023) argues heterogeneity in innovative productivity is a lot smaller among advanced economies relative to the
gap between advanced economies and emerging markets.
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Figure 17. Regression for λ

log patents log patents log patents log patents log patents
log researchers 1.093∗∗∗ 0.980∗∗ 0.878∗∗

(0.0644) (0.335) (0.390)

log employment 1.070∗∗∗ 0.113 1.093∗∗∗ 0.122
(0.0745) (0.353) (0.0657) (0.390)

log (research/employment) 0.980∗∗
(0.335)

N 13 13 13 13 13
R2 0.961 0.944 0.961 0.961

The outcome variable is log patents. Employment is defined as total production laborL consistent with the theory. Robust standard error are
computed, * p<0.10, ** p<0.05, *** p<0.01. The last column runs a constrained regression enforcing that the slope coefficients have to add up to
one.

Table 2. Regression for λ robustness

log patents log patents log patents log patents
log researchers 1.093∗∗∗ 0.942∗∗

(0.0644) (0.360)

log employment 1.074∗∗∗ 0.152 1.093∗∗∗
(0.0746) (0.383) (0.0654)

log (research/employment) 0.942∗∗
(0.360)

N 13 13 13 13
R2 0.961 0.945 0.961 0.961

The outcome variable is log patents. The main difference to the previous table is that employment is now total
employment. Robust standard error are computed, * p<0.10, ** p<0.05, *** p<0.01. The last column runs a
constrained regression enforcing that the slope coefficients have to add up to one.
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